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Resumen

CARACTERIZACION DE LAS CURVAS DE LUZ DE LAS SUPERNOVAS
TIPO I1I UTILIZANDO MODELOS HIDRODINAMICOS DE ACELERACION
DEL VIENTO DE MORIYA

Las supernovas de tipo II (SNe) son el tipo mas comin de SNe en la naturaleza. Se
originan por la explosion de estrellas masivas que conservan su envoltura de hidrégeno.

A pesar de ser el tipo mas comun de SNe, todavia hay incertidumbre en torno al origen de
estos objetos. Las curvas de luz (LC) de las SNe de tipo II se ven afectadas por las propiedades
de las estrellas progenitoras. Esto ha motivado trabajos sobre modelos tedricos de estos
objetos para entender las propiedades de los progenitores de SNe tipo II y el mecanismo de
explosion. Los ultimos modelos han sugerido la presencia de un medio circunestelar (CSM)
denso alrededor del progenitor. Dada la naturaleza transitoria de las SNe, es necesario
observar constantemente el cielo para detectarlas. La aparicién de surveys 6pticos en los
ultimos anos ha aumentado rapidamente el nimero de SNe conocidas. Esto ha permitido
estudiar poblaciones de diferentes tipos de SNe y comprender sus origenes y diferencias.

Con la llegada del Observatorio Vera Rubin, el nimero de SNe descubiertas por noche
aumentara aproximadamente en un orden de magnitud. Sélo una pequena fraccién de estas
SNe tendra un seguimiento espectroscopico. Por lo tanto, es necesario desarrollar modelos y
métodos capaces de estudiar estos objetos utilizando inicamente datos fotométricos.

En esta tesis, se ha desarrollado un método que infiere parametros fisicos de las SNe LC
de tipo II usando modelos que tienen en cuenta la aceleracion del viento en la superficie
de la estrella progenitora. Estos modelos adoptan una ley de velocidad § para formular la
aceleracion del viento, y los parametros que se ajustan son la masa de edad cero de la estrella,
la energia de la explosién, la tasa de pérdida de masa (M ), el radio CSM y . También se
considera la atenuacién (Ay) y el desplazamiento al rojo como pardmetros ajustados.

Se infirieron parametros fisicos para una muestra de 186 SNe de tipo II confirmadas
con espectro, utilizando datos de fotometria forzada de ZTF y ATLAS. Se encontr6 que los
modelos de estrellas de masas bajas (<14 M) que producen un CSM denso (M > 1073 [Mg
yr 1], radio del CSM ~ 10% cm, 3 > 2) son los més representativos de la muestra. También se
descubrié que el método puede inferir el corrimiento al rojo usando las LCs con mejor precisién
que el corrimiento al rojo fotométrico de las galaxias anfitrionas. El cédigo de esta tesis esta
disponible publicamente en https://github.com/fforster/surveysim/tree/dev-javier.
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Abstract

Type II Supernovae (SNe) are the most common type of SNe in nature. They originate from
the explosion of massive stars that retain their hydrogen envelopes.

Although being the most common type of SNe, there is still uncertainty around the origin
of these objects. The light curves (LCs) of type IT SNe are affected by the properties of the
progenitor stars. This has motivated several works on theoretical modeling of these objects
to understand the properties of SNe type II progenitors and the explosion mechanism. The
latest models have suggested the presence of a dense circumstellar media (CSM) around the
progenitor. Given the transient nature of SNe, it is necessary to constantly scan the sky to
detect them. The appearance of optical surveys over the past years had rapidly increased
the number of known SNe. Thus, allowing us to study populations of different types of SNe
and understand their origins and differences.

With the upcoming of the Vera Rubin Observatory, the number of SNe discovered per
night will increase by roughly an order of magnitude. Only a small fraction of these SNe
will be spectroscopically follow-up. Therefore, it is necessary to develop models and methods
capable of studying these objects using photometric data.

In this thesis, we implemented a method that infers physical parameters from type II SNe
LCs using models that take into account wind acceleration at the surface of the progenitor
star. These models adopt a (3 velocity law to formulate wind acceleration, and the parameters
that are fitted are zero age main sequence mass of the star, energy of the explosion, mass
loss rate (M), CSM radius, and 8. We considered the attenuation (Ay) and the redshift as
fitted parameters as well.

We inferred physical parameters for a sample of 186 spectroscopically confirmed type II
SNe, using forced photometry data from ZTF and ATLAS. We found that the models from
low-mass stars (<14 M) that produce a dense CSM (M > 1073 [My, yr~!], CSM radius ~
10% c¢m, 8 > 2) are the most representative of the sample. We also found that our method
can infer the redshift using the LCs with better accuracy than the photometric redshift of
host galaxies.

The code from this thesis is publicly available in https://github.com/fforster/surveysim/
tree/dev-javier.
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Chapter 1

Introduction

1.1 Supernovae

A Supernova (SN) is an event that happens when a star end its life, typically with an
explosion of energy ~ 10°! erg. SNe are often classified by features in their spectra with two
main classes: Type I SNe that show no features of hydrogen in their spectra; and type II SNe
that show features of hydrogen in their spectra, that arise from the progenitor’s envelope
[47, 21]. Some sub types for each class are defined from the presence of other element’s lines

(see Fig. 1.1).
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Figure 1.1: Left panel: A classification scheme showing the different types of supernovae
(figure modified from [14]). Right panel: Spectra of four types of SNe (from top to bottom);
Type Ia, 11, Ic, and Ib (figure from [14]).

