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Abstract: Arica is a coastal city located in northern Chile, in the Atacama Desert. The behavior of
surface temperatures in the city between 1985 and 2019 was studied using Landsat satellite images,
leading to the identification of surface urban heat islands (SUHI), surface urban cold islands (SUCI),
and average temperature zones. The higher intensities of the SUHI reach values of almost 45 ◦C and
the SUCI lower values are below 13 ◦C. From the socioeconomic characterisation of the population
based on indicators retrieved from the 2012 and 2017 population censuses, we identified that during
the study period there was a lower presence of SUHI, but these were linked to spaces of lower
socioeconomic level and, for the most part, would form new urban spaces within the city. On the
other hand, SUCI had a greater spatial presence in the study area and in the urban morphology, being
found mostly in areas of high socioeconomic level and in consolidated spaces with few possibilities
of generating new constructions.

Keywords: Arica; Landsat; desert; socioeconomic level; surface temperature; urban climate; ur-
ban segregation

1. Introduction

Urbanization processes have been established as one of the major territorial expres-
sions since the late seventeenth century [1]. However, it was not until the second half of the
20th century that this reality became apparent outside metropolitan areas and large cities
in Latin America and the Caribbean [2]. While 50% of the planet’s inhabitants live in cities,
in this macro-region, this percentage increases to 79.5%, with inhabitants living between
large and medium-sized cities [3] that may be subjected to different tropical, desert, or
temperate climates [4].

Urban areas and their subsequent evolution have gradually modified space, in turn
modifying the natural energetic and hydrological exchanges [5]. This is mainly materialized
in the spatial elements and conditions [6] determined initially by geographic location and
atmospheric conditions [7], generating a new urban climate and implying a local climate
modification. This phenomenon is known as the urban heat island (UHI), which has been
documented worldwide [8,9]. The high number of studies to date can mainly be attributed
to the development of remote sensing as a method of analysis. This method has provided
a wide range of data not limited to meteorological stations and/or mobile transects [7],
and also allowing the estimation of land surfaces temperatures (LST), from which surface
urban heat islands (SUHI) can be identified.

The behavior of LST becomes a key variable in defining the thermal regime of urban
areas as it can be considered a proxy for the thermal infrared energy radiated from the
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surface to the atmosphere, which ultimately influences the planetary boundary layer
temperature and thermal comfort [10,11]. Although this approach has been extensively
developed in different geographic locations, the literature has rarely focused on arid or
hyper-arid zones [6], even though they are immersed in the same processes of local climate
modification or environmental change.

In cities located in desert environments, it has been observed that the thermal be-
haviour of urban areas presents lower temperatures than the surrounding rural areas [7].
In contrast, in other climatic zones, unplanned anthropogenic interference, depending on
spatial arrangements, generates an inverse temperature relationship [12]. Similarly, it has
been found that, in these areas, the higher presence of vegetation in the urban areas tends
to mitigate SUHI, identified as surface urban cold islands (SUCI).

Although heat waves affect entire cities, entire metropolitan areas, or larger regions,
their intensity is spatially variable, causing differential effects on neighborhoods [13,14].
This situation is especially critical in cities where the location of neighborhoods, the type of
building structure, density, and the availability of green areas depend on socioeconomic
factors. Following this statement, the literature on climate justice has shown how the spatial
distribution of temperatures is not evenly distributed among city dwellers, but is associated
with socioeconomic, racial, land use, and demographic factors [15]. This situation can
be understood as a problem of “thermal inequity,” in which the most vulnerable and
oppressed sectors suffer disproportionately from the effects of temperature [16]. Latin
American cities provide a good example of this. They are affected by a very high degree of
segregation [17], and the SUHI phenomenon affects the urban population in a differentiated
manner, showing an intra-city variation that may lead to a differential impact of urban
heat stress on different demographic groups [18]. Land use and land cover patterns
are strongly related to the population distribution and socioeconomic levels, directly
affecting the distribution of SUHI [19]. It has been demonstrated that one of the most
important contributors to SUHI variability is the vegetation density, which in desert cities,
such as those in Northern Chile, is strongly correlated with family income-level due to
its high irrigation rates [20]. Other socioeconomic variables affect the SUHI intensity
through changes in the physical environment, but their influence is less important than
landscape [21]. Moreover, more impoverished neighborhoods show no critical resources
(such as thermal comfort) disposal in their physical and social environments to help them
deal with extreme events associated with high temperatures [22].

