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Stochastic volatility models have been widely studied and used in the financial world. The
Heston model (Heston, 1993) [7] is one of the best known models to deal with this issue.
These stochastic volatility models are characterized by the fact that they explicitly depend
on a correlation parameter p which relates the two Brownian motions that drive the
stochastic dynamics associated to the volatility and the underlying asset. Solutions to the
Heston model in the context of option pricing, using a path integral approach, are found in
Lemmens et al. (2008) [21] while in Baaquie (2007,1997) [12,13] propagators for different
stochastic volatility models are constructed. In all previous cases, the propagator is not
defined for extreme cases p = =£1. It is therefore necessary to obtain a solution for these
extreme cases and also to understand the origin of the divergence of the propagator. In this
paper we study in detail a general class of stochastic volatility models for extreme values
p = £1and show that in these two cases, the associated classical dynamics corresponds to
a system with second class constraints, which must be dealt with using Dirac’s method for
constrained systems (Dirac, 1958,1967) [22,23] in order to properly obtain the propagator
in the form of a Euclidean Hamiltonian path integral (Henneaux and Teitelboim, 1992) [25].
After integrating over momenta, one gets an Euclidean Lagrangian path integral without
constraints, which in the case of the Heston model corresponds to a path integral of a
repulsive radial harmonic oscillator. In all the cases studied, the price of the underlying
asset is completely determined by one of the second class constraints in terms of volatility
and plays no active role in the path integral.
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1. Introduction

The Black-Scholes model [1,2], one of the cornerstones of current financial theory, assumes by default that market
volatility is constant. But the analysis of the actual economically-financial data implies, as a matter of fact, that volatility
varies en time [2]. As Fisher Black himself remarked:

“Suppose we use the standard deviation of possible future returns on a stock as a measure of its volatility. Is it reasonable
to take that volatility as a constant over time? I think not”.

To address this problem in the context of the Black-Scholes standard model, the concept of smile has been developed
[2-5]. In this approach, the volatility smile as a function of the underlying asset price is determined from the empirical data.
Other more sophisticated models that try to capture the variation in volatility are stochastic volatility models [2,6]. Here it
is assumed that the market volatility behaves as a random variable determined by a Brownian motion. This movement is
different from a second Brownian motion that dictates the dynamics of the underlying asset in the Black-Scholes model.
The correlation between both movements is parameterized by the correlation coefficient p. This fact, together with the
hypothesis of no arbitrage and a self financing portfolio, imply that the option price satisfies a partial differential equation
in two spatial dimensions (corresponding to the option price and the value of the volatility) and one time variable. The
equation has a potential term similar to that of a quantum particle in the presence of an external electromagnetic field.
Different stochastic models can be constructed depending on the shape of the potential term. The best known ones are the
Heston model, the Hull and White model and the model of Ornstein-Uhlenbeck [2,7,8]. Other variations of these stochastic
volatility models include incorporating a “jump diffusion” term, which gives rise to integro-differential equations [9] for the
price of the option.

Furthermore, in recent years path integrals techniques have been increasingly applied to obtain solutions of the
Black-Scholes equation [10-16] while numerical techniques are presented in Refs. [17-20]. In the context of stochastic
volatility models, in Ref. [21] the propagator has been calculated for the Heston model via path integrals, obtaining closed
form solutions for the price of the option. This result depends on the value of the correlation coefficient p and the proposed
solution is indeterminate for extreme cases where p = £1. The same behaviour appears in Refs. [ 12,13] where propagators
for different stochastic volatility models are constructed. So, it is then interesting to study in detail what happens to the
propagator when the correlation coefficient takes its extreme values p = £1.

This article shows that, when looking at stochastic volatility models as Euclidean quantum mechanical systems, the
classical mechanics underlying the bidimensional Schrédinger equation at p = =1, is a system with constraints, reminiscent
of an optimal control problem. Due to the presence of links, it is necessary to resort to the Dirac method [22-24] for the
correct description of this constrained system, both in the classical and the quantum levels. Applying Dirac method shows
that the links are second class and the propagator must be calculated in terms of a Hamiltonian path integral with second
class constraints [25].

