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Abstract: Revenge travel has globally emerged as a dominant touristic behavior, signaling a rapid
return of global tourism, but with a greater temptation for spending more and staying longer. Despite
the expanding focus on global sustainable tourism, there is a lack of empirical evidence on the
potential factors that build momentum for revenge travel. The aim of the present study was to
develop and test a conceptualized model of revenge travel under the influence of pandemic fatigue,
COVID-19-branded destination safety, and travel stimulus incentives. Drawing on the study data of
international expats (N = 422) and using covariance-based structural equation modeling (CB-SEM),
the findings provide new evidence that revenge travel is significantly and positively influenced
by pandemic fatigue. Interestingly, the empirical findings also support two positive moderations,
highlighting that COVID-19-branded destination safety (CBDS) and travel stimulus incentives (TI)
can significantly increase the impact of pandemic fatigue (PF) on revenge travel (RT). Based on
prominent theories (i.e., theory of planned behavior, protection motivation theory, and incentive
theory of motivation) and newly developed scales (i.e., RT, CBDS, and TI), the study highlights the
dynamics of revenge travel as it sets the stage for global tourism to rebound stronger than ever. The
implications include new challenges and ways forward through revenge travel as a stepping stone
for global sustainable tourism.

Keywords: revenge travel; global sustainable tourism; pandemic fatigue; COVID-19-branded desti-
nation safety; travel stimulus incentives; theory of planned behavior; protection motivation theory;
incentive theory of motivation

1. Introduction

The global tourism industry’s sustainable future has been challenged by the COVID-19
pandemic, which has endangered the wellness and lives of tens of thousands of individuals
globally. Despite the pandemic initially being associated with Eastern Asian countries, it
has had a disproportionate impact, especially on the underprivileged and less developed
nations. Therefore, the pandemic forced many governments to face and deal with serious
risks [1] and implement various countermeasures (e.g., restrictions on social activities,
travel, and tourism, etc.). Eventually, global tourism nearly came to a halt, parallel to other
industries, at a level that has not occurred since the second world war. Even domestic
traveling ceased in some countries to prevent the spread of the pandemic [2]. These
developments have urged families and individuals to explore alternative and safer tourism
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options, which led to the birth of revenge travel [3]. Revenge travel characterizes a recent
tourism behavior where individuals travel to escape from the psychological pressure, daily
routines, and rules that resulted from the pandemic. The tendency to participate in RT has
also accelerated due to long-prolonged lockdowns, curfews, and strictly applied health
measures [4]. After following a repetitive routine of staying indoors and being unable to
roam outside, most people wanted to make up for the lost time and relieve pandemic fatigue
by rushing toward local and international tourism destinations [5]. In particular, despite
the shrinkage by 38% in 2020, the European tourism industry has experienced a sudden
growth of more than 32% in 2021. These developments have altered tourism behavior,
where revenge travelers’ motivations could differ from those before the pandemic [6].

Revenge travelers’ choices are influenced by many factors, including COVID-19-
branded destination safety (CBDS) and travel incentives (TI) offered by the destinations.
CBDS is a marketing practice to promote tourism destinations as safe havens from the risks
of the pandemic, which ultimately lures away travelers from other competitive destinations.
Thus, destinations implementing CBDS strategies are expected to receive a higher number
of tourists than other tourism spots, as it occurred in the case of New Zealand [7]. Similarly,
implementing travel incentives can be helpful in attracting tourists and providing an initial
boost and recovery to the industry. For instance, some well-known destinations, including
Japan, Italy, Cyprus, and the Maldives, have recently relied on travel incentive programs
that are tailored to meet the current pandemic situations [8]. Global tourism is highly
influenced by the traveling habits and assessment of foreigners living abroad. Owing to
a substantial 3.2% of the world’s population [9,10], foreign diasporas (i.e., global expats)
play a vital role in redefining destinations as international attraction centers. Furthermore,
the fact that expats are considered reliable sources of information has turned expats into
invaluable partners in destinations’ international branding efforts [11]. The expats’ key role
is even amplified for developing countries that are mostly associated with political turmoil
and armed conflicts [12,13]. As an emerging economy that has recently suffered from
political conflicts, Pakistan was still ranked among the top tourism destinations in 2020 by
top-tier travel magazines and bloggers (e.g., The British Backpacker Society, and Forbes,
etc.) before the pandemic outbreak [14–18]. However, parallel to the rest of the world,
Pakistan also received its share of the deadly virus, and the tourism industry was hit worse
by the pandemic, resulting in a loss equivalent to USD 3.24 billion in the gross domestic
product (GDP) [19]. Due to the government’s effective policies and timely preventive
measures to fight the spread of the pandemic, the country suffered less and recovered
earlier in contrast to the rest of South Asian tourism destinations [20].

Although a plethora of research has recently approached post-pandemic tourism from
different angles [2,21,22], more research on tourism is needed to unveil tourists’ complex
decision-making and behavior during the COVID-19 pandemic [3,22]. Thus, the aim of this
study was to make a novel contribution to the COVID-19 tourism literature by empirically
assessing the interrelationships between the most recent trends (i.e., pandemic fatigue,
travel incentives, revenge travel, and CBDS) that can potentially predict the future of
global tourism [3]. In particular, the present study was an investigation into the relevance
of PF from the lens of tourism marketing literature for the first time. Using dominant
theories (e.g., theory of planned behavior, protection motivation theory, and incentive
theory of motivation) and newly developed scales (i.e., RT, CBDS, and TI), the aim of the
present study was to develop and validate a conceptual model of revenge travel under the
influence of pandemic fatigue, COVID-19-branded destination safety, and travel incentives.
In addition to finding new evidence on the potential impact of PF on RT, the present
study was also aimed at examining whether CBDS and travel incentives can significantly
influence the PF–RT relationship as contextual moderators.
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2. Theoretical Background and Hypothesis Development
2.1. Pandemic Fatigue

As defined by the World Health Organization [23], pandemic fatigue (i.e., a broader
term for lockdown fatigue) is defined as reasonable and predictable reactions of individuals
to lasting and unresolved catastrophes. PF pertains to a sensation of alienation, stress,
and low morale, and it progressively evolves under the impact of many factors, including
personal experiences, culture, social life, and institutions [24]. PF has been scholarly
investigated from different angles, including health, compliance with applied measures,
and so on. [25–28]. Labrague [25] comprehensively illustrated the impact of PF on clinical
nurses’ work satisfaction and mental and cardiovascular health. In another recent study,
MacIntyre et al. [27] suggested that PF is linked with individuals’ age groups, and younger
persons were found to experience more PF.

