This article was downloaded by: [Universidad de Chile]

On: 18 March 2013, At: 12:24

Publisher: Taylor & Francis

Informa Ltd Registered in England and Wales Registered Number: 1072954 Registered office: Mortimer House,
37-41 Mortimer Street, London W1T 3JH, UK

Stochastic Analysis and Applications

Publication details, including instructions for authors and subscription information:
http://www.tandfonline.com/loi/Isaa20

Numerical Method for Reflected Backward Stochastic
Differential Equations

B g Miguel Martinez ® , Jaime San Martin ° & Soledad Torres °
Stochasti

# Laboratoire d'Analyse et de Mathématiques Appliqueés, Université de Marne-La-Vallée,
Champs-sur-Marne, France

® Facultad de Ciencias Fisicas y Matematicas, Departamento de Ingenieria Matematica and
CMM-CNRS UMI 2807, Universidad de Chile, Santiago, Chile

© DEUV and CIMFAV, Universidad de Valparaiso, Valparaiso, Chile
Version of record first published: 18 Oct 2011.

Ay comd’

/i |!-"'."-'-'-"" TR

To cite this article: Miguel Martinez , Jaime San Martin & Soledad Torres (2011): Numerical Method for Reflected Backward
Stochastic Differential Equations, Stochastic Analysis and Applications, 29:6, 1008-1032

To link to this article: http://dx.doi.org/10.1080/07362994.2011.610162

PLEASE SCROLL DOWN FOR ARTICLE

Full terms and conditions of use: http://www.tandfonline.com/page/terms-and-conditions

This article may be used for research, teaching, and private study purposes. Any substantial or systematic
reproduction, redistribution, reselling, loan, sub-licensing, systematic supply, or distribution in any form to
anyone is expressly forbidden.

The publisher does not give any warranty express or implied or make any representation that the contents
will be complete or accurate or up to date. The accuracy of any instructions, formulae, and drug doses should
be independently verified with primary sources. The publisher shall not be liable for any loss, actions, claims,
proceedings, demand, or costs or damages whatsoever or howsoever caused arising directly or indirectly in
connection with or arising out of the use of this material.



http://www.tandfonline.com/loi/lsaa20
http://dx.doi.org/10.1080/07362994.2011.610162
http://www.tandfonline.com/page/terms-and-conditions

Downloaded by [Universidad de Chilg] at 12:24 18 March 2013

Stochastic Analysis and Applications, 29: 1008-1032, 2011
Copyright © Taylor & Francis Group, LLC e
ISSN 0736-2994 print/1532-9356 online

DOI: 10.1080/07362994.2011.610162

Taylor & Francis

Taylor & Francis Group

Numerical Method for Reflected Backward
Stochastic Differential Equations

MIGUEL MARTINEZ,! JAIME SAN MARTIN,2
AND SOLEDAD TORRES?

'Laboratoire d’Analyse et de Mathématiques Appliqueés,

Université de Marne-La-Vallée, Champs-sur-Marne, France

Facultad de Ciencias Fisicas y Matematicas, Departamento de Ingenieria
Matemaitica and CMM-CNRS UMI 2807, Universidad de Chile,
Santiago, Chile

SDEUV and CIMFAYV, Universidad de Valparaiso, Valparaiso, Chile

In this article we propose a numerical method for reflected backward stochastic
differential equations (RBSDE). This method is based on the simple random walk,
and the convergence is related to the Skorohod topology.
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1. Introduction

In this article, we are interested in the following backward stochastic differential
equation with reflection (in short RBSDE).

T T
Y, = §+/ (s, Ys,zs)ds—/ ZdB, +K,—K, 0<t<T,
' ' (1.1)
T
Y,>S, 0<r<T, and / (Y,—S,)dK, =0,
0
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where f is called the coefficient, ¢ the terminal condition, and S, is the process
representing the reflecting barrier. It is assumed that & > §.

It is well known in the case without reflection, that the RBSDE (actually a
BSDE) has a unique solution under the usual assumptions on the generator f and
the final condition ¢, see e.g., the work of Pardoux and Peng [30, 31]. For RBSDE
and under the Lipschitz assumption of f, El Karoui, Kapoudjian, Pardoux and
Quenez in [10] stated the first existence and uniqueness result, for which the solution
is constrained to stay above an obstacle {S,,0 <t < T}.

The solution of a RBSDE with obstacle S, terminal condition ¢ and coefficient
f, consists of a triple of a progressive measurable process (Y, Z, K), taking values
in R, RY, R, respectively, where K is an increasing process introduced in order to
force the solution Y within a boundary area, satisfying:

i) E [ |Z,7dr < oo;
i) {¥,>S,0<r<T}
iii) {K,} is a continuous increasing process, K, = 0 and fOT(Yt —S,)dK, =0.

Several works have been made to prove existence and uniqueness under
different assumptions on f. For instance, in [20], Lepeltier and San Martin proved
the existence of a solution for BSDE’s with a coefficient which is only continuous
with linear growth. In [17], Kobylanski studied the case of BSDE’s without
reflection and proved an existence result in the case when the coefficient is only
linear growth in y, and quadratic in z. In [21], Lepeltier and San Martin generalized
the result to a superlinear case in y. Matoussi [28] established the existence of
a solution for RBSDE’s with continuous and linear growth coefficient. Cvitanic
and Karatzas [7] generalized their results for two reflecting barriers, in which the
solution process of BSDE has to stay within two pre-specified limits U and L.
In this situation see also Xu [36], Lepeltier and Xu [22], among others. In [16],
Kobylanski, Lepeltier, Quenez and Torres proved existence of a reflected solution
of the one-dimensional BSDE when the coefficient is continuous, has a superlinear
growth in y and quadratic growth in z. In [19], Lepeltier, Matoussi, and Xu gave
results on existence under monotonicity and general increasing growth conditions.
For reflected backward doubly stochastic differential equations, see [1, 13], and the
references therein.

In [32], Ren proved existence and uniqueness of a solution for RBSDE driven
by Teugels martingales associated with a Lévy process. For RBSDE driven by a
Lévy process see [33-35], and references therein. Finally, to better understand the
penalization and apriori method in BSDE, see [9, 23].