The city of Arica in Northern Chile is located in a coastal desert environment at 18◦ S
and covers an area of 47.82 km2. It exhibits a BWh coastal desert climate type according
to the Köppen-Geiger classification [23], with an average annual temperature of 18 ◦C. Its
location gives it some climatic particularities (Figure 1) representative of its latitude and its
immediate spatial relationship with the Atacama Desert, the Andes Mountains, and the
South Pacific Anticyclone. These factors condition precipitation during the summer period
(from December to March) which does not exceed 1 mm annually and frequent stratiform
cloudiness during the winter period [24]. The city of Arica is inhabited by 221,364 people,
which corresponds to 97.9% of the Arica y Parinacota region’s population [25], a medium-
sized city according to the classification of the Housing and Urbanism Ministry [26].

In this context, the importance of observing the thermal behavior of temperatures in
urban areas of medium-sized cities is recognized since, in northern Chile, cities concentrate
a large percentage of the regional population. Thus, this work aims to analyze the behavior
of the surface urban heat island in the city of Arica, and to evidence that the areas with the
highest intensity of the UHI affect the lowest socioeconomic level population, while the
population with the highest socioeconomic level is affected by lower intensities of the UHI.
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Figure 1. Location of the study area.

2. Materials and Methods
2.1. Satellite Images

We used 234 satellite images from the Landsat 4, 5, 7, and 8 missions, without cloud
cover in the study area between 1985 and 2019, of which 182 correspond to summer-autumn
seasons (warm) and 32 to winter-spring seasons (cold). The 86 Landsat 7 satellite images
were restored [27]. The transformation of radiometric information to LST was developed
for the TM (Landsat 4–5) and ETM+ (Landsat 7) sensors [28], and for the TIRS (Landsat
8) sensor [29,30]. The vegetation was determined using the well-known Normalized
Difference Vegetation Index (NDVI). All the satellite images were processed considering
series for the warm and cold seasons (Supplementary Table S1).

We calculated the annual averages for both warm and cold seasons of the LSTs for the
study period and established a reclassification into three categories: (1) low temperatures
or SUCI (12.6–28.3 ◦C), (2) average temperatures (28.3–32.7 ◦C), and (3) high temperatures
or SUHI (32.7–44.97 ◦C); for both warm and cold seasons. These categories were obtained
by adding and subtracting the average of the standard deviation to the average tempera-
ture (30.5 ◦C), thus establishing the low and high thresholds of the average temperature.
Extreme temperatures were obtained from the minimum and maximum temperatures
recorded in the series of annual averages. Finally, 32 representative years of the research
data series were obtained, leaving out the years 1987, 1994, and 1997 because they had only
one base image or did not reach the temperature to identify SUHI. We also observed the
urban concentration in the annual averages of SUHI, SUCI, and average surface tempera-
ture, which is understood as the identification of the perimeter of the urban stain within
the study area, to relate both the constant of the identification of the surface temperature
classification and the evolution of the urban soil of the city.
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2.2. Socioeconomic Characterization of the Population in the Urban Area