SNe are the result of two different explosive mechanisms. One mechanism is the thermonuclear
explosion that occurs in type Ia SNe when the progenitor white dwarf accretes mass and
becomes unstable, undergoing a thermonuclear runaway and producing the SN. The other
mechanism is the collapse of the iron core of the progenitor star, occurring in massive



stars, with zero-age main sequence (ZAMS) mass = 8My, This mechanism is responsible
for producing type II SNe and type I that are not Ia (i.e. Ib, Ic)

1.1.1 Light curves of SNe

The light curve (LC) of a SN contains information about the physics behind these objects.
We can identify different phases where certain mechanisms dominate the emission of the SNe.
Figure 1.2, illustrates where we can identify a given phase in LCs of type Ia and type II SNe.
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Figure 1.2: Left panel (Figure from [2]): Bolometric LC of Type I SN calculated using a
hydrodynamical code from [9], where different phases are indicated. The dashed red line
indicates how the LC would look if there was no *Ni produced. Right panel: Typical type
ITP LC, with phases indicated. The effects of the recombination can be seen as the plateau

of the LC

The most important phases observed in a SN LC are:

e Shock breakout(SBO): This is the earliest emission from the SN. This process occurs
when the shock reaches the edge of the star. This emission is mostly in X-ray/UV and
last from seconds to a fraction of an hour. The breakout can be delayed in the case of
a star with dense circumstellar medium (CSM), lasting longer (see [24]).

e Shock cooling and ejecta recombination: When the Hydrogen in the envelope of type II
SNe gets shock heated (from the SBO), it is ionized and becomes opaque, trapping the
photons inside and gradually releasing photons as it cools reaching the recombination
temperature (see Fig 1.3). The recombination is typical of type II SNe and it’s
responsible for the plateau in the LC of these objects.

e Radioactive heating: The shock produces radioactive elements, the most abundant
is 5Ni, which decays to *°Co with a half life of 6.07 days. This process produces
high-energy photons and positrons, some of these will be down-scattered to optical
wavelengths before emerging from the ejecta, which is why LCs peaks at times later
than the half life of *°Ni.



e Radioactive tail: Other radioactive elements produced with longer half-life are responsible
for fueling the last part of the LC we can observe. For example, the **Co produced
from the decay of *Ni is also radioactive and decays with a half-life of 77.27 days.

Photosphere

combination Temperature)

(Re

(Hot)

lonized 1 (Opaque}

Neutral H (Ti ransparenr)

Figure 1.3: (Figure from [2]) Hlustration of the recombination process typical of type II
SNe. The ejected material is pushed outward, while the cooling occurs from the outside to
the inside of the ejecta in mass coordinates, keeping the radius at which the recombination
temperatures is reached (roughly) constant, approximately the photosphere (white dotted
line)(see [20] for more details).

1.1.2 SNe LC modelling

In this section, we will construct a one-zone analytic model for the evolution of a cloud of gas
based on the model for SN LC from [4, 5], and also in some other works that model transient
LCs based on the previously mentioned model such as [35, 36, 16, 75]. We will find a general
expression that relates the luminosity of the SN with different physical parameters.

We will start from the first law of thermodynamics, the thermal state of the expanding
matter evolves as:

E=—PV —0L/dm+¢ (1.1)
Where E = aVT* is the internal energy, P = (1/3)aT?V the pressure, V = 1/p is the

volume, ¢ is the energy released from radioactive decay, and L the luminosity (the bolometric
LC) that is given by

L= —4nr*——aT* (1.2)

where ¢ is the speed of light, A = 1/kp is the mean free path with x being the mean
opacity, and p the density (see [16]).

We will make the following assumptions:



1. The ejecta goes through homologous expansion and it’s spherically symmetric, this
means the ejecta radius expands as R = Ry + vt, where Ry is the initial radius of
the ejecta at the moment of shock breakout, and v = y/2FE/M is the charactersitic
velocity. The volume of the remnant increases with time as V() = Vy(t/ty)3, where
Vo = (47 /3)R} and tq = Ry/v.

The radiation energy dominates over gas energy.
Ni (the heating source) is located at the center.

The optical opacity is constant. A typical value for stripped SNe is k = 0.1 cm? g~ 1.

AT T

The initial radius is small.

Citing the solution from [16], we can find the luminosity as a function of time for
homologously expanding photosphere.

2F, 2 2Ret] [* t?  2Rt'] (' R
L(t) = =exp {—— + = } / e:vp{ + = } ( + —0) f(&har
0

27 2 w2 | \tg oty
t* 2Rt
2 ot}

(1.3)

where f(t) is the time-dependence of the power input (central heating source) , Ey, ¢ is
the initial internal energy from the SN blast wave, and v is the expansion velocity. The
term tq = \/2tot;, is the effective LC timescale, where t, = Ry/v is the expansion timescale
and ty = /2kM,;/Bcv is the diffusion timescale, where M,; is the ejecta mass, s is the
opacity, c is the speed of light, and f is a geometric correction factor. [5] adopted a value of
f=4n/9 ~ 13.7.

And also the solution for the fixed photosphere

1 e [t v E
L@:%em/emﬂﬂﬁ+€?ﬁw (1.4)
0

Given these solutions, it is possible to obtain general models for different kind of progenitors
tweaking the values of different parameters (see [75]).

We will show as an example one of the most studied models, the heating source produced
by the radioactive decay of °Ni and *°Co. In this model the input luminosity is given by:

f(t) = My; gcoeft/TCo+(ENi*ECo)eit/TNi:| (15)

Where My; is the initial mass of %Ni, ey; = 3.9 x 10 erg s g=! and e¢, = 6.8 x 10°
erg s~! g71 correspond to the energy generation of °°Ni and °°Co respectively, and 7y; = 8.8

4



days and 7¢, = 111 days are the decay rate of °Ni and °®Co respectively. By plugging the
eq. 1.5 into eq. 1.4 we find the bolometric luminosity of a transient powered by radioactive
decay.