RBSDEs are a useful tool for the pricing of American options. In a complete
market, the process Y of an American option associated with payoff {S,,0 < ¢ < T}
is a solution of a RBSDE such as (1.1). On the other hand, in [18], El Karoui and
Rouge studied the problem of pricing European options via exponential utility. In
the case of an incomplete market, they stated that the price of such option is a
solution of a quadratic BSDE. Thus, if we are concerned with American options
instead of European options, we are naturally led to the study of reflected quadratic
BSDE’s. See [11] for imperfect market and BSDEs. For a survey on the developed
theory of forward-backward stochastic differential equations (FBSDEs) see [26].

A long-standing problem in the theory of BSDE:s is to find an implementable
numerical method. For example, in the Markovian case, Douglas, Ma, and Protter
[8] established a numerical method for a class of forward-backward SDEs, based
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on a four step scheme developed by Ma, Protter, and Yong [25]. On the other hand,
Chevance [5] proposed a numerical method for BSDEs. In [37], Zhang proposed a
numerical scheme for a class of backward stochastic differential equations (BSDEs)
with possible path-dependent terminal values. For a class of decoupled forward-
backward stochastic differential equations Bouchard and Touzi [2], proposed a
discrete-time approximation, and the convergence is related with the L? norm. In
[12], a regression method to solve BSDE was developed by Gobet, Lemor, and
Warin. In the case of a random walk instead of a Brownian motion see [3, 24], in
the case of BSDEs and [14, 15, 29] for the RBSDE case.

This article is organized as follows. In Section 2, we present some preliminaries.
In Section 3, we introduce the numerical method for solutions of RBSDE. Section 4
is devoted to the proof of the convergence of the numerical scheme proposed in
Section 3. Finally, in Section 5 we give an alternative procedure to compute the
solution of a RBSDE, using the ideas of Ma and Zhang given in [27].

2. Preliminaries

In this section we will use the following space: A hilbert space H
T
H? = {{¢t :0 <t < T} is a predictable process s.t. IE |:/ |¢,|2dt} < +oo} )
0
A Banach space &,

P = {{q’), :0 <t < T} is a predictable process s.t. IE |: sup |¢>,|2] < +00} .

0<t<T

Let W be a Brownian motion. Throughout this article we denote by c,(f) =
[nt]/n. Then there exists a family of independent random variables {} such that

1 cn(?)

PG =D =PE=-D=1/2 and W'=—=30
converges uniformly in probability to W.

We define G} :=0a({f,...,{}). We will consider the following standing
assumptions:

e (A1) the function f is continuous and bounded.

e (A2) the function f is uniformly Lipschitz with respect to variables (y, z) with
Lipschitz constant K.

e (A3) the Barrier S is assumed to be almost surely constant.

o (H) lim, . [sup,.qo.n | EIEI7.] - E[&")%0, )] =0.

Remark 1. For simplicity we assume that 7 = 1.

Remark 2. The assumption (H) is related with the so called weak convergence of
filtrations defined by Coquet, Mémin and Slominski in [6]. On the other hand, the
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strongest assumption is (A3). For the general case, we consider S, = S, + fot J.ds +
fot HdB,, then R, =Y, — §, satisfies the following RBSDE:

N T N T
R, = ¢+/ f(s,RS,FS)ds—/ [dB,+K,—K, 0<t<T,
' " (2.2)
R >0, 0<r<T, and / R.dK, =0,
0

where E=¢— 8, T, =Z,+H, and f(s,r,7) = f(s,r+ S,,y — H) + J..

We notice that f is also uniformly Lipschitz on (r, y), with the same constant
as f. Nevertheless f is in general a random function. We present in this paper the
case where S is constant, but the results hold as soon as H, J are smooth functionals
of B, to ensure that a method based on Euler scheme jointly with a random walk
approximation of B converges to them.

3. Numerical Method for RBSDE

In this section, we define the numerical scheme for RBSDE. The method is based in
two steps:

e Step I: The penalization term and Picard’s ieration procedure in the
continuous case. In this case we follow with the main ideas given in [10].

o Step II: The penalization term and Picard’s iteration procedure in the
discrete case. In this step we will follow the ideas given in [3] and/or [4].

3.1. Step I: The Penalization Term and Picard’s Iteration Procedure in the
Continuous Case

3.1.1. Penalization Term. In this step we are interested in the following penalization
scheme associated to the unique solution of the RBSDE given in (1.1). For each
e >0, let {(Y?,Z?); 0 < <1} denote the unique pair of progressively measurable
7, processes with values in IR x IR satisfying the following BSDE:

1 1 1 !
e __ & & _ £ - _ e\+
Y® = z;+/t £(s, Y, Z°)ds / Z°dB, + sft (S — Y®)*ds, (3.3)
where ¢ and f satisfy the above assumptions (A1), (A2). In this famework, we define
1 t
K® = -/ (S—Yo)*tds, 0<r<l. (3.4)
e Jo

Proposition 1. Assume the standard conditions (A1), (A2), (A3), and (H). Then, we
have that

1 1
IE[/ Y — Y,|2dt+/ |Z¢ — Z,|*dt + sup |K? —K,|2:| -0 ase—0. (3.5
0 0

0<t<l1

Proof. We follow the proof given in [10]. |
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Remark 3. For the penalization method we can obtain the following result. There
exists a constant ¢ such that for every ¢ €]0, 1],

1
IE[sup P+ [ 1ZiPdr+ sup |Kf|2] <c
0

0<r<l 0=<t=<1

Remark 4. Let us notice that for each fixed ¢, the sequence (Y°) is decreasing in &.

Lemma 1. Under the assumption (Al), (A2), (A3), Y? the unique solution of equation
(3.3) satisfies the following property:

IE |:sup |(S — Yf)+|2:| — 0 ase— 0. (3.6)
0<t<1
Proof. We follow again the proof given in [10]. a

3.1.2.  Picard’s Iteration Procedure. Remember that IH? is a Hilbert space. For each
¢ fixed in 0, 1], we define a mapping ®° of H?> x H? into itself as follows: Given
(U, V) € H?> x IH?, we define (Y?, Z?) := ®*(U, V) to be the unique element of H? x
IH2, which is such that the couple (Y?, Z?) solves the following BSDE:

1 1 ! 1
vi=c+ [ fs U Vds+ = [(s-U)tds— [ ziaB.. (3.7)
! t & Jt t §

This equation corresponds to the Picard’s iteration associated to the BSDE (3.3).
In [10], the authors show that the mapping ®° is a strict contraction on IH? x IH?
equipped with the norm | - ||, defined by

w7l = (IE [/01 e (U, +|V,P) ds])l/z.