The socioeconomic information of the population for the city of Arica is available
in the Socioeconomic Dimension of the Territorial Intelligence Center (CIT) at www.
bienestarterritorial.cl (accessed 19 June 2020), spatialized at the level of The National
Statistics Institute (INE for its Spanish acronym) census blocks, allowing scaling to different
parameters of spatial understanding, such as: neighborhood units, districts, communes,
and cities (CIT 2020). These data allow for a territorial welfare index (TWi) of different
Chilean cities to be calculated according to official data from 2012 and 2017. This builds a
multidimensional approximation of urban habitats, contributing to the characterization
of various cities in Chile, weighing the problems of omission of information from the
2012 census. The dimensions, defined through the calculation of the different indicators
(Table 1), deliver information that is normalized from 0 to 1 at the block level, i.e., the
block with the best weighting has a value of 1 and the one with the lowest values has a
value of 0.1. Blocks with a value of 0 were not considered in this study because they were
no-information blocks.

Table 1. Indicators and variables considered for calculating the socioeconomic dimension.

Indicators 2012 Description Indicators 2017 Description

Socioeconomic level Census 2012 housing, household,
and breadwinner variables. Housing quality

Synthetic variable of all housing
materials, by means of a linear

average of 3 sub-indicators (walls,
floors, and ceilings).

Dispersion
concentration

From the SEL, homogeneity or
socioeconomic heterogeneity

observed within a 300 m radius
around each block was calculated

by calculating the standard
deviation of the SEL centile.

Housing sufficiency

Number of dwellings in overcrowded
conditions and number of dwellings
in severely overcrowded conditions.
Overcrowded dwellings correspond

to those with between 2.5 and
4.9 persons per bedroom.

Schooling of head of
household

Corresponds to the average number
of years of study of the heads of
household within a city block.

Household resilience
Is the additive inverse of the
proportion of single-parent
households within a block.

Employment

Proportion of the working population
with employment, with respect to the

total number of people able and
willing to work in each block.

Youth participation in
employment and study

Proportion of the participation of
young people between 14 and

24 years old who work or study with
respect to the total number of people

in this age segment in the block.

We classified the data through 3 ranges: (1) a low socioeconomic classification consid-
ering TWi values between 0.1 and 0.4; (2) an average socioeconomic classification with TWi
values between 0.5 and 0.7; and (3) a high socioeconomic classification consisting of TWi
values between 0.8 and 1.

INE’s census districts have an operational character to include the country’s munici-
palities in a sectorized way and thus generate the census data collection. Particularly, in
Arica, there are nineteen census districts (Table 2), of which only sixteen are located in the
blocks that are within the spatial cover area of the socioeconomic dimension.

www.bienestarterritorial.cl
www.bienestarterritorial.cl
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Table 2. Arica census districts.

District Number Name Used (Y/N) District Number Name Used (Y/N)

01 Puerto Y 11 Condell Y
02 Regimiento Y 12 Fuerte Ciudadela Y
03 Chinchorro Y 13 Chaca N
04 San José Y 14 El Morro Y
05 Población Chile Y 15 Chacalluta N
06 Azapa Y 16 Molinos N
07 José Manuel Balmaceda Y 17 Pedro Blanquier Y
08 Carlos Dittborn Y 18 Cancha Rayada Y
09 Parque Lauca Y 19 Las Torres Y
10 José Miguel Carrera Y

2.3. Data Integration

We displayed two different layers to visualize their spatial crossing: (1) a raster file
with the spatial distribution of the study area, where the SUHI, mean temperatures sectors,
and SUCI for the period 1985–2019 are identified; and (2) a vector file of the socioeconomic
classification with the blocks of the TWi ranges 0.1–0.4 (low) and 0.8–1 (high). We analyzed
the data crossing according to the interception of temperatures and the number of blocks
in the selected ranges. Finally, according to the socioeconomic classification, we identified
the urban sectors where they are located. According to this exercise, to complement the
information acquired through the GIS work, new information was generated in a vector
file format, generating polygons that represent the analyzed blocks and other polygons
that symbolize the spatialization of SUHI and SUCI. These files were exported to a mobile
device to be visualized. By means of this, the distribution of the analyzed areas was
supervised in the field, looking for representative photographic capture points to evidence
and incorporate the spatial diversity of the areas identified in the crossing of variables, thus
complementing the results obtained.