As stated shortly above, PF impairs people’s emotions and mental health, which leads
to behavioral changes to adapt to the so-called new normal. Therefore, the pandemic
has caused permanent shifts in consumers’ buying behaviors, consumer choices, as well
as business models [29]. In particular, due to perceived uncertainties and prolonged
lockdowns, consumers have developed different patterns to control their emotions and
well-being. For instance, most consumers have become familiar with new websites for
shopping, changed their once most frequented grocery stores, and embraced alternative
consumption patterns [30,31]. PF has brought disruption to economic social activities in
the tourism industry. After long lockdowns, people began to see traveling as an escape
from the daily routines and the psychological burden of the pandemic [32]. Consequently,
PF has changed people’s travel choices, as many people have flocked into distant, rural
locations where they could stay away from the pandemic and spend time in nature [33].

2.2. Revenge Travel

“Revenge travel” is a visitor’s excursion following the COVID-19 epidemic after
months of remaining at home. This tendency can restore tourism with a shock. The notion
of revenge travel emerges from the concept of 1980’s revenge spending in China sparked
by decades of economic paralysis and poverty. Revenge travel is based on the belief that
visitors regard their trip as a vengeance on the pandemic (i.e., reactions fueled by forced
lockdowns, quarantines and social distancing) and to compensate for their lost travel
time [34]. Several studies have been carried out to examine the consequences and causes of
revenge travel [3,35–38]. In a study investigating the feasibility of eco-tourism operations
in Mount Putri Bandung, Indonesia, revenge travel was noted to be affecting the future
of the tourism industry [35]. In particular, by utilizing qualitative approaches for data
collection, the authors revealed that Mount Putri Bandung is an appropriate destination
for RT, as it encourages individuals to get out and appreciate the beauty of nature and the
fresh air at the destination.

In another study, Abdullah [37] identified the general justifications for COVID-19’s
prospective fruitful post-pandemic tourist activities. The results revealed that revenge
travel is quite likely due to the boredom of most individuals. Some informants indicated
they would travel after the pandemic and others said they would travel once a vaccine
had been developed. This study may be employed on current tourism research topics,
in particular, the post-pandemic tourist activities and the effect of COVID-19. Sudjana
et al. [38] conducted research to identify tourists’ enthusiasm in the “revenge travel”
epidemic of COVID-19. The test subjects were individuals dispersed throughout Indonesia,
and a sample of at least 100 participants was used. The results indicated that DI-Yogyakarta,
Labuan Bajo, and Bali were three of the most pursued locations following the epidemic.

2.3. COVID-19-Branded Destination Safety

COVID-19-branded destination safety is the branding of a tourism destination for
COVID-19 safety, and it is a fusion of two concepts, that is, destination branding and
destination safety. Firstly, destination branding defines geographical regions, such as
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tourist attractions, as being brand-centered. It is a matter of placing the destination brand
with a properly defined brand identity attractively, convincingly, and distinctively in the
tourism industry. To tourists, the targeted branding identifies, delineates, and differentiates
a location and conveys its image in its appeal to make it a unique and appealing destination
for travelers. The safety of tourism largely refers to the personal security and safety
of visitors, including the capacity of persons to focus on the foreign surroundings and
understand the local sign systems and social customs, as well as the security of purchasing
and related industries. Several researchers have recently highlighted the significance of
COVID-19-branded destination safety [39–44] to attract international tourism.

During the COVID-19 pandemic, Setiadi et al. [41] assessed the application of the
smart tourism branding idea in Bantul Town, Indonesia. The results revealed that the
evaluation of smart tourism offers an overview of the level of tourist comprehension
and satisfaction during the COVID-19 pandemic. The management of the tourism and
branding identity of the city may also be facilitated and enhanced if the community and city
stakeholders’ synergy plan is properly regulated. Marine-Roig and Huertas [45] conducted
a study through language recognition, frequency analysis, and an online term categorizer
to assess whether online images viewed and shared by more than 150,000 visitors were
negatively affected by the terrorist attack in August 2017 or the Catalan sovereignty process
in Barcelona in the last quarter of 2017. The results demonstrate that, despite the seriousness
and the huge international coverage of both incidents, tourists were not scared for their
safety.

Zou and Meng [43] proposed a conceptual framework of the sense of safety of visitors,
encompassing their expected and experienced security. In this study, we surveyed domestic
visitors who visited Xiamen, China to assess the predicted safety and experience of tourists.
The study was mainly focused on different factors of the expected and experienced safety
of tourists, including safety concerns, tourism environment, services and facilities, regional
culture, and safety data. In general, the experienced security of tourists exceeded their
expectations, and when travelers visited Xiamen, they usually felt safe. To start a larger
conversation about the under-investigated importance of brands in crises, Pasquinelli
et al. [40] offered insight into the relationship between major brand building and the COVID-
19 dilemma. Of specific concern to tourist cities is the shift to more sustainable growth,
although this is not a given. By examining the phases of branding through communication,
participation, and action circuits, branding may provide a lens for observing this possible
shift.

2.4. Travel Incentives

Travel incentives are the different forms of advantages offered or given to tourists by
governments through national tourism policies, tourism business through promotional
offers and discounts, and transportation services through discounted or no fares. The
main objective of implementing travel incentives as a national or business policy is to
attract tourists and provide an initial thrust to the post-pandemic tourism industry by
luring as many visitors as possible [46]. Countries in which the tourism industry acts as a
major contributor to GDP (such as Maldives, Japan, Italy, Cyprus, Canada, UK, etc.) have
adopted different forms of incentive schemes to restart the industry after the COVID-19
pandemic. At first, these incentive schemes might look like an economic loss, but, in
a longer perceptive, luring more and more tourists will contribute toward influencing
consumer behaviors, increased profits, improved cash flows and customer engagement,
and increased tourist flux.