1e42 Transient powered by radioactive decays of *°Ni and *°Co
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Figure 1.4: Light curve of transient powered by radioactive decay for different Ni Mass values

The only free parameter of the radioactive decay model is My;. We show the effect of
varying this parameter in Fig. 1.4, for a M.; = 1.4M; (representative of a SN Ia), and
k=0.1cm? gL

1.1.3 Type II SNe

Type II SNe are core collapse SNe whose progenitors are Red Supergiant (RSGs) stars. The
progenitors ZAMS masses are expected to be around 8 - 25 M, they reach peak luminosities
~ 10%% ergs s7!, and are the most common type of SNe [40] (see Fig. 1.5).

These SNe can be sub-classified by the shape of their LCs as II-P when the LC shows
a plateau of about 100 days since maximum, and II-L. when it shows a linear decline [6].
There has been debate around whether this distinction comes from two different populations
of progenitors or if there is a continuous transition between type IIL and type IIP, although
some works have shown that there is a continuous transition when the sample is large enough
[3]. In this work, we are not going to make a distinction between type IIL and type IIP and
just going to refer to them as type II.

Type II SNe show a wide range of photometric features, that are attributed to the
properties of the progenitor and its evolutionary history. To understand the diversity of
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Figure 1.5: Figure from [40], The observed fractions of the sub classes of SNe in the sample
from [40].

their LCs we need to study their progenitors and all the possible mechanism that could
affect the LC.

The question that arises is, how can we study the progenitor of a SN7. The most direct
way is to check in archival images if there is a detection of an object in the position where
the SN occurred. The limitation of this method is that it is only possible to do with nearby
objects out to 30 Mpc [45].

Some of the first works that did this were [74, 64], this method led [63] to notice a
discrepancy between the higher mass of a RSG progenitors of SNe, finding an upper mass
limit of 17 Mg, in comparison with the RSGs population in Local group galaxies, that have
masses up to 25 My, this is known as the "Red Supergiant problem”. This upper mass limit
differs in value in works that use different methods or larger samples, but the RSG problem
remains an open problem.

There are other two methods to study progenitors, but they are indirect. The first is
to model late time spectra, as done in [34], based on nucleosynthesis from stellar evolution
and explosion spectral modeling when applied to the late time spectra of a SN it is able to
constrain the mass of the object. The second method is to use hydrodynamical modeling to
study the LC of the SN, as discussed previously, the LC of a SN is heavily affected by the
physics behind the SN so it is affected by different physical parameters, for example: ZAMS
mass, the energy of the explosion, the amount of °Ni, the mass loss rate, etc.

1.2 Hydrodynamical models

Hydrodynamical modeling of type II SNe used to have problems explaining the rise times of
these objects (around 5-10 days), the models predict to have slower than observed rise times
and therefore obtained low values of the radius of the progenitor that was in disagreement
with the radius expected for RSGs ([25, 26, 27, 60]). As a possible explanation for these
observed slow rise times, [27] proposed two possible scenarios. The first is that the shock
cooling from the core collapse of RSG with small and dense envelopes is being observed. The
second is that we are observing the delayed and prolonged shock breakout of the collapse of



a RSG embedded within circumstellar material. In the latter case, SN ejecta will clash into
the dense CSM, this collision will result in the conversion of the kinetic energy to radiation,
making the SN LC rise fast. This is supported by previous work [48] where it is shown that
the LC of SN 2009kf, a type II SN, is reproduced by LC models with a dense CSM. Also, [37]
detected narrow emission lines in early-time spectra of a type II SN as evidence of a dense
CSM around its progenitor.

The problem is that to explain this dense CSM structure, the RSG progenitor needs to
have mass loss rate values higher than the ones a normal RSG has, so it is expected that some
mechanism in the final years before explosion enhances the mass loss of the progenitor. Two
possible mechanisms could explain the dense CSM, 1) Wind Acceleration: [51, 49] notices
that when the wind is accelerated following a beta velocity law in the last ~ 100 years before
explosion it is possible to obtain similar conditions to high mass loss values with this enhanced
mass loss, although mass loss rates are also larger than expected; 2) Pre-explosion outburst:
Considers the ejection of CSM caused by wave heating during nuclear burning in the final
years before the explosion, some works related to this are [22, 52]. In this thesis, we are going
to work with models that take into account wind acceleration, in the next subsection we will
expand on this topic.

1.2.1 Moriya wind acceleration models

Moriya introduced the first LC hydrodynamical models that takes into account wind acceleration
in RSG progenitors [51, 49]. The density p of the CSM in this model is given by the following
expression:

M _
posm(r) = y—— d(r)r 2 (1.6)

Where M is the progenitor’s mass-loss rate and v,;nq is the wind velocity that is given
by a p-velocity law:

Vuina(r) = o + (v — ) (1 _ @>ﬁ (L.7)

r

Where vy is the initial wind velocity, v, is the terminal wind velocity, and Ry is the wind
launching radius that is set at the stellar surface. In [49], they fixed vo, = 10 km s}, and v,
is chosen so that the CSM density is smoothly connected from the surface of the progenitors.
The wind acceleration of RSGs is unknown, but we can constrain it given that we know that
OB stars have § values around 0.5 - 1 [31], and RSGs are known to experience slower wind
acceleration than OB stars [8, 43], so a value of 8 between 1 and 5 is assumed for RSGs.