3. Results
3.1. SUHI and SUCI Location

The greatest presence of SUHI was found in 1987, covering 29.23 km2 (63.1%) of
the study area. On the other hand, SUCI corresponds to 1.94 km2 (4.2%). This year, the
urban concentration, or urban morphology, covered 16.75 km2, of which 4.52 km2 (27.0%)
corresponded to SUHI and 0.55 km2 (3.3%) to SUCI. The average annual temperature
corresponded to 33.59 ◦C and is represented by two satellite images for the warm period
and one image for the cold period (Figure 2A). For the year 2002, the SUHI extended over
22.55 km2 (48.6%) in the study area, while the SUCI was concentrated over 2.02 km2 (4.4%).
As for the urban concentration, it extended over 20.8 km2, of which 3.77 km2 (18.1%)
corresponded to SUHI and 0.58 km2 (2.8%) to SUCI. The average annual temperature
corresponded to 32.65 ◦C and is represented by five images for the warm period and one
image for the cold period (Figure 2B). In 2003, SUHI had an area of 21.73 km2 (46.9%) in the
study area, while SUCI was concentrated over an area of 1.99 km2 (4.3%). As for the urban
concentration, it extended over 21.05 km2, of which 4.00 km2 (19.0%) corresponded to SUHI
and 0.6 km2 (2.8%) to SUCI. The average annual temperature corresponded to 32.57 ◦C,
with eight satellite images, where six corresponded to the warm period and two to the cold
seasons (Figure 2C). For 2013, 28.70 km2 (61.9%) of the study area consisted of SUHI, while
SUCI corresponded to 1.75 km2 (3.8%). Regarding the urban morphology, it extended
over 23.02 km2, of which 10.59 km2 (46.0%) corresponded to SUHI and 0.5 km2 (2.2%) to
SUCI. The average annual temperature corresponded to 33.12 ◦C and is represented by
seven satellite images for the warm period and three satellite images for the cold period
(Figure 2D). Finally, in 2014, SUHI extended over an area of 16.8 km2 (36.2%) in the study
area, while SUCI was concentrated over 2.12 km2 (4.6%). Regarding urban concentration,
it extended over 23.29 km2, of which 3.83 km2 (16.4%) corresponded to SUHI and 0.66 km2



Atmosphere 2021, 12, 917 6 of 14

(2.9%) to SUCI. The average temperature reached 32.18 ◦C with seven warm period images
and four cold period images (Figure 2E).
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For the year 1990, the SUHI had a covered 0.10 km2 (0.2%), while the SUCI extended
over 29.36 km2 (63.3%). The urban morphology extended over 17.10 km2, where average
temperatures reached 0.34 km2 (2.1%) and SUCI—16.76 km2 (97.9%). The average tempera-
ture corresponded to 27.38 ◦C, calculated from four warm season images (Figure 3A). The
lowest presence of SUHI was seen in 1991, where it extended over 0.06 km2 (0.1%) of the
study area and SUCI covered 29.28 km2 (63.1%). The urban concentration was equivalent
to 17.56 km2, where 0.27 km2 (1.5%) corresponded to average temperatures and 17.28 km2

(98.4%) to SUCI. The average temperature corresponded to 27.37 ◦C, obtained from three
satellite images of the warm season and one of the cold season (Figure 3B). In 1996, SUHI
covered 0.36 km2 (0.8%) of the area, while the SUCI was concentrated over 22.44 km2

(48.4%). Regarding the urban concentration of Arica, this is equivalent to 18.42 km2 which