Thus, the mapping ®° has a unique fixed point, which is the solution (Y?, Z¢) of
the penalized BSDE (3.3). This fixed point can be reached via Picard’s iteration
procedure. More precisely, we define the sequence (Y7, Z*7) . as follows:

(Y=, z=%) := (0, 0);
(3.8)
(Ys,p+1’ Zs,erl) — (I)s,p+1(Y£,07 Zs,O) = q)s(ys,p’ Zs,p)'
In particular, for each p € N,
€ &,p & &,p 1 & &
I =22, 25 = 250y < 5, 10 251 (3.9)

and this inequality permits to understand the influence of the initial condition used
for Picard’s iteration method. In conclusion,

Y®—-Y®P z° —7Z°7)||, - 0, as p tends to oco. 3.10
B
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3.2. Step II: The Penalization Term and Picard’s Iteration Procedure in the Discrete
Case

In this step we are interested in the following discrete RBSDE. Let 0 =1, < 1, <
- < t, =1 a discretization step for the interval [0, 1] such that VI <i <n, ¢, —
t,_, = 1/n.
1 1
yen = ¢ —l—/ fs, Y2, Z2M)ds — / Z3dW! + K" — Kt 0<r <1,
t t
ye"=9§, 0<r<l, (3.11)
Y]OO," — é‘n.
3.2.1. Penalization Term. For te€[t,_,[, and for each &>0, let

{(ypeon, Zeon, K*"); 0 < t < 1} denote the unique pair of progressively measurable
7, processes with values in IR x IR satisfying the following discrete BSDE:

4 4
Y[e,oo,n — th,oo,n +/ f(S, Yse,oo,n, Z;a,oo,n)ds _/ Z;C,oo,ndWSn + K[ei,oo,n _ K;C,oo,n;
t t

Yoo =g (3.12)
where K" = 0 and for ¢ €]t,_,, ;[ and we define
g,00,n , 1 : £,00,n +
Kpo = — 2; (S - ) : (3.13)

Proposition 2. Assume the standard conditions (A1), (A2). Then, we have that

1 1
E [/ |Y[£,oo,n _ Y[oo,nlzdt +/ |Z;9,oo,n _ Z;x:,n|2dt + sup |Kts,oo,n _ Ktoo,n|2i| — 0.
0 0

0=t=1
(3.14)
as € — 0, where (Y™", Z>", K;>") is the unique solution of the equation (3.11).
Proof. See the proof in [29], for RBSDE and [3] in the BSDE case. |

In this section we follow the ideas given in [3], in order to get the exact solution
of the discrete equation (3.12). For each fixed &€ > 0, we introduce the following
implicit discrete-time scheme BSDE:

1 1 1
Yte;:,oo,n — Ye,oo,n + _f ([i’ Y:,oo,n, Z;ei,oo,n) + . (S _ Y:,oo,n)+ _ _Ze,oo,n i1 (315)

lit1 n ne ﬁ 14
for ie{n—1,...,0}, with YP™" =¢&" Remember that, {{;},,-, is an iid.
Bernouilli symmetric sequence, and ¢" is a square integrable random variable,
measurable w.r.t. G, with G, :=a({;, ..., {;)-

3.2.2.  Picard’s Iteration Procedure. An explicit solution of (3.15) can be found
using a discrete Picard’s iteration method. Let us set Y>%" = 0, Z*%" = 0, we define
(ysptln zer+lny by induction as the solution of the iterated discrete-time scheme
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BSDE:
e,p+1l.n e,p+1l,n 1 £,p,n £,p,n l £,p,n + 1 e,p+l.n
Yfi = Yfi+l + Zf ((ti’ Yf,‘ ’ Zt; ) + % (S - Yfi ) o _an: §i+1
(3.16)
for ie{n—1,...,0}. Remember the definition of Picard’s iteration procedure

(3.16) and the definition of our scheme as a solution of (3.15). Just like in the
continuous setting, we begin to show the following lemma:

Lemma 2. There exists o, > 1 and n, € N such that for all n > ny, for all p € N*,

2 2

)

H (Ye,p+1,n _ Ye,p,n Ze,p+1,n _ Ze,p,n)
9

l e,p,n __ yep—1l.n e,p,n __ ze,p—1l.n
< 4‘ (Y Y .z z )

1&‘ \15

where, for p € N,

2
‘ (Ys,p+l,n _ y&pn Zs,p+1,n _ Zs,p,n)
b

&g

1 n—1
=1 [ sup o f/m|yerthn _ yepn 2] +-E [Z a k| zer e Zs”""q )
0<k<n n k=0
Proof. We follow again [3]. O

Just like in the continuous case, we can use the Cauchy criterion and the
preceding lemma to get the following result:

Proposition 3. Following the notations of (3.15) and (3.16), for each fixed ¢ in 0, 1],
we have that

1
sup [E [sup |yprn — yoon|? 4 fo |Zen — Zf’w’”|2dt] 0, asp—oco. (317

0<r<l1

4. Main Result
Theorem 1. Under the assumptions (Al), (A2), (A3), and (H) we have

lim lim (&7, Y™, 25" K" = (£, Y, Z, K),

e—>0n—oo

in the Skorohod topology, where (£,Y, Z, K) is the solution of the RBSDE (1.1).

Proof. We shall prove the convergence of Y*>" toward Y. The convergence of the
other terms follows along the lines of the proof given in [10]. d

The main idea of the proof is the following decomposition for the error:
Y= Yp=h =, = Y7) + (Y7 = Y7P) + (Y = Y00 + (Y77 = Ypsr),

where the first term corresponds to the penalization term in the continuous setting,
the second one is the Picard’s iteration procedure for the continuous BSDE, the



Downloaded by [Universidad de Chilg] at 12:24 18 March 2013

Numerical Method for RBSDE 1015

third term correspond to the discretization of a BSDE by using a random walk
instead of the Brownian motion, and the last term is related to a Picard’s iteration
procedure in the discrete case. The proof follows from the next result in which the
main technical point is to control the limit in n of

1
g

sup
0=<r=<1

t 1 t
[ (s =yernytac,s) — - [ (S =y ds
0 € Jo

uniformly in &, p.
In order to established convergence in probability we consider that all the
processes are defined in the same probability space.