The SN progenitors were obtained using the the public stellar evolution code MESA [54,
55, 56, 57]. While the LCs from the explosions of the progenitors with CSM are numerically
obtained by using the one-dimensional multi-group radiation hydrodynamics code STELLA
[10, 12, 11]
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Figure 1.6: Figure from [49], Density structure of a 14 Mg At the left: Fixed M = 1073
Mgy yr~! and for different 5. The dotted line is the CSM structure which assumes that the
wind is instantaneously accelerated to the terminal velocity. At the right: Fixed g = 3.75
for different M values. The dotted line is the CSM structure which assumes that the wind
is instantaneously accelerated to the terminal velocity for the M = 1074 Mg, yr~! value

Figure 1.6, shows how the effect of § and the mass loss rate affects the CSM structure
near the progenitor’s surface, in the immediate vicinity of the progenitor’s surface the effect
of higher values of /5 (slower winds), have similar effects of higher mass loss rates, where a
dense CSM is obtained. Figure 1.7 shows representative g band LCs for different values of
[ while fixing the mass loss rates, and for different values of mass loss rates while fixing S,
once again it can be seen that slower winds have similar effects to higher mass loss rates at
early times, being able to produce LCs with fast rise times like the ones observed.
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Figure 1.7: From [49], At the left: g band LCs with fixed 8 = 1 and different mass-loss rates,
while at the right panel: ¢ band LCs with a M = 107> M yr~! and different 3.

The hydrodynamicals models not only consider the effect of 5 in the light curves, but
also take into account the effect of the mass of the ZAMS progenitor, the energy of the
explosion, the mass loss rate, and the CSM radius. A total of 1686 models are generated as
a combination of progenitors parameters from table 1.1.



Table 1.1: RSG progenitor parameters

Mass | Energy | Mass loss rate | CSM radius
(M) | (foe) (Mg, / year) | (10" cm) y
12 0.5 0 0 0
14 1 107° 0.1 1
16 1.5 3 x 107° 0.3 1.75
2 1074 0.5 2.5
3 x 1074 1 3.75
1073 5
3x 1073
1072

1.3 Surveys

The number of discovered supernovae has largely increased over the last decades (see Figure
1.8). Given the transient nature of these objects, the increase is related to the contribution
of different astronomical surveys that have been scanning the sky constantly. Not only
the surge of more surveys has allowed us to improve and enrich our understanding of the
transient universe, but the progress in telescope instrumentation alongside the progress in
computational power has allowed us to produce and process more data than ever before.

SNe from the Open supernova catalog
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Figure 1.8: Number of SNe discovered per year from the open supernova catalog [32], some
survey’s starting year of operation are shown with a vertical color line with their respective

names on top

All the experience from previous surveys and the advances previously mentioned have
led to the construction of the Vera C. Rubin Observatory [42], whose goal is to conduct
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the 10-year Legacy Survey of Space and Time (LSST) using 6 different filters (ugrizy), and
producing around 20 TB of data per night.

LSST is forecast to discover three to four million more SNe during its ten-year survey
[41]. A lot of these objects are not going to be properly followed-up, so we are not going to
have more information about them other than the LC of LSST and maybe photometric data
from other surveys. Therefore, we believe it is necessary to take advantage of all this data
that it is going to be produced and design methods capable of doing science with the data
available.

This is why in this thesis we will do Bayesian inference with SNe data from ZTF and
ATLAS, to infer physical parameters from a sample of 186 type II SNe LCs using the method
from [24]. We will be able to study the distribution of parameters from the sample to
check what are the parameters that better describe the data, search for correlation between
parameters, and test the viability of using our method with large samples of data.
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Chapter 2

Data

As previously stated, the idea of this thesis is to implement the method from [24] in a large
sample of type II SNe, with public data of currently active surveys, the Zwicky Transient
Facility (ZTF) and Asteroid Terrestrial-impact Last Alert System (ATLAS). In this section,
we will explain the objectives and technicalities of these surveys.

2.1 ZTF

ZTF is an optical time domain survey that uses the Palomar 48-inch Schmidt telescope [7].
Its goal is to do a systematic study of the optical night sky, using an extremely wide-field of
view camera scanning the entire Northern sky every two days. ZTF observes in three filters:
ZTF-g, ZTF-r, and ZTF-i; doing observations of 30 s exposure time. During dark time the
bands ZTF-g, ZTF-r, ZTF-i have a limiting magnitude of 21.1, 20.9, 20.2 respectively [19].
Specifications of the telescope are in table 2.1

Half of ZTF’s CCDs have a single-layer anti-reflective coating, while the other half has
a dual-layer coating, this implies that the CCDs have different quantum efficiency (QE)
depending on the coating. In this work, we will consider 4 filters. Instead of 2 from ZTF given
the different QE of CCDs, instead of having just a g and r filter, we will have a g_single and
r_single, for g and r (respectively) observations with the single-layer anti-reflective coating
CCD, and g multi and r_multi for g and r (respectively) observations with the dual-layer
coating CCD. This will be significant when we implement the method of [24] to be used in
the data. ZTF transmission curve (filter + QE + atmosphere) is shown in Fig. 2.1

2.2 ATLAS

ATLAS is a sky survey system funded by NASA and developed by the University of Hawaii to
find dangerous near-Earth asteroids [71]. It consists of four telescopes, two in Hawaii (Mauna
Loa and Haleakala), one in Chile, and one in South Africa. Despite its main goal being the
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Table 2.1: Specifications of the ZTF Observing System from [7]

Telescope and Camera

Telescope Palomar 48 inch (1.2 m) Samuel Oschin Schmidt
Location 33°21'26”.35 N, 116°51'327.04 W, 1700 m
Camera field dimensions 7.50° N-S x 7.32° E-W

Camera field of view 55 deg?