Atmosphere 2021, 12, 917 7 of 14

had no SUHI, and 15.75 km2 (85.52%) of SUCI. However, the average temperature covered
2.67 km2 (14.5%). The mean temperature was 28.47 ◦C calculated from three warm season
images and one cold season image (Figure 3C). One of the lowest presences of SUHI in
the study area was shown in 2001, covering 0.47 km2 (1%) of the area, while SUCI cov-
ered 20.32 km2 (43.8%). Regarding the urban concentration of Arica, this is equivalent to
20.24 km2, of which 0.01 km2 (0.0%) corresponded to SUHI and 14.84 km2 (73.3%) to SUCI.
The average temperature reached 28.71 ◦C, calculated using only six warm season satellite
images (Figure 3D). Finally, in 2006, SUHI covered 0.42 km2 (0.9%) of the area, while SUCI
was concentrated over 20.29 km2 (43.8%). Regarding the urban concentration of Arica, this
is equivalent to 21.84 km2, of which 0.01 km2 (0.0%) corresponded to SUHI and 15.01 km2

(68.8%) to SUCI. The average calculated temperature was 28.7 ◦C, obtained through warm
season images and two cold period images (Figure 3E).
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As a result of the 1985–2019 period average, the SUHI extended over 3.4 km2, the UCI
over 4.6 km2, and the average temperatures over 38.1 km2. Likewise, we recognised the
transformation of the urban morphology with the 1985–2019 comparison with a spatial
difference of 7.9 km2 (Figure 4).
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3.2. Socioeconomic Characterisation of the Urban Population

According to the explained methodology in Section 2.2, we detected 2,456 urban blocks
distributed as follows (Figure 5): the average TWi (range 0.5–0.7) comprises 1797 blocks
(73.2%) with a spatial coverage of 29 km2; secondly, with 435 blocks (17.7%), the low TWi
(range 0.1–0.4) distributed over 4.7 km2; and finally, with 224 (9.1%), the high TWi (range
0.8–1) spanning over 2.5 km2.
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The dispersion of data will be sectorized based on those census districts located in the
study area and with information on socioeconomic ranges, namely Puerto, Regimiento,
Chinchorro, San José, Población Chile, Azapa, José Manuel Balmaceda, Carlos Dittborn,
Parque Lauca, José Miguel Carrera, Condell, Fuerte Ciudadela, El Morro, Pedro Blanquier,
Cancha Rayada, and Las Torres (Figure 6).

Atmosphere 2021, 12, x FOR PEER REVIEW 10 of 15 
 

 

Dittborn, Parque Lauca, José Miguel Carrera, Condell, Fuerte Ciudadela, El Morro, Pedro 
Blanquier, Cancha Rayada, and Las Torres (Figure 6). 

 
Figure 6. Distribution of socioeconomic ranks in Arica, according to their location in urban sectors. 

The spatial distribution of low TWi, which represents those blocks with a low socio-
economic classification, shows that the most significant amount of data was found in the 
urban sectors of Cancha Rayada with eighty-nine blocks and 0.7 km2, Pedro Blanquier 
with fifty-nine blocks distributed over 0.4 km2, and Fuerte Ciudadela with fifty census 
blocks totalling 0.8 km2. On the other hand, the lowest concentration of data was located 
in the Condell district with four blocks, Chinchorro with two, and Puerto, El Morro, and 
Regimiento with one census block in each sector, with a total of less than 0.01 km2 in these 
five zones. These values are concentrated in the eastern sector of the study area, leaving 
little range data in the western zone (Supplementary Figure S1). Regarding the spatial 
distribution of high TWi, representing the blocks with high socioeconomic classification, 
it can be mentioned that the largest amount of data was found in the urban sectors of 
Carlos Dittborn with sixty blocks and 0.5 km2, Chinchorro with fifty-two blocks distrib-
uted over 0.3 km2, and Fuerte Ciudadela with twenty-eight census blocks adding up to 
0.1 km2. On the other hand, the lowest concentration of data was located in the Condell 
districts with three blocks distributed over 0.4 km2, Población Chile with two blocks, and 
Parque Lauca with one census block, both over less than 0.01 km2. Contrary to the previ-
ous case, the highest concentration of data occurred in the southwestern and southeastern 
areas of the city and to a lesser extent in the northern part of the city (Supplementary 
Figure S2). 