2. Stochastic volatility models

Stochastic volatility models are used to evaluate options prices and generalizes the Black-Scholes model to the non
constant volatility case. Between the different plethora of models, the best know are the Heston model [7], the CEV model
[26,27], the SBR volatility model [28], the GARCH model [29], the 3/2 model, the Hull and White model [8] and the Chen
model [30]. Some stochastic volatility models are even capable to capture some important statistical properties of real
markets, called stylized facts, such as the autocorrelation and leverage effect [31-34].

To account this stylized facts for the real financial data, empirical analysis implies that | p| must be of the order of 0.5
[31,32]. Although, from a statistical point of view, the extreme case p = =1 is not realized in the real world, these values
can be satisfied for “outliers” events in the sense of Ref. [35], and from a structural perspective, is necessary understand the
behaviour of the stochastic volatility models for the full range of its parameters values.

In order make contact with results for p # 41 studied in literature [21,12,13], we consider first a wide class of stochastic
models that are related to the Heston model, but our methods and analysis can be applied to an arbitrary stochastic volatility
model. So, we consider a class of stochastic volatility models that are characterized by the following stochastic differential
equations associated [3,2] to the underlying price S(t) and the volatility v(t) respectively

ds = u(S, t)dt + /vSdW; (1)

dv = a(S, v, t)dt + o B(S, v, £)/vdW, (2)
where it is assumed that the Brownian motions dW; and dW, have a correlation factor given by

(dW; dW,) = p. (3)

These equations, together with the assumption of no-arbitrage and using a self financing portfolio constructed from the
underlying asset and options, imply [3,2] the following equation for the option price U(S, v, t)

au+1 52azu 4 poups 92U +1 22 82U+ Uy iy d)ﬁf)au 0 @)
— + —vS*— + pov —o°Bv— +r1(S— — a— v)— =
ot T2 sz TPV s T2 902 3s v
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where the function ¢ = ¢(S, v, t) is called the “market price of risk”. As mentioned in Ref. [3] one can use a risk neutral drift
« in (1) and all dependence in ¢ disappears in (4). In fact, in all examples presented at the end of this paper it is assumed
that ¢ = 0, but the analysis is performed in general and can be accommodate a non trivial ¢ function.

Under the change of variables

x=1InS. (5)

Eq. (4) may be written in the (x, v, t) space as

U 1 9%U U 1, , 9°U 1\ U au

— + -v— + pov + -0 Bv—+|r—=v)——-—1U+ (¢ — v)— =0. 6

ot T2V TP e T2 P g ( 2 ) ox (@ —opV) o ®)
The Heston model corresponds to the special case where «(x, v, t) = —Ag(v — vo), ¢ = 0, B = 1 where A¢ is a constant.

The propagator of Eq. (6) for the Heston model has been obtained in Ref. [21] and it is well defined for —1 < p < 1. For
p = *£1 the propagator diverges, so it is interesting to explore what happens in these limiting cases. The same is true in the
results presented in Refs. [12,13], where the propagator for a class of stochastic volatility is analysed. In fact, for the case
where p — =1 the propagator integrand of both models tend to a Dirac delta function, which means that the propagator
tends to 1 in this limit.