Lemma 3. Let the assumptions (A1), (A2), (A3), and hypothesis (H). Let us consider
the scaled random walks W". We have that for each fixed € €]0, 1],

ds — 0 as n— +oo in probability. (4.18)

Fepn _ 7e.p
S s

1
sup ‘Yf_’p’" — Yf”” +/
0

0<t<l

Proof. The proof will be done by induction on p. For the sake of clarity, we express
everything in continuous time, so that equation (3.16) becomes for ¢ € [0, 1];

1
vt =g [ =, Yore, 2 de, (s)
t

1 1 1
+= [ A=y, () — [zt awy,
& Jr t

sn)

where ¢, (s) = [7 and Y®-" denotes the caglad process associated to Y*-". The
assumption is that (Y*7", Z#P") converges to (Y*?, Z%?) in the sense of (4.18) so
that our aim is to prove that (Y®r+ln zer+thn)y converges to (Y®7*!, Z#P+!) in the
same sense.

Taking conditional expectations w.r.t. G, in (3.16) and using the fact that

Y,j”’“’" is %,-measurable, we find that for r, < ™ <, :
n
‘f@k]

1
Yts,p+l,n —E I:é’l _|_-/t f(s—, Yj_’p'n, Zf’_pyn)dcn(s)

igk] .

t 1 t
pprstn o yert g [ s Y 280 e, () + - [ (S — ¥EPTY e (s)
0 & Jo

1 1
S FY RC RORCAC
& Jt

So that

— k& [ o xer 22, )

fgk}

%] is a G martingale.

1 1
S FYRCE REORTAC
& Jo

— IE[Mis,p+1,n
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Moreover, we have the representation

1
M[‘G‘»P+l,n —E |:/ Z;J:U-%—l,ndw::’
0

Tk
:/ Zs,p+1,ndwn
0 §— s
t
- f zertigwr,
0 §— s
Now, the idea is to apply Corollary 3.2 in [3] to the sequence of martingales
{(M77*")y_, ;s n € N}. For this, we have to prove the L' (IP) convergence

of M{"* o,
Using the fact that Y*7" and Z*7" are piecewise constant, we have that

1 1 /!
)Mf”’“‘" —¢ —/0 f(s, Y2, Z2P)ds — ;/0 (S—Y>")*ds
1 !
ds + =
s+ 8/0 {

(where we have used triangular inequalities together with |ut — v™| < |u — v]).
Now using the fact that f is Lipschitz with constant K,

&p _ y&.pn
YS YS

1
<l gl [ v 2 - g v 2o
0

fas

. 1 1 1
’Mﬁf’+ " /0 fls. Y0P, Z07)ds — /0 (S — Y*P)*ds

1
0

and using the recurrence assumption, this last term tends to zero in probability and
then in L' (IP) (using the L? (IP)-boundedness).
Applying Corollary 3.2 in [3], we see that M*?*+!" converges to

1
<(1+K+-)sup

0<s<l

g,p,n __ yen &,p _ 7&p.n
Y; Y Z: Z57ds,

1
M i [ G e Zeas

1 1
:7,} +E [—f (S — Y*P)*ds
g Jo

gt}

t 1 t
= vt [ ver, zenyds + - [ (S = verytds,
0 € J0

in the sense that

1
sup |MPrhr — Mot +/ zerthn _ zertl 5 0 in probability.
0

0<r<l

Since we want to prove

I
sup |Yorthr — y et —i—/ |zerthn — z#P*| — 0 in probability.
0

0<r<1
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The theorem will be demonstrated if we prove that

t t
sup / fs=Y2r", 22" de,(s) — f f (s, Y2r", 25" ds| — 0 in probability
0<t<1 |70 0
(4.19)
and that
1 ,t 1 ,t
sup |~ / (S — YoP™yrde, (s) — — f (S — Y*P)*ds| — 0 in probability.  (4.20)
o<t<1|€ Y0 £ J0

We begin to check (4.20). We have that

1 ! 1 rt
sup —/ (S—Y>P"*rde,(s) — —/ (S —Y>P)tds
0<t<1| € 70 s e Jo :
1 1 1
== {f |Yor — Yf”””ldS} +— {ISI + sup [Y 0 } (4.21)
& 0 ne 0<r<1 n

The first term in (4.21) tends to 0 as n tends to oo in probability because of (H) and
the recurrence assumption.
For the second term in (4.21), we have:

1 1
— {181+ sup [Y70 } = — {|S| + sup Y. 0" =Y }
ne { 0<t<1 | (0 ne 0<i<l I (1) (1)

1 .
+— { sup Y20 } (4.22)

ne o<r<1

The first term on the right side of (4.22) tends to 0 with n in probability because of
(H) and the recurrence assumption. The second term tends to zero IP-a.s. because
|S| + supy-,; |Yf(";)| is an almost surely finite random variable.

We can apply the same method to get (4.19): thanks to Corollary 3.2 in [3], we
may use the fact that

sup
0<r<l1

t t
/ Z:P"de,(s) — f Z3ds
0 0

— 0, as n — oo in probability. (4.23)
O

5. A New Procedure: Ma and Zhang’s Method

Let us introduce the following 2-step scheme given in [27] page 562 in the discrete
case:

o Y ="
o for i=n,n—1,...1, and t € [t,_, t;[, let (?”,Z") be the solution of the
BSDE:

~

1 ~ 1
v+ / f(s, Y7, Z")ds — / Zdw". (5.24)
t t

for each i and ¢ €]¢t,_;, t;], define ¥ = 17[‘ v S
let K =0 and for ¢ €]t,_,, 1,], define K} = K} := hY (Y” -Y )

=1\ "t tj
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Clearly, K" is predictable. And observe also that we have

4 ~ 4
Y =yt / f (s, Y, zg) ds — / ZdW! + K! — K/ . (5.25)
i1 i1

ra

In the appendix we prove that (Y",Z") is contraction and then it converges
towards (Y, Z) the unique solution of (1.1).