By crossing the variables of the average of the study period and the spatial distribu-
tion of the low and high TWi, the presence of SUHI and SUCI with the aforementioned 
ranges was generated (Figure 7). In this context, Table 3 shows the ranges and distribution 
of SUHI, average temperatures, and SUCI. For the analysis of the period with the crossing 
of the socioeconomic categorizations, there are more spatial intercepts between the ranks 
and the SUCI than with the SUHI. Likewise, there is a greater presence of SUCI within the 
urban morphology, as well as in the study area in general. 

Figure 6. Distribution of socioeconomic ranks in Arica, according to their location in urban sectors.

The spatial distribution of low TWi, which represents those blocks with a low socioe-
conomic classification, shows that the most significant amount of data was found in the
urban sectors of Cancha Rayada with eighty-nine blocks and 0.7 km2, Pedro Blanquier
with fifty-nine blocks distributed over 0.4 km2, and Fuerte Ciudadela with fifty census
blocks totalling 0.8 km2. On the other hand, the lowest concentration of data was located
in the Condell district with four blocks, Chinchorro with two, and Puerto, El Morro, and
Regimiento with one census block in each sector, with a total of less than 0.01 km2 in these
five zones. These values are concentrated in the eastern sector of the study area, leaving
little range data in the western zone (Supplementary Figure S1). Regarding the spatial
distribution of high TWi, representing the blocks with high socioeconomic classification, it
can be mentioned that the largest amount of data was found in the urban sectors of Carlos
Dittborn with sixty blocks and 0.5 km2, Chinchorro with fifty-two blocks distributed over
0.3 km2, and Fuerte Ciudadela with twenty-eight census blocks adding up to 0.1 km2. On
the other hand, the lowest concentration of data was located in the Condell districts with
three blocks distributed over 0.4 km2, Población Chile with two blocks, and Parque Lauca
with one census block, both over less than 0.01 km2. Contrary to the previous case, the
highest concentration of data occurred in the southwestern and southeastern areas of the
city and to a lesser extent in the northern part of the city (Supplementary Figure S2).

By crossing the variables of the average of the study period and the spatial distribution
of the low and high TWi, the presence of SUHI and SUCI with the aforementioned ranges
was generated (Figure 7). In this context, Table 3 shows the ranges and distribution of
SUHI, average temperatures, and SUCI. For the analysis of the period with the crossing
of the socioeconomic categorizations, there are more spatial intercepts between the ranks
and the SUCI than with the SUHI. Likewise, there is a greater presence of SUCI within the
urban morphology, as well as in the study area in general.
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Table 3. Distribution of surface temperatures by socioeconomic range.

TWi Range Low High

SUHI (km2) 4.0 2.0
Average temperatures (km2) 42.9 18.3

SUCI (km2) 2.0 39.0

4. Discussion

Considering a study period of 35 years includes analyzing the spatial dynamics for
both the distribution of the climate effect and the transformation of urban concentrations
or morphology in the study area. As can be seen in the comparison of urban morphology
between 1985 and 2019, with an increase in urban land of 7.9 km2, with a predominance of
expansion towards the north, a change in the distribution of SUHI/SUCI can be observed.
Surface temperature is unevenly distributed according to socioeconomic distribution: the
districts Puerto, Regimiento, Chinchorro, Azapa, Carlos Dittborn, Condell, and El Morro
have a higher socioeconomic classification, while the urban sectors San José, Población
Chile, José Manuel Balmaceda, Parque Lauca, José Miguel Carrera, Fuerte Ciudadela,
Pedro Blanquier, Cancha Rayada, and Las Torres have a lower socioeconomic classification.
This expansion zone tends to contain the greatest presence of SUHI outside the urban
morphology, i.e., in places where there are areas of wasteland devoid of urban coverage.
This finding coincides with the results presented by Romero [17], where this configuration
resulting from the urban climate is generated from inadvertent and intentional transforma-
tions introduced on the regional and local base climates. This configuration is characterized
by its intertropical location where solar radiation is more or less homogeneous throughout
the year, in addition to being subjected to a constant influence of the Pacific Ocean.