Light-sensitivity area 47 deg?

Fill factor 86.7%

Filters ZTF-g, ZTF-r, ZTF-i

Image quality g=21",r=20"1i=21" FWHM

Median Sensitivity (30 s, 5 0) m, = 20.8, m, = 20.6, m; = 19.9
m, = 21.1, m, = 20.9, m; = 20.2 (new moon)

CCD Array
Science CCDs 16 6144 x 6160 pixel e2v CCD231-C6
Guide and Focus CCDs 4 2k x 2k STA; delta doped by JPL
Pixels 15 pm pixel ™
Plate scale 1.01” pixel ™!
Chip gaps 0.205° N-S, 0.140° E-W
CCD readout channels 4
Readout time 8.2s
Read noise 10.3 e- (median)
Gain 5.8 e- / ADU
Linearity 1.02% =+ 0.09% (correction factor variation)
Saturation 350000 e-

detection of asteroids, the high cadence of observations (2 per night) allows it to detect 10-15
SN candidates per night [65]. ATLAS observes in two bands: The cyan (c, covering 420-650
nm); and the orange band (o, 560-820 nm). Specifications of the telescopes are in table 2.2

ATLAS on Haleakala usually observes in ¢ band during dark time on and o band during
bright time, and always observes in o band on Mauna Loa. The transimission curve of ATLAS
is shown in Fig. 2.2
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Figure 2.1: Total transmission curve of ZTF, including the effects of the filters g and r, the
QE (including the effects of different coating), and the atmosphere.
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Figure 2.2: Total transmission curve of ATLAS, including the effects of the filters ¢ and o,
the QE, and the atmosphere.
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Table 2.2: Specifications of ATLAS

ATLAS technical specifications

Telescope design DFM custom Wright Schmidt
Location Maunaloa (Hawaii) 19.5361°N, -155.5761°E, 3397m
Location Haleakala (Hawaii) 20.7076°N, -156.2570°E, 3052 m
Location Chile 30.47103°S, 70.76498°W, 1759m
Location South Africa 32.3783°S, 20.8105°E, 1570m
Telescope aperture 0.5 m

Telescope focal length 1.0 m (f/2.0)

Telescope field of view 7.4°

Individual camera field of view 30 deg?

Detector STA-1600, 10.5x10.5k CCD
Pixel size 9 pm

Pixel scale 1.86”

Effective PSF FWHM (assuming 1.5” seeing) 3.8”

Filters orange (0), cyan(c)

Nominal exposure time 30 s

Expected readout time 6 sec

Saturation r~ 125

Survey coverage 20,000 deg? three times per night
Best 5 o limiting magnitude (dark) 19.8 o band
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Chapter 3

Methods

In this chapter, we describe the data we use from ZTF and ATLAS. First, we explain how we
get the photometry data from ZTF and ATLAS and the cleaning we did to discard outliers.
Then we explain the method from [24] and how it was adapted and optimized to be used in
our data.

3.1 Data selection

The first sample was selected using the Automatic Learning for the Rapid Classification of
Events (ALeRCE) light curve classifier [23, 69]. We selected all the objects classified as SNII
with a probability higher than 0.3. At the time when this was done, a sample of 452 possible
SNe was selected. This process allowed us to search for SNe that have a minimum number
of detections in ZTF and that have standard light curves of type II SNe

The next step was to keep objects that were spectroscopically classified as type II SNe.
This step was done by crossmatching with the Transient Name Server (TNS) database and
discarding the objects in our sample that were not type II SNe. 252 confirmed type II SNe
were found in the 452 possible candidates sample, 19 were classified as type IIn. Of this 252
confirmed SNe, we discarded those that have large gap between the last observation previous
to the SN, thus we can have an estimation of the explosion time, this leave us with a final
sample of 186 confirmed type II SNe.

We could have started this process by selecting a sample of confirmed type II SNe, but
this way we would have had many SNe with bad coverage in ZTF or with anomalous LCs
that would produce unreliable results. Also, the classification reported in TNS is not always
reliable, because the spectra could have been taken too early or too late to correctly classify
the object as a type II SN.

Then we proceed with acquiring the data for both surveys using the forced photometry
services provided. For ZTF see [46] and for ATLAS see https://fallingstar-data.com/
forcedphot/ [71] and [65]. To download the data, we provided the coordinates from the
ALeRCE LC classifier and the range of days going from 50 days before the first alert reported
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by ZTF to the day the data was requested.
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Figure 3.1: LCs before cleaning, Left panel: LC from ZTF forced photometry of
SN2019fem/ZTF19aauqwna.  Right Panel: LC from ATLAS forced photometry of
SN2019ceg/ZTF19aaniore

The LCs of SN2019fem (ZTF19aauqwna), and SN2019ceg (ZTF19aaniore) are displayed
in Fig. 3.1. The first shows ZTF data (left panel), and the second ATLAS data (right panel).
Both LCs have multiple data points that are either outliers and/or measurements with large
errors. In the next section, we will discuss how we clean the data and the parameters used

to do this for ATLAS and ZTF.

3.2 Light curve cleaning

We will start describing how we cleaned data from ZTF. The procedure presented in this
section is the product of the work of a group of astronomers from ALeRCE (where I was
included) that studied this issue. The following criteria were found to satisfactorily clean the
data.

First, we follow the guidelines from [46] where we filter by the procstatus variable where
any observation with a procstatus (Per-epoch processing status codes) value not equal to
0 (Successful execution), or 56 (One or more epochs have photometry measurements that
may be impacted by bad pixels), or 57 (One or more epochs had no reference image catalog
source falling within 5 arcsec) was removed. Any observation where infobits value (that is
related to the quality of CCD-quadrant-based images from individual epochs) was not equal
to 0 was removed.