As identified by Singh [8], Sicily (a town in Italy) alone faced a loss of USD 1.09 billion
due to zero tourism during the pandemic. To make up for this loss, the local authorities
have reduced air ticket prices to half and have offered one-night free accommodation
on every three-night booking. Similarly, the Mexican government introduced a travel
incentive scheme, namely “Cancun 2×1”, which will get tourists a free one-night stay for
every two-night booking in the city. Likewise, Canadian authorities are offering a 20%
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refund (up to a maximum worth of USD 1000) for all costs on vacations in the country.
Moreover, the Maldivian government has announced exclusive discounts, special offers,
and privileges as part of a loyalty program, “Maldives Border Miles” [47]. The author
also mentions Japan, where discounts of up to 35% of travel costs are being offered by the
authorities under a project named “Go-To Travel”. STR [48] conducted an impact analysis
of this project and confirmed that different tourism hubs of Japan (like Kanto, Tohoku,
and Chugoku) observed occupancy rates of more than 53%, and 43% for Japan, overall.
However, the trend dropped due to the third wave of COVID-19 and the project was
discontinued by the government in December 2020. Jones [49] reported one of the most
interesting incentives offered by the Cyprus government, covering all the accommodation,
food and drinks, and hospitalization or medication costs for tourists and their families who
get infected with COVID-19 during their vacation on the island. The author also reported a
private business owner in Las Vegas who offered 1000 free flights to the city as an attempt
to attract tourists. Other countries like Greece, Portugal, Iceland, and the United States are
also offering different travel incentive schemes [50]. Irrespective of the type, host country,
and duration of the incentive scheme, the major objective was observed to be common for
all—to attract visitors and tourists toward the destinations to support and stimulate the
tourism industry and, thus, the national GDP through revenues from the industry.

2.5. Pandemic Fatigue and Revenge Travel

After the outbreak of the COVID-19 pandemic in the second half of 2019, every nation
started implementing policies and strategies to tackle the deadly disease. One thing that was
common among all the national policies was social restrictions involving traveling, dining,
and gathering, as well as other restrictions. These restrictions forced people from every field
of life to be locked up in the house or to at least minimize social interactions. These unwanted
and unavoidable circumstances led to psychological and even physical health issues mainly
triggered by pandemic fatigue, as assessed by many researchers [51–53]. Narrowing down
the scenario to tourism and the hospitality industry, international flights were called off
by every nation and even inter-state traveling was banned in some countries. Public and
tourism spots were closed temporarily in the wake to fight the spread of COVID-19. The
severe impact of the pandemic on domestic and international tourism combined with
social restriction forced amateur and professional tourists around the world to stay at
home and stay safe. This also induced pandemic fatigue in the tourism and traveling
community, as identified by Wachyuni and Kusumaningrum [5]. Secondly, a plethora
of researchers [2,54–56] predicted or identified a boom in the domestic and international
tourism of many countries and regarded this post-pandemic tourism spike as “revenge
travel”. When all of the traveling restrictions end, most professional and amateur travelers
are expected to go on trips to make up for their time spent locked inside their homes.

The indication of pandemic fatigue in mid-pandemic times and the prediction of
a post-pandemic tourism spike points toward a probable relation between pandemic
fatigue and revenge travel. However, no specific study could be found that identifies the
exact relationship between these constructs. In this study, we hypothesized a relationship
between pandemic fatigue and revenge travel that is referred to as H1. This hypothesis can
be theoretically supported with the theory of planned behavior [57].

The theory of planned behavior articulates that individuals’ behaviors and intentions
are the product of attitudes, social norms, and one’s perceived control over his/her behavior.
In the early stages of the pandemic, the infection was perceived as deadly and very
dangerous, thus resulting in a negative attitude toward traveling. Consequently, traveling
was temporarily suspended to ensure safety and avoid health risks. However, after the
flattening of the COVID-19 peaks, tourists presumably felt that the danger was significantly
reduced. In addition, the fact that health and travel restrictions were relaxed meant that
individuals could feel that they had more control over their decisions and behaviors than
in the earlier stages of the pandemic. Consequently, once barely leaving their homes,
pandemic-fatigued people might come to have great enthusiasm about travel again due to
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the lessened restrictions and increased perceived behavioral control [58]. Based on these
arguments, the first hypothesis of the study was created.

Hypothesis 1 (H1). Pandemic fatigue has a significant positive effect on revenge travel.

2.6. Moderating Effects of CBDS

COVID-19-branded destination safety (CBDS) emerges from an amalgamation of two
concepts of tourism destination management, that is, destination branding and destination
safety. As revenge travel continues to appear as the new normal of the tourism industry,
the general practices in the tourism industry have also evolved to meet the changing trends.
The idea of promoting and branding a tourism destination as a place safe from COVID-19
instead of the conventional promotion of a spot—to attract the revenge travelers out on
adventures and endeavors—is known as CBDS. Rating destinations as safe from COVID-19
not only attracts those travelers who are already on their journey to a tourism spot but also
pulls in tourists who are still reluctant to plan tours and trips for fear of the virus.

The theoretical support for this hypothesis was taken from protection motivation
theory [59], which explains human behavior and decision-making in times of any threat.
It proposes that human choices and decision-making under the influence of any danger
or threat can be based on the perceived threat and human’s ability to cope or deal with it.
In particular, CBDS could positively bolster individuals’ travel intentions by decreasing
their perceived vulnerability and the severity of the COVID-19 situation in destinations.
Secondly, Maslow’s hierarchy of needs [60] presents safety as the basic need for motivation
and personality of a human being. Influenced by safety assurance, as presented in CBDS,
tourists are more likely to plan their trips to a destination they perceive as safe from
COVID-19. This fuels the motivation behind branding a destination as “COVID-19 safe”
instead of conventional promotions in a pandemic or post-pandemic time.

Hypothesis 2 (H2). COVID-19-branded destination safety significantly moderates the relationship
between pandemic fatigue and revenge travel.

2.7. Moderating Effects of Travel Incentives

Travel incentives generally cover a wide range of offers made by either any orga-
nization to employees or from any traveling and tourism-related business to tourists. It
can include discount packages, promotional offers, free tours, and so on. Most of the
organizations offer incentive traveling opportunities to their employees as a motivation
boosting technique or reward scheme, as identified by recent studies [61,62]. In normal
conditions, travel incentives are offered to enhance the tourism flux, but in post-pandemic
conditions, when people experience fatigue and are likely to practice revenge travel, travel
incentives can act as boosters as well as inhibitors of the trend. When offered by tourism
and travel services, TIs can enhance and induce revenge travel within the tourist and, thus,
act as boosters, while when offered to employees by their organizations, it can replace
revenge travel for those who are fatigued by the pandemic and act as inhibitors. This
dual nature of TIs suggests their moderating effect on the relationship between PF and
RT. This hypothesized relationship is theoretically supported by the incentive theory of
motivation [63], which proposes that the choices of individuals are likely to be influenced
by the incentives (both intrinsic and extrinsic). In particular, the fact that destinations
provide incentives and rewards will likely boost the extent to which pandemic-fatigued
individuals want to travel in a pandemic.