Through the identification of the SUHI, we generated additional knowledge in the
study area, which allows us to understand the spatial relationships presented by a given
place and, as concluded through the analysis of the local climate zones in Hong Kong and
Guangzhou led by Chen et al. [31], to determine the need to generate a new understanding
of space to facilitate the development of spatial strategies to improve urban thermal condi-
tions. In this sense, we also obtained other elements to understand the urban climatology
of Arica, such as SUCI and average temperatures. Both urban islands are inversely related,
i.e., when there is a greater presence of one, the other is present to a lesser extent.
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The SUHI values of our study correspond to those obtained for the UCI calculated
by Henríquez et al. [32] through a modification of the formula proposed by Oke [5] using
data from the present period (1990–2010) published in the Climate Risk Atlas of Chile
(ARClim—arclim.mma.gob.cl, accessed 12 May 2021), where Arica is among those with
the UCI highest intensity. In this same study, an increase in the SUHI was projected for the
future scenario (2035–2065), reaching a value of 5.11 ◦C. In addition, some studies have
estimated that the energy demand for cooling will increase between 2% and 4% for every
1 ◦C increase in the maximum daily temperature, above a threshold between 15◦C and
20 ◦C [33]. For its part, according to the estimates of the Department of Energy of the
United States, 10 billion dollars are spent annually on energy for cooling to alleviate the
heat island effect [34]. According to our results, only some areas of the city are affected by
SUHI, and consequently the effects on the health and welfare of the population as well
as their need to access cooling mechanisms are also heterogeneous and will intensify in
the future.

Studies developed in Madrid [35] have determined that the vulnerable population is
located in warmer areas, leading people living in these areas to be more prone to developing
health problems, especially in risk groups, in addition to having greater exposure to extreme
events. According to these findings, Chakraborty et al. [18] concluded that the population
characterized by a lower socioeconomic level was more likely to suffer from diseases and
live-in housing with structural deficiencies than those with a higher socioeconomic level.
In other words, regardless of whether this relationship depends on their attributes or their
spatial context, the lower socioeconomic ranks are more exposed to the imbalances of urban
spaces. It can be pointed out that the spatial relationships found in Arica follow these
postulates, since there is a direct relationship between the SUHI and the low socioeconomic
ranks, and another between the SUCI and the high socioeconomic ranks. In a binary
distribution, the sectors with the highest socioeconomic classification are the districts of
Puerto, Regimiento, Chinchorro, Azapa, Carlos Dittborn, Condell, and El Morro, and by
lower socioeconomic classification, San José, Población Chile, José Manuel Balmaceda,
Parque Lauca, José Miguel Carrera, Fuerte Ciudadela, Pedro Blanquier, Cancha Rayada,
and Las Torres.

Extensively, regardless of the number of blocks in the low TWi, SUHI intercepts 50%
more in sectors of lower socioeconomic classification than in the high TWi. However, the
IFUs are mostly spatialized in the urban concentration, intercepting mostly in areas of
higher socioeconomic classification, with 95% more blocks in the high than in the low TWi.