In this article we study the propagator of Eq. (6) for the case where the correlation coefficient p takes its extreme values
p = %1 for a wide stochastic volatility model class, that is, for arbitrary functions «(x, v, t), ¢ (x, v, t) and B(x, v, t). To this
end, we first define the wave function ¥ by

w(x, v, t)=U(, v, t)eTH (7)
in such a way that the ¥ dynamics is given by
aw+1 82w+ ﬁ82w+1 242 aztp+ 1 aw+( qu)aw 0 ®)
— + v ov -0 fv— r——-v|—+(a— v)— =0.
ot T2 e TP ek T 2 902 2") “ax v
Note that Eq. (8) can be interpreted as a Schrédinger type equation in Euclidean time
N 0w (x, v, t)
HY (x,v,t) = ———= 9)
ot
where the Hamiltonian operator is given by
. 1 32 92 1 a2 1) 0 d
H=—-v— — ——o’pv— —(r—zv)——(a— — 10
2V PP gy T 27 P g < 2”) ax @I (10)

so one can write the propagator for Eq. (9) in terms of path integrals in a way which is analogous to the quantum mechan-
ical description. We will work directly in Euclidean time, so we need to make some considerations about the Euclidean
formalism.

3. Euclidean framework

In this section the analysis for the path integral and classical dynamics associated to the Eq. (9) is done in the Euclidean
time.

3.1. Euclidean path integral

Consider the Euclidean Schrodinger type equation
A (1))
at

where H is a time independent Hamiltonian. The solution of this equation, for a final condition |¥ (T)) = |®g) is (see Ref. [12]
for details)

HIw (t) = (11)

(1)) = e 1T-0|pp). (12)

The wave function can be written as
w(x, t) = /K(x, X, T —t)®o(x)dx’ (13)
where the propagator

Z=Kx ¥, 1) = (xle"T|x) (14)
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and T = T — t is the forward time. By dividing the time 7 in N time steps of length ¢ = 7 /N the propagator can be written
as

7 = (x|e e fe | efeyy (15)

by inserting the identity operators

1= / |x) (x|dx (16)
s dpx
= / 1P 5 (17)
T
the propagator is
N—1 N dp; N N N
2= [T [ @] [ 52 tie” 1o oulscs)... ke lpa) (paln) e Ip1) o1 ) (18)
i=1 j=1
but using the fact that
(plx) = e (19)
(x|p) = e®* (20)
(xle™M€|p) = e HOP< (x]p) (21)

where H(x, p) is the classical Hamiltonian associated to the Hamiltonian operator A through the relation

(x|HIp) = H(x, p)(XIp) (22)

so the propagator is
N—1 N
7 = ]_[ / dx; 1_[/ % e H@&N.PNIEHPN N —XN-1)  a=H(x2.p2)e+ipa(x2—x1) oq—HX1.p1)e+ip1(X1—X0) (23)
i=1 i 2w

where xy = x and xy = X'. So finally

N-1 N _
dp; >N [ip B 1) Xk’l)fH(x D )]e
Z= dx; /—J p—k=1 Pk kP (24)
111 / 1]1:! 2

orin the limite — 0

Z =/{Dx/§Dpx eSIxPx] (25)

where

S[x, pel = / (ipk — H(x, po)dr (26)

is the Euclidean classical action and x means time derivative respect to . For a time dependent Hamiltonian, Eq. (25) is still
valid, for details see for example [36].

3.2. Euclidean classical Hamiltonian equations

The classical Euclidean Hamiltonian equations can be deduced by imposing that the classical trajectories optimize the
classical action:

8S = S[x + 6x, px + 8px] — S[x, px] =0 (27)
but
S[x + 8x, px + dpx] = /[i(px + 8px) (X + 8%) — H(x + 8x, px + 8py)1dz. (28)

By expanding the Hamiltonian and assuming that the extremes of trajectories are fixed, one gets

. OH(x,py) .. OH(x, px)
S[x + 8x, px + 8px] = S[x, px] + ix — T Spxdt + —ipy — ok oxdt + - -- (29)
X
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hence

aH » PX .e 8H » FX
65:/ ik—Lp) prdr—i-/ —lpx—M éxdt + - - -
3Px 0x

so the classical Hamiltonian equations in Euclidean time reads

.. OH(x, py)
X=—7,
Opx
OH(x, px)
ipy = T

In n dimensions, the Poisson Brackets may be defined by

0A(x, p) 0B(x, 0B(x, p) 0A(X,
{A(x,p),mx,p)}EZ( R lR D g’;”)),

to rewrite Hamilton’s equations in the form
i¥ = (¥, H),
ipk = {px, H}.