Hypothesis 3 (H3). Travel incentives significantly moderate the relationship between pandemic
fatigue and revenge travel.
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3. Methods
3.1. Sampling and Procedure

The present study was aimed at empirically examining a conceptualized model of
revenge travel under the influence of pandemic fatigue, COVID-19-branded destination
safety, and travel incentives. Due to an unknown (and/or not specifically reported) popu-
lation of international expats residing in various provinces and cities of Pakistan, as well as
the challenge of data collection during times of the COVID-19 pandemic crisis, the present
study adopted the recommended approach of non-probability sampling that ensured the
cost-effective and timely collection of the study data [11,64]. Using a standardized ques-
tionnaire, the study data on international expats were mainly collected through direct
emails (i.e., sharing an online survey) to the expat’s community, as well as multiple social
media platforms (e.g., Facebook, LinkedIn, and WhatsApp, etc.) and very few in-person
(i.e., face-to-face) interactions due to strict COVID-19 restrictions. Foreign diplomats and
staff members of international organizations located across Pakistan, especially those re-
siding in the capital (Islamabad) and the cities of Lahore and Karachi, were contacted
through direct emails, which were accessed through their official websites. On social
media platforms, groups and pages dedicated to foreigner communities in Pakistan were
accessed to distribute the link to the online expat’s survey, while some Pakistan-based
international NGOs and donor organizations housing a larger group of expats (e.g., the
Asian Development Bank and the United Nations Development Programme, etc.) were
also approached. Thus, a combination of snowballing (i.e., chain referral) and judgmental
(i.e., purposive) sampling techniques were utilized. These approaches have been proven
effective for data collection from foreign communities in prominent studies [11,65]. In the
initial invitation, the confidentiality and anonymity associated with their participation were
clearly communicated to all interested expats, as well as a request to forward and share
the survey within their expat community (i.e., colleagues, friends, and family) residing
in Pakistan. The international expat community residing in Pakistan delivered the initial
pool (N = 450) of volunteer expats. However, after an initial analysis, some responses were
excluded from the study to ensure data normality and the necessary removal of outliers.
The final sample size (N = 422) showed an exceptional response rate (93.7%) according
to the metrics suggested by literature [66]. Importantly, recommended procedures were
also adopted during the survey (e.g., ensuring anonymity, confidentiality, and promising
feedback to the respondents who had no knowledge about the study’s conceptual model,
as well as ensuring a simplified survey with easily understandable questions) to overcome
any issue of common method bias [11,64].

3.2. Measures

In this study, we developed new scales to measure the variables included in the
study based on the guidance of the prior literature [26,34,43,49,67]. While developing the
scales, interviews were held with senior academics/professors and industry practitioners,
along with conducting an extensive literature search. Furthermore, the internal reliability
and validity of all the scales were verified with the help of statistical tests. To measure
pandemic fatigue, 10-items were adapted from the work of Lilleholt et al. [26]. The
scale contained items that pertained to respondents’ felt exhaustion due to COVID-19
regulations and restrictions, their continuous fear of getting an infection, and the negative
psychological influence of media and public discussions about COVID-19. For the RT, a new
scale was generated based on the prominent literature [34,36–39,42,43]. The CBDS scale
contained items that pertained to perceived destination safety, COVID-19-free ambiance
provided by destinations, and factors involved in destination choices during the pandemic.
Last but not least, to measure travel incentives, a 9-item scale was also developed from
prior studies [44,46,49,50]. All latent constructs (item-wise details are described in the
Appendix A) were scored on a 5-point Likert scale, where 1 indicates strong disagreement
and 5 indicates strong agreement.
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3.3. Data Analysis

The covariance-based structural equation modeling (CB-SEM) technique was utilized
for the empirical analysis of the hypothesized relations and conceptual model built on them.
Literary evidence suggests that SEM can be implemented with quite a small sample size [68,69],
but some studies have recommended a minimum sample of 100–150 participants for
reliable outcomes of the technique [69,70]. AMOS software was used for SEM analysis of
the collected data in the context of hypothesized relationships, structural, and conceptual
models. Recently, there has been a lot of research focused on the CB-SEM technique and
its best applications. However, multiple studies have suggested using the SEM technique
according to the nature of variables and collected data, and the advantage of CB-SEM has
been highlighted over other methods for which greater internal reliability of stronger path
coefficients are required [71–73]. SEM has been extensively used in social and cognitive
research [11,74,75], while CB-SEM is one of the emerging techniques of SEM, showing
potential for future applications in the research work.

4. Results
4.1. Descriptive Statistics

Table 1 shows the descriptive statistics and correlation matrix of the variables included
in the study. The mean responses of the four variables, that is, RT, CBDS, PF, and TI, were
estimated as 3.804, 3.443, 4.233, and 3.849, respectively, which reflects that the respondents
expressed a higher degree of agreement with pandemic fatigue experience in contrast to
other variables. Similarly, CBDS was least regarded as travel motivation by the respondents,
while the same variable had the highest standard deviation (0.788) from the mean response,
indicating that the responses differed most for this variable. A high Cronbach’s alpha value
(RT = 0.86, CBDS = 0.94, PF = 0.88, TI = 0.82) indicates good internal consistency of the
constructs [76]. From the correlation matrix, it can be assessed that all the variables were
positively related to each other; however, TI shows no or a low correlation with RT (0.062)
and PF (0.013), and PF shows no or a low correlation with CBDS (0.058). At the same
time, RT was moderately associated with CBDS (0.265) and PF (0.275). In addition, the two
moderating variables, CBDS and TI, exhibited the highest positive association (0.528).

Table 1. Descriptive and correlation analysis (N = 422).

Constructs M SD α RT CBDS PF TI

RT 3.804 0.599 0.86 1
CBDS 3.443 0.788 0.94 0.265 1

PF 4.233 0.623 0.88 0.275 0.058 1
TI 3.849 0.738 0.82 0.062 0.528 0.013 1

Note—RT: revenge travel, CBDS: COVID-19-branded destination safety, PF: pandemic fatigue, and TI: travel
incentive.