Now we define a modified Picard’s iteration procedure for a penalization
discrete  BSDE. This is the numerical algorithm that we propose to
approximate (Y, Z).

We define ¥+ for i =0,...,n— 1, by

e,p+l,n __ g,p+1l,n - &,p,n e,p,n\ __ e,p+l,ngn e.p+lin _ prept+ln
Y =Y, + nf(ti, yppn zern) — —7 + (K K;

i) ﬁ 1 i+1 Lig)
ppr= g (5.26)
where we have set for 0 <i < n,
. . 1 . N
p+ln p+ln . g,p+1l,n
Konmr =Kt = — (§ = yprttmm, (5.27)

Remark 5. The main difference between this approximation and the Picard’s
iteration procedure is that instead of p we use p + 1 in the last term of (5.26). This
makes the method explicit. In fact, the equation to be solved has the form y = a +
b(S — y)*, where a, b > 0 are known. The solution is y=a if a > S. When a < §
the solution is y = ”ﬂ"bs < §. We expect this method to have a better performance,
because in the first method the Lipschitz constant, of the implicit equation to be

solved in y, is large for small €.

In this section (3’;” ", Zp") denotes the the Picard iteration procedure for the
couple of processes (Y, Z') defined as the solution of the BSDE equation (5.24).

[l

Theorem 2. Assume (A1)—(A3) and (H). Then
2 1

+
/

The proof of this theorem follows from the convergence of (Y7, ZP"), on p, to
the solution of the discrete solution (Y”, Z") (given in the Appendix) and the next
result.

lim lim lim IE |:sup Y — yee VAR

£—0 n—+4o00 p—+oo 0<i<n

2
dt:| =0. (5.28)

Proposition 4. Assume (A1)—(A3) and (H). Then, for all p € N,

2
H =0. (5.29)

The proof of Proposition 4 relies on the following two lemmas that control the
distance between S and Y?*+!'" or Y&rtln,

2
+;§

Vpon _ yepn
LA

thn _ Zf,p.n
i i

&g—0 n—+oo O<i<n

lim lim E |:sup {
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Lemma 4. ForallneN, pe Nand 0 <i<n,
~ 1
S = TP g = LA T2, 2] < SIS (5.30)
Proof. We have that

Vp+ling_ _
= |

1
; YP+] "y f(l‘[, Yp n Zp n) ZP+1 n ln_H} 1?)‘[;+]Jlss.

Tiv1 \/— 14

Conditioning w.r.t. 67, from this equality we get that:

~ 1 ~
(V" = )1y g = {IE [th’jl’” - Slfﬁ;l] + s, Y Zf;”)} Lypein

=s*

Now, recall that by construction, we know that (Y,Tll’" — 8) > 0 (and in particular
E [Y”H " S|S§flz 0).

lit1

We deduce that
~ 1 ~ -
{(Yti’ﬂ,n — S) — ;f(l[., Y;i’v"’ fo”)} 1?/;“'”55 > 0.
Obviously,
(z’:‘FLn - S)l’)j'!.)-%—l‘nss S O,
In conclusion, we have that
1 Vp.n Fp.n Vp+ln
_f(ti’ Ytp’ , Zf )1?ﬁ+l,n<S < (Y[p i S)l?p+l,)x<s <0,
n i i AR ; AR
which implies inequality (5.30). |

Lemma 5. Suppose that (H) is satisfied. Then

12
lim lim IE |:<sup(S - Yf”’“'”ﬁ) ] =0.

e—>0n—o0

Proof. Consider the auxiliary process (X", I'®") solution of the discrete backward
equation

1 1
X[ein_Xsn __”f”oo_ —_Tenen —(S—X:n)+
n ne

tivl \/— ;o 2itl

with X" = &". A backward induction on i shows that for all € >0,p>1,n>
1,0 <i < n we have

en _ eptlan
Xon < ot
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In fact, this property holds for i = n. Assume that it holds for i > k 4+ 1 and we

want to prove it for i = k. Recall that if y = ]E(Y,‘:;’I’“’" + 1 (6. Y00, zZyr" %)
and b = -L then (see Remark 5)

y ify>S§
thsﬂﬁ-l,n — y i bS lf S
<.
i+6 7
On the other hand, the same result gives for x = IE (ka’fl = £l f@k) that
X fx>S
X" = bS
" x1+ if x < S.

The induction hypothesis gives x < y. Now, if x > § clearly also y > S and in this
case X" < Y,‘j”’“’". On the other hand, if x < S and y > § we have X" < S <y =
e, n . . e.n X ) e, p+ln
Y P Finally, if x < S,y < S we get Xpnm = =S < MBS =yt

is proven.

" and the claim
In particular, we have foralle > 0,p>1,n>1,0<i<n

(8= Frroyt = (5= xpmy*
It is straightforward to prove, using induction on i, the inequality
S=X"" < (1= t)f e = 1S |-

As n tends to infinity (X*") converges in the Skorohod topology to the unique
solution of

1 1 1
X = é+/t <—||f||w+;(S—Xf)+> ds—[ redw,.

Again it is direct to prove that (S — X?)* < (1 — )| f] -
In particular, if  is any continuous bounded function such that (x) = x? for
0 <x < |fll we obtain

lim I [(sgp(S - Xf,»’"ﬁ)z} = jm [w (sgp(S - X:,n)+>}
= [«/f (sgp(S - Xf)*)]
- E [(sgp(S - Xf)*)? :

From Lemma 1 (which is Lemma 6.1, p. 723 in [10]) applied to (X?),, we obtain the
result. =
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Proof of Proposition 4. The proof is based on an induction argument on the
variable p. For any ¢ > 1 consider § = ¢/* and p € N, we introduce the following

induction hypothesis:
2
)T T i _
7, : {ELmOnETx]E[Oilfgniﬁ }:| _0} (5.31)

Note that #{ is satisfied for any choice of ¢. Our choice of ¢ (independent of
g, p, n) will be done latter. For all &, p, n we define