Also, we perform quality cuts following The ZTF Science Data System (ZSDS) Advisories
and Cautionary Notes, from the ZTF DR5 Documentation, section 2.4, flagging as a bad data
point any data point that satisfies any of the following conditions:

e For g filter:
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— zeropoint magnitude > 26.7 - 0.2 x airmass OR
— zeropoint magnitude rms > 0.06 OR

— zeropoint magnitude < threshold[ced] - 0.2 x airmass
e For r filter

— zeropoint magnitude > 26.65 - 0.15 x airmass OR
— zeropoint magnitude rms > 0.05 OR

— zeropoint magnitude < threshold[ced] - 0.15 X airmass

Where threshold[ccd] varies depending on the CCD used for the observation and the filter.
The value of threshold[ccd] can go from 25.6712 to 25.9225 for the g-filter and from 25.6199
to 25.9759 for the r-filter. Finally, for those cases when the SN was already in the difference
image, a baseline correction was applied when possible. This means when data before the
explosion was available.

The ATLAS reduction pipeline has a custom built point-spread-function (PSF) fitting
routine that runs on the difference images to produce flux measurements of all sources that
are detected at 50 or more above the background noise. This routine is called tphot and is
based on the algorithms discussed in [72, 66]. The forced photometry is again PSF based
using tphot.

At the time of this work and unlike the case of ZTF, there were no guidelines available
to clean ATLAS forced photometry LCs, so we explored the available metrics to discard
contaminated observations or with large error bars. Observations that do not fulfill any of
the following conditions were removed:

e 0.5 < chi/N <3
flux > -100 [pJy]

magnitude error < 5

sky (o filter) magnitude > 18, sky (c filter) magnitude > 18.5

e flux error < 40 [uJy]

Where chi/N is the reduced x? of the PSF fit. In Fig. 3.2 the result of this algorithm
applied to the LCs from Fig. 3.1 is shown. It is possible to notice that points with large
error bars are no longer in the LC and neither are the points that clearly are outliers.

Fig. 3.3 shows two LCs combining data from ZTF and ATLAS. ATLAS data, although
having larger errors than ZTF data, fill the gap between ZTF data points, allowing us to
have a better estimation of the whole LLC behavior. This shows the advantages of using data
from both surveys to constraint SNe.
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Figure 3.2: Same as Fig. 3.1 but discarding outliers, Left panel: LC from ZTF forced
photometry of SN2019fem/ZTF19aauqwna after cleaning. Right Panel: LC from ATLAS
forced photometry of SN2019ceg/ZTF19aaniore after cleaning.
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Figure 3.3: LCs using forced photometry data from ZTF and ATLAS. Left panel: Clean
LC of SN2019asz/ZTF19aamowaf using ZTF and ATLAS forced photometry. Right Panel:
Clean LC of SN2020fsb/ZTF20aaunfpj using ZTF and ATLAS forced photometry

3.3 Physical parameters

As previously stated, the method used in this work is the same from [24], that uses a Bayesian
approach to infer physical parameters from the LC of a SN. However, before using a Bayesian
approach, we need to be able to compare our data to the models and to explore the whole
parameter space quickly. This is why we first perform the following steps.

3.3.1 Synthetic light curves

The first step is to produce synthetic LCs for any redshift, attenuation, and explosion time
from hydrodynamic models time series of spectra. A standard A-CDM model is assumed and
then the spectra time series are redshifted and attenuated with distance assuming a Cardelli
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law with Ry = 3.1 for dust attenuation. The spectra are integrated with the bands from
ATLAS and ZTF to generate synthetic LCs. In our work, we use the time series spectra
generated from [49] models, as a combination of the parameters of Table 1.1, having a total
of 1686 spectra time series. We pre-compute the LCs for all the bands and all available
models in a logarithmically spaced time array using 100 points from 1072 days to 1000 days,
a logarithmically spaced attenuation array for 10 different values from 10™* to 10, and a
logarithmically spaced redshift array for 30 different values from 1073 to 1, producing a total
of 505800 synthetic LCs as a combination of the model physical parameters, attenuation, and
redshift.

The generated synthetic LCs are displayed in Fig. 3.4 for the ATLAS o filter, and for
ZTF g filter in Fig. 3.5 varying all the different parameters of the physical parameter vector,
the attenuation value (Ay ), and the redshift (z), one at a time while the others parameters
are fixed.

3.3.2 Interpolation

To explore the whole parameter space and search for intermediate values it is necessary to
interpolate between the models with different physical parameters. First, it’s necessary to
find the closest values in all the intrinsic physical dimensions and find all the models that
have a combination of these values, that will be call 501056. The final LC will be a weighted
combination of these models,

—

MUt teoxps 2, Av, Octose) = Y 0(0,0:)m(t, texp, 2, Ay, 0;) (3.1)

91’ eeclosc

where m(t, texp, 2, Ay, 021056) is the magnitude of the model at a given observation time t,
explosion time t.y,, redshift z, a given attenuation Ay and a given vector of model parameters

0 and the normalized weights @ (f,6;) are defined as:

(@0 = — 2G5 (3.2)
0j€§CIObe (9’ 91’)

the weights are defined as a function of the parameter vectors f and 6;. A problem that
arises is how to compare values in different dimensions from the vector of physical parameters.
To avoid this problem the weights are defined to be inversely proportional to the product of
the differences in all the dimensions, given by the following expression

w(8,6) = (HW’ — 0l +6ﬂ'> (3:3)

—

where 0 is a vector with the same physical units as the parameters vector, but much
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smaller than the typical separation in the grid models, in order to avoid divergence when a
given model matches the coordinates of known models.