Although Arica represents one of the cities with a lower socioeconomic segregation,
given the relationship of surface temperatures with the analyzed ranges, a similarity
with the study of Smith and Henriquez [36], which indicated that high-income areas
have a better climate and environment, was noted. According to this finding, the spatial
relationship represented in Arica is like that of the national reality, where urban climates
are part of the landscape mosaic [18], which in its interior harbors or represents deep social
inequalities [17]. In this sense and comparing with what happens in another mid-sized
city such as Chillán, inhabitants of low socioeconomic status categories do not have the
resources to mitigate thermal discomfort, unless this is provided by public spaces, while
private sectors have access to high-quality public spaces. This relationship provides clear
evidence of environmental injustice [36]. Besides, most of the studies in Chile have focused
on locations where UHI are characterized by their Mediterranean conditions, and hence, a
traditional study of the thermal difference between urbanization and rurality. More studies
should be conducted to better understand the overall UHI phenomenon, e.g., in Dubai [9],
also investigating surface UHI and boundary UHI to cover different scales of research.
Moreover, the coastal desert location of Arica, where the marine breeze interacts with the
circulation of the UHI, inhibits the advection of warm air, so the city stays cooler [37]. This
phenomenon has also been observed in cities in Asia, Oceania, and the Middle East [6].

Likewise, it is important to highlight the areas identified as new urban areas within the
current concentration of the city [13]. However, a few of them are located with the presence
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of SUHI in a block of low socioeconomic classification, while only one is located in the area
of SUCI, with a high socioeconomic classification. It should be noted that, according to
several authors, planning the urban structure and morphology, in relation to buildings,
construction materials, and the availability of green areas, would reduce the causes of
potential problems associated with thermal exposure [14,18,22,31] in the context of the
spatial inequality that cities present [3,36], in addition to incorporating the prevention and
mitigation of the intensification of the effects of climate change in cities [38].

5. Conclusions

Our study provides substantial data to the body of literature on climate justice and
thermal inequity. The results contribute to generating a basis for understanding the
behaviour of surface temperatures in the city of Arica, as well as the distribution of
SUHI and SUCI in the study area. Results show how, in the city of Arica, temperature is
unevenly distributed according to socioeconomic factors. Regarding the socioeconomic
distribution, it is understood that the districts Puerto, Regimiento, Chinchorro, Azapa,
Carlos Dittborn, Condell, and El Morro have a higher socioeconomic classification, while
the urban sectors San José, Población Chile, José Manuel Balmaceda, Parque Lauca, José
Miguel Carrera, Fuerte Ciudadela, Pedro Blanquier, Cancha Rayada, and Las Torres have a
lower socioeconomic classification.

Through the linkage of both variables, we determined that, in the study period, there
was a lower presence of SUHI, but these were linked to spaces of lower socioeconomic
classification and, for the most part, would form new urban spaces within the city. On
the other hand, SUCI had a greater spatial presence in the study area and in the urban
morphology, being found mostly in areas of high socioeconomic classification and in
consolidated spaces with few possibilities of generating new constructions. This finding
shows a climate gap, where the adverse effects of climate change are distributed unevenly
among individuals according to their socioeconomic status.

Eventually, if this study is developed in other localities, whether Chilean or Latin
American, it would be an important point of contrast to determine if this situation is
replicated in different places and to identify whether this parameter is common or not.
From this basic research, new studies can be undertaken to contribute to the increase
of scientific knowledge in the city of Arica: developing the spatial relationship between
climate quality indicators and/or the distribution of climate justice in the city. This type
of research reaffirms that thermal inequality is at the center of environmental justice
problems. The fact that economically disadvantaged people face the effects of climate
change unequally should motivate the extension of this type of basic research to other cities
in the region to spatially relate climate quality to socioeconomic factors or other forms of
discrimination (such as those based on race and ethnicity). In addition, this type of study
can inform city planning and the design of heat mitigation strategies of the adverse effects
in the context of climate change.

These results are based exclusively on data provided by Landsat satellite images.
In future stages, it will be interesting to consider in-situ measurements in the inside of
different buildings or houses of different socioeconomic levels to contrast these findings
with those presented in this work.

Supplementary Materials: The following are available online at https://www.mdpi.com/article/10
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