Y[p,n _ Y’s,p.n Zf’ no_ Z;e,p.n
i i i

e.ptlin | yept+ln _ ppt+ln
Av; =Y Yy

1 . . ~
— Ua ,p+1.n 4= {f (th nyp,n’ Zi,P,n) _ f (ti’ Yf’n, thn>}
n i i i i

Ti1

1 .
_ ﬁ (Zf’,erl,n _ Z‘Z+l’n) ;‘l+]’ (532)

L weptl, 1, Ln peptl,
where: U,‘i’f+ "= Y,Z’IH " Y”j] " +Kf+’f+ "— KT We also define

AZ‘_‘:,p.n — Zs,p+l,n _ Zp+1,n
i . t; t :

Since AveP+!" =0, we have, for k =0, ...,n — 1, that

n—1

ﬁk|AU}‘(2,P+1,n|2 — Z ﬂi|Avf‘p+l nl ﬁH»l |A &,p+1, n|

t+1
i=k
- 1 - 1 1
i e, p+1l,n i e,p+1,n e,p+1l,n
= (1= B) X BIA" P BB (180f 7P = Ao
i=k i=k
which implies

n—1
ﬁk|Avlf’P+1 n| (1 — ﬁ) Zﬂ |AUE ,p+1, n|2 + ﬁ Zﬁl (|AU£ P+, n| |U?+[1)+1 n|2)
n—1

+ BB Uz — AR
i=k

fit1
We know that

2
e,p+1,n\2 D+1, eg,p+1l,n -+ ,p+1,
(ﬁvi ) (l7£p+l n)2 3 n <ﬁv lyap ln) (ﬁvf n l7£17+1 n)

lit1 t lit1 tit1

Since f is Lipschitz in (y, z) with constant K, we have for each a > 0,

2 .. .. ~
—AU?’IH_IJ! {f (ti’ Y;,P:n’ Zz!’n) _ f (ti’ thz,n, Zt[:n)}

n
2K
< Z2 A (A0 + AZE)
n

4K? 1
< SR {80 |AZE P,
n 2n
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and from (5.32)
1 2 2K?
_|AZ;&P+1,H|2 < 2 (Avl_&m—l,n _ Us,p+1,n> + (|Avf’”’"|2 + |AZ;9,17,V!|2) (533)
n

tit1 n?

As a by product of this discussion, we deduce that

n—1
iALEPHLn e,p+l,n e,p+l,n
2Y B At (et

iyl
i=k
4K2 n_l [ & n 1 n_l [ & n & n
< — Zﬁ’|Avi’p+1’ I + n A {|Avi’p’ >+ |AZ>P |2}
nik ik

2 n—1
i g,p+1,n e,p+lnen
- T Z B'Av; AZ; i+1°
n .

and

n—1 2
i p+1,
5 (st )
i=k

lit1

1 n—1 ) i 2K2 n—1 ) 5 .
< =57 LBIAZEPR 4 ST (180 + |AZ ).
i=k i=k

n 2

Set p:= (E + l)é and A=1-f+ ﬁ%, which is negative if ¢ is large
enough. We have

£, sn ﬂ . i £, Sn
Bl 4 - S BIAZE TP
i=k

n—1 n—1

< AY FIAGTTP 4+ p X (AP + A2 )

i=k i=k
= +1 262 +1 +1
+BYF (|Utif+"’1|2 — |Avih ’"|2) — = YO BAGTTAZITT L (5.34)
- M=

Our aim is now to study the term fsup, Y77 f (lU,ffH’"F — |Avfﬂ+1’"|2). We
have the following technical lemma:

Lemma 6. Suppose ff = e, with £ > 1, then

n—1
im Tim E [/3 sup Y (|U”’“’”|2 - |Avfj}+1’”|2>:| <0. (5.35)
k

£—>0n—+oc r fit1
i=
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sp+ln_Kep+ln_

Proof. We will distinguish four cases, where we denote AK o

+
s e pt1, e, . . .
Kprtir =1 (S -y ”) , which makes K7+ predictable.
I: Ytp-f;l,n > § and Ye,p+1,n > S; Us p+ln — ng p+Ln Y,p+1 no_ Avg,p+1,n
ity i+1 i+1 i+1
1, 1, p+1, 1, 1,
II Ytp: n > S and Ya p+l.n S; Uf‘+117+ n — A ,E+Ii+ n + AK& p+l.n
Vvp+ln ye,p+1.n 3 e,p+ln e,p+1l.n e,p+1l.n
OI: Y, " < S and v >8 U, "= Y,+1 -8 < Av
1 1 1 1 1
IV: Y < Sand 777 <85 U9 = Y0 - g 4 AR
Let us set

12
M = sup sup sup |:]E (Sup <|S|2 + |Y€ p+1, n|2 + |Y,D+1 n| ))i| < 00.

£€]0,1[ peN neN 0<i<n

Recalling the definition of U;" +hnwe see that
Us —+1, n &,p+1.n
{luzretnp — Jawss e
e ptln2 yve.p+ln 2 e,p+1l,n Vr+ln 2
< |AK; Iy +{ (Y27 =S Y,H - Y Livom
1,n Vp+ln &, p+1,n
+2 (Bt = T ) AR My
e, p+1, v n n £,
= [AKT"T Py + (S - ijl ) (S + Yfp:l - 2Yt+f7+ ) Livom
Tit1

+2 (Yrifﬂm -yt n) AKE i nllvuu

Convergence of the first and second terms: For the first term, by definition of
AKEPTY it is easily seen that

n—1 n—1 2M21 n_
|:Sup2ﬁ|AK€p+ln :|_ |:Zﬁ|AK8p+1n|2:| S__ﬁ — (536)

2
ko iz =0 ne> n f

Since f§ = I'/" we obtain for every fixed & > 0

n—1
hm E |:supZﬁ |AKEPT"? :| =0.

i=k

For the second term, note that if Y,’i’l’ +ln 5 S then

fit1 lit1

(S _ ?p+1.n> (S + Y e pyeptln ) Lyom =0,

sp+1n

so we just need to consider the case Y < S, getting

(S _ th):l—l,n) (S + th):l—l’” 2Y8 ,p+L.n ) IIVUIII

lit
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<2 (S - 2,;::1;1) (S ot ) Livom