4.2. Sampling Adequacy

The Kaiser–Meyer–Olkin (KMO) measure of sampling adequacy test [77] and Bartlett’s
test of sphericity [78] were used to assess whether the variable and data are useful for factor
analysis. The KMO test statistic refers to the variance proportion within the variables that
can be triggered due to different factors. Data with higher KMO statistic values (closer to 1)
are adequate for factor analysis, and the outcomes of factor analysis are deemed useful.
Similarly, data with lower values of significance (smaller than 0.05) in Bartlett’s test are
generally classified as useful data for factor analysis. Table 2 presents the results of the
KMO and Bartlett’s test, which indicate that the data and variables used in this research
were adequate for the factor analysis.
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Table 2. KMO and Bartlett’s Test (N = 422).

Kaiser–Meyer–Olkin Measure of Sampling Adequacy 0.883

Bartlett’s Test of Sphericity Approx. Chi-Square 28,055.779
df 703

Sig. 0.000

4.3. Exploratory Factor Analysis

Exploratory factor analysis (EFA) is a statistical technique used in multivariate analysis
for determining a measure’s construct validity and assessing its internal reliability. Principal
component analysis was used as the factor extraction method, and the varimax rotation
method with Kaiser normalization [79] was used to simplify and clarify the structural
model (see Table 3). It can be noted that all the items yielded a rotated factor loading greater
than 0.6, indicating the construct’s internal reliability and acceptable factor structure, as
suggested by Awang et al. [80]. Additionally, Herman’s single factor test was conducted to
detect and assess the common method variance (CMV). Following this statistical technique,
we introduced all items of underpinned variables into an EFA by employing the unrotated
factor solution. During this procedure, we examined the extracted factors with eigenvalues
higher than 1 that provided estimations for the cumulative variance. We followed the
recommended criteria that if CMV exists, only one factor would have accounted for more
than 50%. The results of Herman’s test confirmed that CMV was non-existent, as the single
factor structure demonstrated only 37.9% variance [81,82].

Table 3. Exploratory factor analysis (N = 422).

1 2 3 4

CBDS1 0.872
CBDS2 0.907
CBDS3 0.860
CBDS4 0.847
CBDS5 0.828
CBDS6 0.879
CBDS7 0.910
CBDS8 0.888
CBDS9 0.901

CBDS10 0.883
RT1 0.945
RT2 0.921
RT3 0.932
RT4 0.903
RT5 0.925
RT6 0.868
RT7 0.907
RT8 0.898
RT9 0.943
PF1 0.961
PF2 0.868
PF3 0.927
PF4 0.673
PF5 0.953
PF6 0.916
PF7 0.938
PF8 0.912
PF9 0.952
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Table 3. Cont.

1 2 3 4

TI1 0.938
TI2 0.885
TI3 0.810
TI4 0.896
TI5 0.678
TI6 0.887
TI7 0.900
TI8 0.927
TI9 0.887

Note—Extraction method: Principal component analysis. Rotation method: Varimax with Kaiser normalization.
Rotation converged in 5 iterations.

4.4. Confirmatory Factor Analysis

As suggested by Brown [83], confirmatory factor analysis (CFA) evaluates the con-
sistency of measures included in the constructs with the general understanding of the
nature of the construct. CFA indicates the degree to which the available data are suitable
for the proposed measurement model. In Table 4, it can be observed that most of the
items included in the four constructs have standardized factor loading values (λ) greater
than the threshold value of 0.7, which indicates the data and measures are suitable for the
model. Only three items, namely, PF4, PF9, and TI5, have λ values less than 0.7, which
were omitted from the construct to achieve model fitness.

Table 4. Confirmatory factor analysis (N = 422).

Items CBDS RT PF TI

CBDS1 0.79
CBDS2 0.89
CBDS3 0.82
CBDS4 0.78
CBDS5 0.76
CBDS6 0.87
CBDS7 0.84
CBDS8 0.91
CBDS9 0.73

CBDS10 0.88
RT1 0.77
RT2 0.91
RT3 0.83
RT4 0.81
RT5 0.90
RT6 0.85
RT7 0.88
RT8 0.87
RT9 0.79
PF1 0.84
PF2 0.80
PF3 0.91
PF4 0.62 *
PF5 0.87
PF6 0.86
PF7 0.96
PF8 0.88
PF9 0.53 *
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Table 4. Cont.

Items CBDS RT PF TI

TI1 0.96
TI2 0.84
TI3 0.86
TI4 0.88
TI5 0.68 *
TI6 0.89
TI7 0.87
TI8 0.90
TI9 0.86

* Items deleted—3 items were omitted to achieve model fitness (PF4, PF9, and TI5).

Figure 1 shows the measurement model with the standardized factor loading for each
item denoted on the relevant construct. It can also be noted that the three items with lower
factor loading values were removed from the model.

Figure 1. Measurement model.

4.5. Convergent and Discriminant Validity

The convergent and discriminant validity of the construct was also measured in the
analysis. Table 5 presents the summary of outcomes; it can be noted that the composite
reliability (CR) value for each construct is greater than 0.7, which indicates the internal
reliability of all the items included in these constructs. Moreover, the average variance
extracted (AVE) values are also greater than 0.5, as asserted by [74,83].

Similarly, the diagonal values representing the square root of the AVE (parentheses
values) are greater than the non-diagonal values, which consolidates the proof of discrimi-
nant validity of the construct, ensuring that no issues of multicollinearity exist between the
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constructs. Proved convergent validity means that the constructs that are expected to have
a relationship are actually related, while discriminant validity confirms that constructs that
should not be related to each other are not related.

Table 5. Convergent and divergent validity (N = 422).

Constructs CR AVE RT CBDS PF TI

RT 0.95 0.68 (0.824)
CBDS 0.96 0.72 0.24 (0.85)

PF 0.95 0.76 0.21 0.27 (0.87)
TI 0.96 0.77 0.15 0.06 0.11 (0.88)

Note—AVE: Average variance extracted, CR: composite reliability. Values in parentheses represent the square
root of AVE.