4. Euclidean classical Hamiltonian dynamics for stochastic volatility models

The Hamiltonian operator, acting on a wavefunction ¥, for a generic stochastic volatility model is

i 1 %w ﬁaztp 1, , 3w 1 v ( d)ﬁ[)aw
=—ZVU—/—— — pov r—-v)— —(x— v)—
2" P 2") ox av

oxov 2 dv?

and in this case
(Dx Polx v) = e~ PxxiPV
(x v|px py) = Pty
(x v|I:I|Px py) = HX, v, py, pu)eipx"+fplvu

where H(x, v, px, py) is the classical Hamiltonian

1 1
H(x, v, px, py) = Evpf + povBpxpy + Eozﬁzvpi — Ax(v)px — Ay (X, v, T)p,

where the functions A, and A, are defined by

A(v) = iA(v) = i (r - %v)

Ay(x,v,7) = iAU(X, v, 7) =i(a(x,v,7) — P&, v, T)BKX, v, 7)4/v)

395

(30)

(41)

(42)

and are similar to a vector electromagnetic potentials in two spatial dimensions. Here and in the rest of the paper, A,(v)
and A, (x, v, ) will denote imaginary potentials whereas Ay (v) and A, (x, v, ) will denote real ones. The classical Euclidean

Hamiltonian equations in this case are

. OH . oH
Mo T T
oM oM
Y=, T T

For the classical Hamiltonian (40), the Euclidean Hamiltonian equations read
iX = vpx + povpp, — Ay
it = po Bupy + szﬂzpv — Ay

. 04,

Ipx = Kpu

.. 1, 1,5,  0A 0A,

py = Py — POPxPy — 0 Py, + Px + —Dv-

VT2 2 v v
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The first two Hamiltonian equations may be written as

X+AN _pm(PY = v PovBY (P

iv+A, v povp o?vBt) \py
note that determinant of the matrix M is

det(M) = 0202821 — p?) (49)

which vanishes for p = 41, which means that momenta cannot be expressed in terms of velocities, which is similar to a
well known fact for singular Lagrangian systems. Note that for p = £1 the classical Hamiltonian reduces to

1
H* = SV E 0 BPy)? — APy — Aupy. (50)

5. Euclidean classical Lagrangian singular dynamics

For p = +1 the velocities may be expressed in terms of momenta by

iXx+Ac\ _ v +ovB\ (px
iv+A,)] ~ \fouvB ozv,Bz Dv

so that velocities are constrained by

. iv+ A,
WAy s DA g (51)
op
which is the same as
.- b+A,
x+A)F Gt+4) _ 0. (52)
op

Define the Euclidean Lagrangian by
LF = ixpy, + ivp, — HT (53)
one get
o BHA? A
2v 2v

subject to the real constraint (52). In this way, the Lagrangian theory associated to the singular Hamiltonian H* is equivalent
to an optimal control problem [24], where the state variables (x, v) are subject to a Lanchester equation given by constraint
(52).

One can now apply Dirac’s method [22,23] to construct the Hamiltonian formalism associated to the Lagrangian theory.
One must consider the Lagrangian with constraints

(54)

- iX + Ay)? . iv+ A
* = B+ AS + A |:(lx+Ax) F (”)] (55)
2v of
and the definition of the canonical momenta in Euclidean time are
aL* ix 4 A
X v
, aL* A (57)
ip, = — = Fi—
Dy 9% F oB
' oL 0 (58)
1 = —— = U.
D). 9
The above equations imply the existence of two constraints for the Euclidean canonical momenta
A
*Ff=p, £ —~0 59
1 =Pyt 5 (59)
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The Dirac’s extended Hamiltonian is given by