Interpolated LCs are shown in Fig. 3.6 for ATLAS o filter, and in Fig. 3.7 for ZTF g
filter, similar to Fig. 3.4 and Fig. 3.5 respectively. Here it is possible to see how varying
different parameters affect the LCs.

3.3.3 MCMC

Now that we are able to interpolate quickly and generate L.Cs at any explosion time, redshift,
attenuation, and combination of physical parameters, we are able to do the final step, obtain
the posterior distribution of the model parameter given the data and a prior distribution
using a Markov Chain Monte Carlo (MCMC) sampler that uses an affine invariant approach
[28]. This method is evolved by moving one sampler (or walker) at a time, parallel Markov
chains sample the posterior distribution by moving randomly in directions parallel to the
relative positions of the walkers, i.e., if we consider one step of the ensemble Markov chain
X (t) = X (t + 1) to consist of one cycle through all L walkers in the ensemble. Expressing
this as a pseudo-code

for k=1, ..., L:
[
update: X (t) = X (t + 1)
]

Each walker X; is updated using the current positions of all of the other walkers in the
ensemble. The other walkers (besides itself) form the complementary ensemble, this means:

X)) ={X1(t+1), ., Xo 1 (E+ 1), X1 (8), ., Xp(8)}

And following acceptance rules that satisfy the condition of detailed balance for reversible
Markov chains (see section 6.5 of [30]), this step can be accepted or not. The MCMC is
implemented in python via emcee [29], and we interactively select the initial state to be
around a set of physical parameters that replicate the rise of the SNe and the peak, to
correctly constrain the explosion time. This step is done to ensure faster burn-in and avoid
problems with convergence.

It’s necessary to define the prior distributions, used in Table 3.1, where N (u, o) is
a Gaussian distribution with mean p and standard deviation o, U (a, b) is a uniform
distribution between a and b, and t.,p is an initial guess of the explosion time of the SN.
The prior probabilities are zero outside the intervals indicated.

There is also a variable scale parameter, which is standard in MCMC, to allow for errors in
absolute calibrations, for which we use a Gaussian prior centered at 1.0 and with a standard
deviation of 0.01 (1% errors). Finally, when running MCMC, we use 400 parallel walkers and
900 steps per sampler, with a burn-in period of 450 steps in all cases, just like [24].
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Table 3.1: Prior parameters distribution

Parameter Prior distribution Units
temp N(tezpm 4) days

In z N(In 0.18, 2), z € (1073, 1)

In Ay N(In 0.05, 2), Ay € (1074, 10) In mag
mass N(14, 3), mass € (12, 16) Mg
energy N(1, 1), energy € (0.5, 2) foe
logio M U(-8, -2), logig M € (-8, -2) Mg yrt
r csm N(0. ) resm € (0.1, 1) 10'* cm
B N(3,2), B € (0, 5)

In order to improve the method of [24], a profiling of the algorithm was done, finding
that the interpolation of the LCs was the most time-consuming part when executing it. So,
we optimized this part using Numba [39], a just-in-time compiler for Python, making the
method ~ 6 times faster.
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Chapter 4

Results

In this Chapter, we will present the results of this thesis. First, we will present the posterior
distribution of the physical parameters inferred for a SN as an example of the results, then we
will present the results obtained for the full sample, and lastly, we will compare our inferred
redshift with redshifts of SN host galaxies.

4.1 Posterior distribution

Using the method described in section 3.3, we were able to obtain the posterior distribution
of physical parameters for a sample of 186 SNe. The corner plot for the posterior distribution
of SN 20190df/ZTF19abqrhvy is shown as an example in Fig.4.1, alongside the LC of the
object with 100 random LCs sampled from the posterior distribution (thin continuous lines).
This can be used to visually inspect how the models fit the data. The explosion time for a
given LC is plotted as a vertical grey line. In this case, all the adjusted parameters converge
to a single-peaked multivariable distribution.

For every parameter, we take the median from the posterior distribution as a representative
value and the 95 and 5 percentiles as upper and lower limits for this value respectively. We
choose these values instead of the mean and standard deviation because not all posterior
distributions are Gaussian and some posterior distribution are bimodal or multimodal. Thus,
the median and percentiles give us more robust information about the distribution. We report
this value for every SNe and every parameter in Table 4.1, where the median is reported and
the upper and lower limits as the superscript and subscript respectively. The units for t.,,
mass, energy, M, rasas, and Ay are Modified Julian date (MJD), Mg, foe, Mg, year—", 10!
cm, and mag respectively, 5 and z are unitless, and ZTF oid correspond to the ZTF object
identifier.
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4.2 Sample distribution

The inferred values, shown in Table 4.1, are the ones we associate with each object in order
to study the distribution of physical parameters for the whole sample of 186 SNe II. These
distributions are shown in Fig. 4.2. Table 4.2 contains a summary of the sample distribution
of parameters from Fib. 4.2. Here we report the mean, standard deviation, median, percentile
5 (P5), and percentile 95 (Pgs) of the distributions.