4.6. Measurement of Model Fit Indices

The model fit measures for both models, the measurement model and the structural
equation model, were calculated. It was observed that the model fit indices yielded higher
values for both models. As shown in Table 6, the fit index values for the measurement
model are 0.95, 0.97, 0.97, and 0.96 for NFI, IFI, CFI, and TLI, respectively. For the structural
equation model, these values are 0.99, 0.99, 0.99, and 0.98, respectively. These higher values
indicate an acceptable model fit for the measurement and structural equation models [84,85].
Moreover, the RMSEA values were also observed to be in range (<0.6) for both models,
which also indicates the fair fit of the models [82]. The RMSEA value for the measurement
model was observed to be slightly greater than the upper limit of an acceptable range.
The SRMR values for both models were observed to be in range (0–1) and lower than the
recommended cut-off value (<0.8), thus indicating a good fit of the models [86].

Table 6. Model fit indices (N = 422).

Model x2 x2/df NFI IFI CFI TLI RMSEA SRMR

Measurement Model 1330.269 2.74 0.95 0.97 0.97 0.96 0.064 0.038
Structural Model 967.71 30.16 0.99 0.99 0.99 0.98 0.047 0.033

4.7. Structural Equation Model

Testing of the hypotheses was consequently done after attaining a positive correlation
between the variables. The path coefficients of the structural models and the relationship
between the included latent constructs were determined by covariance-based SEM using
AMOS [87,88]. Table 7 provides a summary of the relationships between the PF, RT, CBDS,
and TI. It also presents the outcomes of pertinent hypotheses of the study with path
coefficient values (β), t-statistic values, and p-values. Hypothesis H1 was confirmed on the
base of Structural Model 1, where the path coefficient value for the relationship between
PF and RT was found to be positive, which indicates a positive relationship between
the two variables, as hypothesized in the study. A higher t-value (10.164) indicates that
the relationship between the two variables is significant. As the t-value is greater than
the critical value, the null hypothesis is considered rejected. Similarly, a lower p-value
(p-value < 0.05) for the relationship indicates the significance of the strength of the pertinent
hypothesis (H1). Similarly, the moderating hypotheses were tested using Model 2, where
positive path coefficients indicate a positive moderating effect of both CBDS (H2) and
TI (H3) on the relationship between PF and RT. Likewise, the t-values of 3.990 and 4.725
indicate the significance of H2 and H3, respectively, and lower p-values (p-values < 0.05)
reflect the significance of the estimated moderating strength of CBDS and TI. These findings
provide strong evidence to support all three hypotheses of this study. Moreover, it can be
observed that the variance in RT increased from 34% to 39% (R-squared increased from
0.34 to 0.39) due to the inclusion of the moderating variables CBDS and TI in the model,
which also consolidates the evidence of the moderating effects of CBDS and TI.



Sustainability 2021, 13, 12834 13 of 21

Table 7. SEM testing hypothesized results (N = 422).

Model Paths β t-Value p R2 Hypotheses/Outcomes

Model 1
PF→RT 0.40 10.164 0.001 0.34 H1 Accepted

CBDS→RT 0.23 9.831 0.001
TI→RT 0.16 3.968 0.001
Model 2
PF→RT 0.49 12.840 0.001 0.39

CBDS-X-PF→RT 0.15 3.990 0.001 H2 Accepted
TI-X-PF→RT 0.18 4.725 0.001 H3 Accepted

Note—RT: Revenge travel, CBDS: COVID-19-branded destination safety, PF: pandemic fatigue, and TI: travel
incentive.

Figure 2 shows Structural Model 1 when employed without moderators. Path coef-
ficient for each relationship can also be observed in the figure showing the same model
with the effect of the moderators, where it can be observed that the path coefficient values
changed under the influence of the moderators. It can be noted from the figures that the
values of the path coefficients in Figure 3 are moderated in Structural Model 2, into which
moderating variables were incorporated. This statistical evidence reflects the effectiveness
of the CB-SEM technique [89] and authenticates the moderating effect of CBDS and TI.
Confirmation of H1 indicates that revenge travel is expected to emerge as a tourism trend
in regions where COVID-19 halted social and interpersonal interactions. In addition, this
trend can intensify in areas with long-lasting lockdowns or strict COVID-19 protocols and
restrictions. Similarly, H2 and H3 indicate that the implementation of CBDS and TI strate-
gies, respectively, can reinforce the emergence of RT in response to PF (the β-coefficient
increases from 0.40 to 0.49), as shown in Figures 2 and 3, respectively.

Figure 2. Structural Model 1 (without moderators).

Figure 3. Structural Model 2 (with moderators).
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5. Discussion

Although struck badly by the pandemic [37], the tourism industry will bounce back
parallel to the relaxation of global health precautions and travel restrictions. Therefore,
it is more needed than ever to investigate global tourism trends and the impact of the
new normal on the tourism industry. Some recent studies have suggested reviving the
tourism industry by attracting pandemic-fatigued and locked-down tourists [36,90,91],
whereas Woosnam et al. [92] emphasized the necessity of empathizing with post-pandemic
travelers’ interest in tourism recovery. However, there is still little known about the
factors influencing revenge travel intentions and tourism demand in the post-pandemic
era. In this respect, this study empirically tested the relationship between pandemic fatigue
and revenge travel by utilizing structural equation modeling. Data were collected from
international expats residing in Pakistan, and the findings empirically unveiled that the
degree of revenge travel behavior is determined by the expats’ pandemic fatigue. This
indicates that continuous lockdowns and recurring daily routines have induced boredom,
urging individuals to exercise post-pandemic visits both to domestic and international
tourism destinations. From this perspective, revenge travel occurs as a counter behavior to
make up for the lost time during the lockdowns and curfews.

Although the mainstream literature has already illustrated the negative psychological
impacts of the pandemic due to excessive working from home, persisting daily routines,
and lockdowns [3,35,37,38], there is no study in the tourism literature assessing the rela-
tionship between pandemic fatigue and post-pandemic travel behavior. Thus, this study
makes a novel contribution by analyzing the most recent tourism trends that can poten-
tially determine the future of tourism behavior. Furthermore, in the present study, we also
analyzed the relevance of travel incentives and CBDS to address the gap in post-pandemic
tourism research. In particular, the present study validated the moderating effect of CBDS
for the first time in the literature, where CBDS was found to significantly moderate the
PF and RT relationship. This finding confirms that of a prior study, which indicated that
individuals’ health concerns influence their degree of traveling intentions and tourism
choices during the pandemic [92]. Similarly, the mainstream tourism literature before the
pandemic also illustrated that tourists’ perceptions of a location’s safety could substantially
influence their travel plans. As a consequence, it can be derived that it is crucial to provide
up-to-date and reliable information while promoting destinations in times of crisis [93,94].