Hye = ipX + ipyd + iph — I + pu @5 + 1o ®, (61)
s (i AY? . (iv + Ay) A
Hoy = ipk + ipy0 4 ipah — ———— — A | (X + A) F ————— | + i1 | po £ — | + palp;] (62)
2v op of
which written in terms of the momenta turns out to be
1 A
Hoe = Ev(px +0Bpy)* — Ax — Ay + 111 [pv + ﬁ] + ualpal. (63)
The (time evolution) consistency of the constraints imply
idF = (¢F, HE ) =0 (64)
id; = (@3, HE} =0 (65)
which yield
OHE, [r 0 (1 Ao (1 1
- |- |7 )Wt oBpy) —A)+ - | 7 )| Wpx £ 0Bp)(FoB) —Ay+ 1) + — 2| =0 (66)
av o ox \ B odv \ B op
1
—um1 =0. 67
+ O'ﬂMl ( )

Ifo B # 0then the Lagrange multipliers 11, ;o may be solved for using the last two equations and the consistency equations
generate no new constraints. There are only two primary constraints. The Poisson bracket for the two primary constraints
&, and &, turns out to be

{of, @ }:ii (68)
5 2 O’ﬁ

so that the Dirac matrix is invertible when o 8 # 0, a condition that is necessary to ensure the existence of propagation, as
discussed later. Then the two constraints <1>1i and &, are second class and can be eliminated by using Dirac brackets. So, one

can set dili and @, strongly equal to zero, that is,

A

D, =p, =0 (70)
so the extended Hamiltonian can be written as
HE =H* (71)

which coincides with the original expression (50). Thus, the Euclidean Lagrangian and Hamiltonian theories are equivalent.

6. Constrained Euclidean path integral

The Euclidean path integral for systems with second class constraints is given in phase space by Ref. [25]

Dpx Dp, O
2;’ x 2—?2—?\/@&08(@)5@2) exp(SE[X, v, &, Px. Po. Pr) (72)

where C is the Dirac’s matrix constructed out of second class constraints according to
C=(Gy) = {D;, }} (73)

z* :f:ox;ov;m

and

SE[X, v, A, Py, Do D1l = / [iXpy + iDp, + iAp; — HE(X, v, A, Py, Py, P2)1dT (74)

is the Hamiltonian action. In our case, Dirac’s matrix is
1

c=(En G\ _ {(pi»‘pi} {07, D2} _ 0 iﬁ
T \G Cn)  \ Py, d7) {92, D)) :Fi

0
op
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therefore,
1
SO
Dp, Dp, Ops. 1 A
- / DxpvoA 2 TP TP s b ) $(p) exp(SE[X, v, Ay Py Do P ) (76)
2r 2m 2w of of
where
S |
SEx, v,A,px,pu,m]zf[lpxerlpverlmk— 2v(pxi0ﬁpu)2+Axpx+Avpv] dr. (77)

Integration on p;, yields

Dpy Dp, 1 1 A
i:/:()xi)vi))» Px p”——é(pvi—)

2 2w 2w of op
P
X exp (/ [lpxx +ipyv — Ev(px F 0 Bpy)® + Ay +Avpv] dr) (78)
whereas integration on p, gives rise to
/@ pupp 2P 11 / * x — )2 + A, 7 2 |4 (79)
= XDv — ex ipeX F —iv — fv — 7).
27 27) o f p PxX + o B X xDx + — of
The integrand in the exponential of the action may be rewritten as
v X+A)\T? (% + Ay)> . iv + A,
— =P+ )\—i—g +u+k (1x+Ax):|:¥ (80)
2 v 2v op
so that integrating on p, one gets
1 1 /2 [ (ix + Ay)? iv + A
/;oxmm T exp / A s Lt ay £ A 140 81)
en)3opV vdr L 2v oB

If instead of the imaginary potential A = iA one uses the real A, the propagator reads