Lit1

which includes both cases. We get using Lemma 4
n—1 )
IE |:Sl;p g B ( Y;p:l n) (S Y,Sjﬂ n) 11vu111:|

n—1
=1E[Z/3’ (5= 7o) (s = i) 1}
i=0

5712
B e,p+1.n\+
< Wi 1)[ (022,?1(5 i )” ’

which converges to zero by Lemma 5 by letting n — oo, and then & — 0.
Convergence of last term: First, notice that IVUIl = S > Yf” 1 From the

equation satisfied by ¥>7+"" we have that

Yts,p+l n Yp+1 no_ Ys p+ln Yp+1 n
i+1 tit1 fiy1

_ ;f(ti’ Yfapn Z;Ei,p,n) n \}_Za olngn ARSI
which implies
(Y:f:Hn - tpj;l Mivou
< (S = T i = 1 =2 T

\/_ t;

1
e,p+l,n
Z Cl+1 1IVUII

~ 1
1,n

1 1
1, 1,
<|S- Y,p:’l "|17/17++11-'t<5 + ;”f”oo fzf P Dvon
2 1
= ;”f”oo fzf b " Lo

where the last inequality follows from Lemma 4. Then

Zﬁt ( s+[17+1 n Yp+1 n) AKE ,p+1, nlIVUII
2||f||oo . i A & p+1, . i 1 Ze,p+1n A e ptl, n
=== ; BAKSPI g i ﬁztiw AR "1S>yri,p+l.”g+1.

Using (5.36) we control the first term in this inequality. So we need to control

E[sum@n—u],
k
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where @, = Y% 0[3’ ZEPAREP T pepnal?,. Using BDG  inequalities we
obtain that '

E [sup|®n - @A} <E [sup|®,1| T |®k|} <2 [sup|@k|}
k k k

0i 1/2
SC]E (Zﬂ I:ZEP-H nAKSI’+1 ”] )
n

i=0

1. 172 | N 172
<Cl|E| - Zs,p+1,n 2 E —(S — Ys,[H»l,n +
= ( |:n g[ 4 | sip ns( . )

In the last inequality, the first term is uniformly bounded and the second converges
to 0 according to Lemma 5. d

We now prove the induction step. Let k = 0 in (5.34), and taking expectation
we obtain (recall that A < 0)

ﬂ n—l1 " 2K2 1 B n—l
El = i|AZEPTn 2 “E i fIApS P2 AZEPM2
(2n§ﬂ| =), gﬁ{lv, *+ Az
n—1 ) .
+ B (Z B (1zrr P — AT ’"|2))
i=0

2K* 1 " 1
< (22 4 - AvSP2 L~ AZEPn2
= (% +2>ﬁ< (supm P Tz, |>)
n—1 )
+ BE (Z B (lwzrep - |Avfﬁi*""|2))
i=0
This inequality, Lemma 6 and the induction hypothesis %If show that

1 n—1
lim lim —IE (Z BIAZSTH ) =0. (5.37)
n

e—>0n—o0 Py

In the inequality (5.34), we take supremum and expectation to get
k g, p+1, n ﬁ A i g,p+1,n|2
Supﬁ |Avg +ZZ/3|AZ,- |
i=0

2K2 1 ﬁ !l i £,p,n|2 &,p,n|2
_< " +2);IE<Z.B {|Avi I”+|AZ; |}

i=0

n—1
+ BE (Z B 1z |Avf:i“'"|2))

i=0

2
+ \/[i (supZﬁA eptln g zertln 7+1) (5.38)
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Let us study the last term in the previous inequality. We use again BDG inequality
to get the upper bound

Zﬁ = 1 1
_]E Su Avs [7+ nAZS 1)+ nen
\/— ( kp ,212 ﬁ i+1

1
2

2ﬁ 2j e, p+1 n &,p+1,n
< C—2=E ! AZ>
=c (Zb’ (Ao ] )

i=0

1
2

1=
<2CPIE Sup [gk/2|Avs N2SH " <_ Z ﬁl[AZf’pH’”]z)
iz

§2Cﬁ<IE<supﬁk|Av”+l”| )) ( (1"21;3 [AZSPHh") ))

We use the inequality 2xy < ux* + in, for any u > 0, which gives

Zﬁ A 1, 1
—IE | su Avp P Azeren
\/— ( kP;ﬁ t+1

< Cﬁ'uIE <Supﬁk|AUZ‘»P+l n| ) + %ﬂIE ( ZB AZ& p+1, n] )
k

Choose, now, a small y > 0 such that Cfu < 3, which gives in 5.38

1 2K2 1 n—1 )
3 (suppiao ) = (54 5) D (S (a0 lazeo
2 k n 2)n \i%
n—1 ) y
+ ﬁE (Z ﬁl ( Uts+117+1 n|2 |A ;9+;I+ n| ))
i=0
C
:B Z ﬁ [AZF ,p+1, n]
U
Again Lemma 6, the induction hypothesis #, and 5.37 show that
fim fim I <sup [3"|Av§”’“’”|2) 0.
e—>0 n—o0 k

which finally shows 7, |
The only thing left to show is how to choose ¢. This is done by imposing that

407 K?
A:(l—ehr )50
n
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Set M* := 4K? and let us take n large enough such that % < 1. With such a choice

we need
M*
Ezexp(—nln (1— ))
n

Since exp (—nIn (1 — &) tends to exp(M*) as n tends to oo, we may choose ¢ :=
exp(1 + M*). Now note that our choice of £ does not depend on &, p, n and the
theorem is proved. O

6. Notations

1. (Y, Z, K) denotes the unique solution of a RBSDE with coefficients (&, f, W).
Equation (1.1).

2. (Y®, Z%) denotes the penalization of a RBSDE, the unique solution of a BSDE

with coefficients (&, f, W). Equation (3.3).

(Y#=?, Z>?) Picard iteration for a Penalization BSDE (Y?, Z¢). Equation (3.8).

4. (yer,z=" K*") denotes the unique solution of a discrete RBSDE with
coefficients (£", f, W"). Equation (3.11).

5. (Y&, Z#>") denotes the penalization of the unique solution of a discrete BSDE
with coeffcients (&, f, W") Equation (3.12).

6. (Y=rn, Z&P") denotes the Picard iteration procedure for a penalization discrete
BSDE (Y#e", Z#="). Equation (3.16).