In the present study, we also investigated and verified the moderating effect of travel
incentives (TIs) on the relationship between pandemic fatigue and revenge travel. The
study findings align with those of prior studies that linked TI with tourists’ decision-making
processes and behavioral motivations. From a broader perspective, revenge travel occurs as a
consequence of tourists’ changed decision-making processes that have been largely affected
by the pandemic conditions. Therefore, borrowing from the theory of planned behavior
and incentive theory of motivation, travel incentives can help improve tourists’ attitudes
towards tourism, which, in return, may result in revenge travel behavior [44,46,57,95].

5.1. Theoretical Implications

The aim of the present study was to make a theoretical contribution to the tourism
literature by emphasizing some of the key facets (i.e., revenge travel, CBDS, and pandemic
fatigue) of post-COVID-19 tourism. This study conceptualizes revenge travel in correlation
with emotional and cognitive motives for post-COVID-19 tourism [96]. To that end, this
study contributes to the body of existing knowledge by testing and validating a structural
model where pandemic fatigue was treated as an antecedent of revenge travel behavior.
This finding confirms the theory of planned behavior, which articulates that individuals’
perceived control over their behaviors encourages them to initiate an action. In terms of
the pandemic, the opening of the borders and the relaxation of travel restrictions might
create the feeling that people now have heightened control over their behaviors, which,
in return, has resulted in revenge travel. Furthermore, having stayed indoors for a long
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time, pandemic-fatigued individuals are likely to develop a more positive attitude towards
traveling [97].

The study findings highlight the positive and significant moderating role of CBDS on
the relationship between PF and RT, which empirically suggests that destination branding
has become more important than ever during the pandemic. Furthermore, this finding
also supplements the protection motivation theory, which manifests that health-linked
behaviors are determined as the outcome of individuals’ perceived threat and coping
ability [98]. In this vein, this study revealed that branding a tourism destination as a
place safe from COVID-19 could diminish the perceived threat, and lead to revenge travel
behavior. Nevertheless, this is not surprising since the demand for pandemic tourism has
been acknowledged to be strongly correlated with tourists’ destinations’ image and safety
perceptions [99,100]. In addition, the feeling of safety is a substantial need that usually
takes precedence over other needs, including social respect, a sense of belonging and love,
and so on [59,60]. To sum up, the present study contributes to the destination marketing
literature by extending the protection motivation theory to predict revenge travel behavior.

As another contribution, this study provided evidence for the moderating role of
travel incentives on the PF and RT relationship. Since the existing literature provides no
evidence regarding this impact, this study was deemed an initial effort that verifies that
TI can be helpful in revitalizing post-pandemic tourism. This finding confirms the prior
tourism literature, which has highlighted that tourism incentives, such as discounts and
promotions, increase demand for tourism services [101,102]. In this respect, this study
extends the scholarly understanding of the incentive theory of motivation [63], which
manifests that people are motivated toward extrinsic rewards and driven away from actions
that lead to negative consequences. In particular, the present study theoretically tested
and verified that the incentive theory of motivation could be functional to understanding
revenge travel in post-pandemic tourism. To sum up, this study combined the most
emerging post-pandemic concepts (pandemic fatigue, revenge travel, travel incentives, and
COVID-19-branded destination safety) in a comprehensive structural model to address
future tourism trends.

Last but not least, despite that the tourism literature has recently pinpointed the vital
role of expats for destination recovery, there is still limited research focused on expats’
perspectives of tourism [11,103]. In this vein, this study responded to the most recent
scholarly call to lay more emphasis on expats as invaluable tourism stakeholders [104],
thereby fostering the body of knowledge on expats in the tourism literature [10].

5.2. Managerial Implications

Based on the findings, this study offers managerial implications that can be of use when
destinations are preparing for the possible spikes in tourism demand after the pandemic.
First and foremost, the present study evidently illustrated that pandemic-fatigued individu-
als are more likely to engage in RT activities [105]. Thus, destinations are advised to gear
up to respond to sudden jumps in tourism demand by checking on their existent services
and amenities and making necessary adjustments. By doing so, they will not only catch up
with an increase in demand but also better respond to changing tourists’ expectations [3,91].
Moreover, the findings empirically show that travel incentives, such as discounts or special
tour packages, can be of great use to attract the demand of those who were emotionally
stressed from spending weeks indoors [106]. At this point, special incentives and tourism
packages can be tailored to respond to the niche needs and expectations of revenge travelers.
For instance, for vulnerable revenge travelers who are concerned about personal safety and
privacy, destinations can offer alternative self-drive tour packages and/or promote less
popular rural locations as new tourism centers [107,108]. In this way, destinations can better
address the changing needs of travelers due to the pandemic, which could contribute to
generating positive perceptions and word-of-mouth about the destinations. Especially in
a time of crisis, such as the current COVID-19 pandemic, health, safety, and security are
always among the top priorities of tourists. Hence, destinations should emphasize their
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highly advanced health infrastructures and precautions while promoting themselves to
the next wave of tourism demand [22,109]. The present study can help destinations to
familiarize themselves with changing tourism trends, behaviors, and tourists’ motivations
so as to effectively manage the anticipated tourist influx after the pandemic [6,22]. As
another major contribution, the present study has developed new scales (revenge travel,
pandemic fatigue, and CBDS) and checked their validity on expats (culturally diverse
sample) residing in Pakistan. Gradually becoming a home for global expats, Pakistan
hosts almost 3.4 million expats [110], which makes expats’ views crucial, especially for
the development of both domestic and international tourism [9]. Thus, apart from its
theoretical contributions, this study also provides insights into how developing nations can
address the emotional motives of international expats to accelerate their tourism recovery
and get ready for future tourism demand.