_ 1 1 [2n [ GHA?] T a0+ A)
_/QX@Ui)A(Zﬂ)3ﬁ EEXP(/ _—21):|+1A[(x+AX)IF B :| ) (82)

Integration on A yields

1 [2n (0 +A4A,) (& + Ay)?
2= [ onou @i apY ud [(”A*):F op ] p(f_Tdt) &)
Finally integrating on x yields
R Sy ks Grhr)
V4 _/:Dv @y oV vdr exp( vo?f? —drt ). (84)

In this last expression, functions 8 and A, must be evaluated in x = x(tr) = x,(z), where x,(7) is the solution to the
inhomogeneous equation

- D+ A, (X v, T)
BT e >

that is, in (84), A, and B are given by
Av = AU(XU(T), v, T) (86)
B = Bxy(1), v, 7). (87)

The change of variables

u(t) = 24/v(1) (88)
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in Eq. (84), leads us to the propagator written in terms of the variable u according to

g 1 o 1 1 2 1 1 21 2A,u, 1) zd o
_(2n)2f Y 2rdr (aﬁ(u,r)) exp _f5<aﬂ(u,z)> [“+ u ] ! (89)

where

i _ u? u? u? u 9%
Ll(us r)_a(x,f(r), 271’) _d)(X%(T)v Za‘t)ﬂ(x%(r)? Zsr)i ( )
and
u2
ﬁ(uvt):ﬂ<xu2 (t)’ivr>' (91)
T 4
When g does not depend explicitly on time (8 = B(u)), one can change variables by
1
6 =F@u) = / B du (92)
so that
ho " (93)
)

and the propagator expressed in terms of the new variables 0 reads

Zi:Q;yfimJ#;em<—/;W+VwWw> (94)

where V() may be obtained from

2/T\u (u)
opwu

evaluated at u = u(0) = F~'(6) where F~1(0) is defined by expression (92). Specific examples of applications of the latter
form of the propagator are presented in the next section.

V(©) = (95)

7. Some special cases

In this section we discuss special cases such as

7.1. Free particle

Consider the stochastic equation for volatility given by

dv = o/vdW, (96)

in such a way that ¢ (x, v,t) = 0, 8(x, v, t) = 1 and take ¢(x, v, t) = 0. The vector potential A, = 0, which implies that
A, = 0 and from Eq. (95) one gets V(6) = 0. Here B(x, u, t) = 1 and therefore the propagator, in this case, is

phiffwa/1 (-/QHQ (97)
= 2n) 2rdr P 2

which is the unit mass free particle propagator in quantum mechanics or the diffusion equation propagator

oY (u, t) _ Dazxp(u, t)
at ou?

(98)

with diffusion constant D = 3.
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7.2. Heston model

For the Heston model the stochastic equation for volatility is

dv = —Ao(v — vp)dt + o/ vdW, (99)
take a(x, v, t) = —Ag(v — vg), B(X,v,t) = 1and ¢(x, v, t) = 0, with constant Aq. The vector potential A, is a function
linear in the volatility

Ay(x,v,t) = —Ag(v — vg) (100)
or, written in terms of A, (u, t)

u2

Ay(u, t) = —Ag (Z - Uo) (101)
with

Bx,u, t) =1 (102)

The change of variables (92) is, in this case,
du u

b= | —=— (103)
o o

and its inverse relation
u=o6. (104)
The potential V(0) is, in this case,
—220(? /4 — o)
ou

Aof 2%
_ _Mov, “hoto (105)

V() =
© 2 20

u=06

so that the propagator reads

1 1 17, Xf 2% ]?
Z= DO exp|— | = |0 —— + de (106)
(2m)? 2mdt 2 2 o020

which, up to total derivatives, is equivalent to

7= ! /1)9,/ ! / L2y Mg, 245% | g (107)
2m)? 2dt P 2 8 o462

which corresponds to the Euclidean path integral for a repulsive radial harmonic oscillator with angular momentum
| = 2)»021)0 .
o