7. (Y",Y", Z", K") denotes the two step scheme given by Ma and Zhang in [27], in
the contex of the random walk. See Equations (5.24)(5.25).

8. (Y»", ZP") is the Picard iteration for the process (Y", Z") given in formula (5.24).

9. (¥or+h, zortt KPP denotes the Modified Picard’s iteration procedure for
a penalization discrete BSDE (Y*>", Z*>"), Equation (3.16). See (5.26).

(9%)

7. Appendix

In this Appendix, we prove the convergence for the Picard method associated to the
Ma and Zhang procedure, in the discrete setting. This is the aim on the next lemma.

Lemma 7. Let K the lipschitz constant of f and 0 <y < 1 any fixed number. Take
A large enough such that 32K*/A <y < 1 and ny = ny(A) > 4A such that for all t €

[0, 1] and all n = n,
I 4. 4A\"
= <{1-— .
= (-5)

Then, for all n > n, the Picard iteration satisfies for all p > 2 the contraction property
I[(Frete, zretny — (vre, Zem||[P < oll| (P, 20y — (0, ze I

where the norm |||.||| is defined by

12
1
Y, 2) ]| == {— > SME[Y, [P+ IZt,.Iz]} , (7.39)

0<;<1
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Proof. Let us recall that for i < n — 1 we have

- - Lo L
Yzi)“'l’” = Y,T]—l’” VS + ;f (ti, Yszv Zf:,n> B \/_Zf)-H " 1n+17 (7'40)
where Y7 = &,

We denote Ay’ := th%n -, AT = Zi?“ =77 As lp:ll = Y’p:l i
Y[ v S and Aff = fn, VI, 20 — f, VOV 2.

From Equation (7.40), we have that:

1
1 +1 e,pt+ln
ASf:l = Ayp Afp + 7AZ P l+1

from which we deduce that

1 1
1 1 S P Sn
A = AT+ S AfP P 4 —AZPr P

2 1 & 1,nen 2 & 1,n
fAy’” AZPITG = S AFTAZETTG

Taking expectations in the previous equality and using the inequality |y, V S — y, V
SI> < Iy = »?, yields

2
— ZAYTAST +
i fi +

i+1

i+1

1 it - 11 2
B [P Lazer P | = B [l ] - (P + 2 [ 0]

i+1

r 1 2
<E |Ayy+1|2 + ;IE [Ay{)HAf,-p]

- 1 44 4
< E[IA5P] + = E[1a P + S E[Iaf].
(7.41)

Here, we have used the inequality ab < 2(Aa + b/A). In particular, we obtain
4
OE |18y P] < { (15 P ]+ B [|Af,-”|2]} :
n

where 0 = (1 — #4). Iterating this inequality, we get for all i

n—1
o ’IE[|Ay”“| ] <> ZH" U [|Af7P]. (7.42)

Jj=i
Summing up this inequalities we obtain

n n—1

4
ZH l]E I:lAprrl ] A_ Z —j— I]E[lAfjp|2]

i=0 i=0 j=i

n—1

Z@ TE[|IAf7P] 301

i<j
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IA

4 n—1 )
a0 5 ElSIT

8k2 n—1
—29 TE[|AY]P +1AZ])P].

IA

Again from (7.41), we deduce that

—i

0 e,ptln2 —i P12 4 —i P2
—E A7) < 07 [|a | + 0 E[IAf ).

i+1

If we use 7.42, for i + 1, we have

3

v ] 2 5 S 0Bl

and then

) 4 "= 1
OE[IAZIP] < Y 0E[IAfIP].

_] i
Once more summing up we conclude

i()—"uz [|AZ§‘”+1’”|2] < 8%

i=0

07" [|Ay]* + |AZF7],
=0

and therefore

0 [|ay P 4+ azer ] < 1K S g [ayrp 4 jac
> Ay 17+ [AZE Y O0TE[IAY + [z P],

i=0 i=0

Notice that 6" = (1 — 4—A)i = (1 —*)" Since the sequence of functions f,(r) =

n
nt . . . . .
(1 — 24)" converges increasingly to e~*! we obtain that the convergence is uniform.

This implies that for all n > n;, which depends only on A and all ¢ € [0, 1] we have

nt
le—4At < <1 _ 4_A) < e—4AI.
2 n

This implies that

" eptln 32K*
Ze(4Ati)IE |:|Ayip+l|2 + |AZi‘p+1’ |z] = Ze(4At)IE [IAy t |AZ,I-7|2]

i=0 i=0

and the result is proved. |
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Corollary 1. Given y < 1, there exists ny = ny(y) and a finite constant D = D(y) < oo
such that for all p > 1 and n > n,

1 ~ ~ 1
E (; ST TP+ Y|z - z;:ﬁ) <Dy,

;>0 ;>0

Proof. From the previous Lemma it follows that

1 Vp.n yn 1 § : n n

. (Z Z |Y’f) - Y’i |2 + ; |Zf:’ - Zt1|2)
;20 ;>0

P

S (1 - y1/2)2|||(Y2Jl’ ZZ,n) _ (Yl,n, Zl,n)|||2.

On the other hand
[(Y>", z>") — (Y*", Z)|| P

1 ~ ~
< e4AIE |:_ Z |Y3,n _ Yt:,nIZ + |Zt2’n _ Ztli,n|2:| ,

0<r;<1

which is uniformly bounded in n using standard a priori estimates. O

Corollary 2. Given y < 1, there exists ny = ny(y) and a finite constant D = D(y) < oo
such that for all p > 1 and n > n,

~ ~ 1
E (sup ¥ =T+ - Y|z - z:|2> <Dy

1;20 1,20

Proof. Using the recurrence (7.40), we get

~ ~ ~ ~ 1 ~

L,n .n l.n n .n .n
T = Yo = G s < Fpv S + - [fe, 77 70
1
Jn

— f(t, YT ZET I = (2 — 2P

Moreover, it holds

i - i+1

1
|AyP+l —‘IE(ASIH—I—I-—Afip
n

o)

1
< (100314 a7

@7) ,

Iterating this inequality, we get

n

1
Ay < <;Z|Af}’|

j=0
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and from Doob’s inequality, we get finally

1 n
E(sup Ay [?) < 4E <— YA
i niz

The result follows from the previous corollary. |
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