5.3. Limitations and Future Research

In this study, data were collected from international expats residing in Pakistan. Since
expats have to leave their families, relatives, and friends back in their homelands, they are
likely to travel more frequently, at least for personal reasons, than normal residents [111].
Consequently, traveling restrictions and limitations may have heightened impacts on
expats’ emotional well-being in comparison to normal residents. Expats may also face
adaptation problems with the local culture, language, communicational barriers, and so
on [112], which could exacerbate the adverse influence of the pandemic. As a result, expats
could be more exhausted and experience pandemic fatigue at a greater level than local
individuals. Based on the above arguments, the selection of expats to test the research
hypotheses constitutes the major limitation of this study. To overcome this limitation,
future research should include local residents and analyze whether there is any discrepancy
between expats and native citizens’ behaviors in post-pandemic tourism. Furthermore,
since the pandemic progressed differently across the globe, some destinations were hit
worse than others due to the less strictly applied counter-pandemic measures. Future
research is suggested to test this study’s conceptual model in various countries, where the
pandemic has followed different patterns [113]. This approach will not only help to bolster
the generalizability of the proposed conceptual model but also lead to destination-wise
comparisons [11]. In essence, destinations suffer from unique problems to varying degrees,
and thus, need to develop problem-specific solutions to deal with the pandemic. Future
studies may concentrate on destination-wise solutions to compensate for the negative
economic, social, and cultural impacts of the pandemic. In this vein, future research
should investigate the presence of other factors, such as the intensity and/or duration of
lockdown, COVID-19 diagnosis in a close family, and so on, which can alter the PF and RT
relationships. In essence, revenge travel behavior can also be examined in relation to other
concepts, including stress coping strategies, self-protection motives, and individuals’ risk
orientations, and so on [114,115].

6. Conclusions

The aim of this study was to provide theoretical insights into the possible dynamics
of the post-pandemic tourism industry. In the research design, the most recent tourism
developments and trends (i.e., PF, RT, CBDS) were incorporated and evaluated in a compre-
hensive structural model. Based on the findings, PF was found to positively affect RT under
the positive moderating influences of CBDS and travel incentives. Thus, the results of the
present study show that individuals who had to stay indoors during the lockdowns eagerly
want to travel to make up for the lost time once the restrictions are relaxed. Destinations are
advised to gear up to respond to the sudden demand spikes by checking on and improving
their existing facilities and services. In this respect, destinations should analyze revenge
travelers’ unique needs and wants so as to tailor their services to meet their expectations.
While branding themselves, destinations should highlight the fact that they provide safe
and reliable tourism services, as it intensifies revenge travelers’ motives to travel. To sum
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up, while contributing to the limited literature on pandemic tourism, this study also offers
some strategies to tourism professionals and destination marketers.

Author Contributions: Conceptualization, U.Z.; methodology, U.Z.; software, S.H.R.; validation,
S.H.R.; formal analysis, S.H.R.; investigation, U.Z., S.A. and S.H.R.; resources, U.Z., S.A. and S.H.R.;
data curation, U.Z. and S.H.R.; writing—original draft preparation, U.Z., S.H.R., S.A., P.F. and M.A.;
writing—review and editing, U.Z., S.H.R., S.A., P.F. and M.A.; visualization, S.H.R.; supervision, U.Z.
and S.H.R.; project administration, U.Z. and P.F. All authors have read and agreed to the published
version of the manuscript.

Funding: This research received no external funding.

Institutional Review Board Statement: The study was conducted according to the guidelines of the
Declaration of Helsinki and approved by the Institutional Research Ethical Committee of Bahauddin
Zakariya University, Multan 66000, Pakistan, and approval Number. MASS310/2021.

Informed Consent Statement: Informed consent was obtained from all subjects involved in the study.

Data Availability Statement: The data that support the findings of this study are available from the
corresponding author upon reasonable request due to ethical and privacy restrictions.

Conflicts of Interest: The authors declare no conflict of interest.

Appendix A. Constructs and Scale Items (PF, RT, CBDS, and TI)

Pandemic Fatigue (PF)

1. I worry a lot about my personal and family’s safety during this pandemic.
2. I have felt sad and depressed as a result of the pandemic.
3. I am tired of all the COVID-19 discussions in TV shows, newspapers, and radio

programs, etc.
4. I am sick of hearing about COVID-19.
5. When friends or family members talk about COVID-19, I try to change the subject

because I do not want to talk about it anymore.
6. I feel strained from following all of the behavioral regulations and recommendations

around COVID-19.
7. I am tired of restraining myself from saving those who are most vulnerable to COVID-19.
8. I am losing my spirit to fight against COVID-19.
9. I have thoughts that this pandemic will never end soon.

Revenge Travel (RT)

1. I really miss my travel experiences before the COVID-19 pandemic.
2. I could not travel due to the COVID-19 pandemic.
3. My travel plans got canceled due to the COVID-19 pandemic.
4. I regret that I could not travel due to the COVID-19 pandemic.
5. As soon as the COVID-19 pandemic is over, I want to travel again.
6. As soon as the COVID-19 pandemic is over, I will travel to my favorite destination.
7. I have made some savings to travel again as soon as the COVID-19 pandemic is over.
8. As soon as the COVID-19 pandemic is over, I will stick to my new travel plans.
9. I plan to make up for my missed travel during the COVID-19 pandemic.

COVID-19-Branded Destination Safety (CBDS)
I prefer a tourism destination brand that ensures . . .

1. Visitor’s health and safety from COVID-19 throughout their stay.
2. Health and safety protocols to control the COVID-19 spread.
3. COVID-19 health screening at airports (e.g., temperature checks, and vaccination

proof, etc.).
4. Adequate post-arrival quarantine for visitors.
5. Social distancing measures and wearing of masks.
6. Availability of hand sanitizers in public areas.
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7. Effective contact tracing mechanism for COVID-19.
8. Wider availability of COVID-19 testing facilities.
9. COVID-19 emergency response system (e.g., paramedic services, healthcare facilities,

and communications).
10. Mass vaccination campaigns.

Travel Incentives (TI)
I think that the tourism destinations should offer . . .

1. Travel promotions to visitors (e.g., discounted, subsidized, or free flights).
2. Free entry to tourist sites (e.g., museums and archeological sites).
3. Free of charge services (e.g., umbrellas, chairs, and sunbeds at famous beaches).
4. Free night(s) of stay for every paid night of accommodation.
5. Vouchers for local attractions.
6. Compensation for travel and medical expenses to visitors who contract COVID-19 at

the host destination.
7. Refunds for visitors who bring along their companion (e.g., friends and/or family).
8. Flexible booking and accommodation policies.
9. Visa waiver and visa-free entry.
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