7.3. Hull & White model

For the Hull & White model, the stochastic equation for volatility is
dv = a(b — v)dt + ocvdW, (108)
so take a(x, v, t) = a(b — v), B(x, v, t) = /v and ¢(x, v, t) = 0. Therefore,

2
Ay(u,t) =a (b — Z) (109)
and
u
B, t) = 3 (110)
The change of variables (92) is
2d 1
o= [ (111)
ou o

or its inverse relation
ab

U—=¢eZ2. (112)
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The potential V (0) in this case, is

4ab a
o= (-2
ou o

so the propagator reads
p 1 /@9/ 1 /1 5 b G zdt
= —— exp|— [ = —e % — — .
(27)>2 2mdt P 2 o o

7.4. 3/2 model

For this model, the stochastic equation for volatility is

dv = (av — bv?)dt + ov?2dw;,

take a(x, v, t) = (av — bv?), B(x, v, t) = v and ¢ = 0, as always, then the vector potential is

2

Ay(u, t) = au bu4
RO '] 16

and
U2
u,t) =—.
B(u, t) 2
The change of variables (92) is
4du -4
0 = _——=—
ou? ou

or its inverse relation

—4
u=—-.
o
The potential V(0) is
V(o) = 2a  2bu _ ab " 2b
“\ou 4o u=z4 T2 o020

and the propagator turns out to be

z 1 /M 1 /1 5 a9+2b Zdt
= —— expl—[ =6 - =+ —"—
21)? V 2zdr &P 2 2 o2

which is identical to the Heston model propagator with Aq = a and Aqvy = b.

7.5. Baaquie o model

In this model, the stochastic equation for volatility is [12]
dv = (Ag + wov)dt + cv*dW,
take a(x, v, t) = (Ao + uov), B(x, v, t) = v*~/? and ¢ = 0. The vector potential is

u2
Ay(u, t) = (AO + HOZ)

and

B, 1) = (g)2a—l .

The change of variables (92) is

ou2-1 " 52 =2a)

22a—ldu 220[—1u2—2a
6= /

401

(113)

(114)

(115)

(116)

(117)

(118)

(119)

(120)

(121)

(122)

(123)

(124)

(125)
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or its inverse relation
1
u=2[c0(1 —a)]20-o, (126)

The potential V(@) in this case is

V(O) = ho o1 [0(1 — a)]&T + po(1 — a)f (127)

and the propagator reads

_ 1 [ 1 (1 11001 — oFS — )07
Z_(zn)zf‘m @ exp< /2[9+xoa [0(1—a)]e-T 4+ po(1 — a)d] dt) (128)

which for o = % is the same as the Heston model propagator with Ag — Agvg and o — —Ao.

8. Conclusions and further research

Thus, stochastic volatility models with p = =£1 viewed from the standpoint of a physical system is a constrained sys-
tem. The constraints happen to be second class according to Dirac’s classification. For proper evaluation of the propagator
of this singular case, one must resort to a constrained Hamiltonian path integral which resembles those used in gauge the-
ories in particle physics. Once the momenta path integral are performed, one gets an unconstrained effective Lagrangian
path integral. The effective Lagrangian, in the case of the Heston model, may be associated to a repulsive radial oscillator
Lagrangian.

In all cases, the price of the underlying asset is completely determined by one of the second class constraints in terms of
volatility and plays no active role in the path integral. Obviously, the propagator for these special values of the correlation
parameter cannot be obtained as a limiting case from the propagator for p # £1.

In forthcoming articles will show that the appearance of second class constraints for o = +1is a universal property of all
stochastic volatility models given by the general form of the differential stochastic system (1), (2). We will explore whether
the propagator for the models studied in this paper can be computed in a closed form or numerically, and will use the results
to obtain the price of a call or put, for each case. It is also interesting to develop in the future a semi-classical approximation
for these systems, to obtain approximate expressions for the propagators and for the option prices.
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