Table 4.2: Sample parameters distributions summary

Parameter Mean Sigma Median Pj Pgs
Mass [Mg] 1294 1.14 12.39 12.001 15.56
Energy [foe] 1.44 0.45 1.47 0.69 1.99
Mass loss rate [Mg year™!] 0.0068 0.0033 0.008 0.0007 0.0099
resy (10 cm] 0.87 0.17 0.98 0.50 0.99
15} 4.18 0.83 4.15 2.50 4.99
Ay [mag] 0.55 0.40 0.50 0.003 1.23

We used a Bayesian approach to found the value of the exponent (a) of a power-law
distribution for our mass distribution. We ran MCMC using one mass value sampled from
the mass posterior for every SNe to consider the error of the mass. We took the median of
this posterior as the value of . We repeated this process 100 times with a different mass
sampled from the posterior of the SNe in order to obtain confidence interval of a.We found
that the mass distribution for our whole sample follows a power-law distribution with a =
11.65 7037 (see fig. 4.4) steeper than the value found in [44] and steeper than the Salpeter
IMF [61] where o =2.35. Our results also show that the models that best fit the data have
high mass loss rates, high rogy, values, and values of § > 2. A double peak shape in the
distributions of energy (near 1 and 2 foe) and (3 are observed.

In Fig. 4.3 we present a pair-plot for the fitted physical parameters, where there are
no clear visual correlations between any of pair of parameters any pair-plot parameters,
aside from Ay and redshift. We confirmed this by calculating the Pearson correlation
coefficient (PCC) to look for the correlation between parameters. To have robust results we
do bootstrapping, we calculated the PCC for samples with replacement 100 times to obtain a
distribution of PCC for every combination of parameters. In Fig. 4.5 we display a correlation
matrix where the reported values correspond to the median of the PCC distribution and the
subscript and superscript to the distances to the percentiles 2.5 and 97.5 respectively.

The redshift and the attenuation affect the peak of the SN, but Ay also affects the color
of the SN, this can be seen in the LC as the separation between different filters, so adding

different filters would help constrain the value of Ay and therefore obtain a better estimation
of redshift.
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Figure 4.2: Parameters distributions histograms for the whole sample of 186 SNe II. a) Mass
distribution, y axis in log scale. b) Energy distribution. ¢) Mass loss rates distribution log
scale binning. d) Attenuation Ay distribution. e)Radii of the CSM distribution. f) /5 from
eq. 1.7 distribution.

4.3 Inferred redshift vs host redshift

Our method can leave the redshift as a variable or fix it if we know the value. In our case,
we leave it as a variable in order to compare it with cases where we have information about

the redshift.

Different surveys have measured the redshift of galaxies. We can use information from
these catalogs to compare the redshifts of SN host galaxies with our inferred values of redshift
(the median of the posterior distribution, hereafter LCz). We will use data from Sloan Digital
Sky Survey data release 16 [1], NASA /IPAC Extragalactic Database !, and SIMBAD [76] to

!The NASA/IPAC Extragalactic Database (NED) is funded by the National Aeronautics and Space
Administration and operated by the California Institute of Technology.
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Figure 4.3: Pair-plot of the physical parameters distributions. From left to right (and for
top to bottom): Redshift, attenuation (Ay), mass [Mg], energy [foe], radius CSM [10' cm],
3 velocity law value (from eq 1.7), and mass loss rate (M) [Mg yr~!] in log scale.

obtain the redshifts of host galaxies.

To implement this, we visually associated a galaxy as the host galaxy of every SNe in our
sample (see Appendix 6), and obtain the best available redshift measurement (spectroscopic
if available, photometric otherwise). The spectroscopic redshifts (red circles in Figure 4.6)
were obtained for 98 SNe from our sample, while photometric redshifts (blue squares in Figure
4.6), hereafter photoz, were obtained for 64 SNe in our sample. The other 24 SNe from our
sample could not be associated with a host or the host did not have a redshift available. We
found that LCz is comparable with the host spectroscopic redshift as in Figure 4.6 red circles
are gathered around the identity line (y = x), and the root-mean square error (RMSE) for
only spectroscopic redshift is RMSE = 0.0081, but when comparing L.Cz to photoz we found
that RMSE = 0.1261 .

When comparing the relation between LCz and photoz in Figure 4.6, we see a large
scatter around the identity line. To test if this poor correlation is related to our data or
due to the low accuracy of photoz, we compare both inferred redshifts, photoz and LCz, to
spectroscopic redshifts. To do this we look for the cases in the sample of 98 SNe whose host
have a spectroscopic redshift (red circles from Fig. 4.6) that also have a photoz for that host
(72 out of the 98 SNe).
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Figure 4.4: Mass IMF power-law exponent estimation for our sample. Left panel: The
posterior distribution of «. The median value is reported next to a continuous vertical
line, the 16 and 84 percentiles are reported next to dashed vertical lines, and the 5 and 95
percentiles are reported next to dotted vertical lines. Right panel: Cumulative distribution
function (CDF) of our mass distribution and CDF of a power law distribution with an
exponent equal to the median value reported on the left panel. The orange surface and
yellow surface represents the 1 ¢ and 2 ¢ error respectively

For the sample of 72 SNe whose host have spectroscopic redshift and photoz measurements
available, we check how LCz (black circles) and photoz (orange triangles) compare to spectroscopic
redshift in Figure 4.7. We found that the RMSE when comparing LCz to spectroscopic
redshift is 0.0088, and the RMSE when comparing photoz to spectroscopic redshift is 0.1567.
Also, we found that in 50 of the 72 cases, LCz was closer to the spectroscopic redshift value
than photoz.
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Figure 4.5: Correlation matrix between the physical parameters. In the upper triangle, the
reported number correspond to the mean of the Pearson correlation coefficient (PCC) and
the subscript and superscript to the distance to the percentiles 2.5 and 97.5 respectively. In
the lower triangle the correlation coefficients are colour-coded. From left to right (and for
top to bottom): Redshift, attenuation, mass, energy, radius CSM, § velocity law value (from
eq 1.7), and mass loss rate.
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Figure 4.6: Relation between LCz and Host z, the error is reported as error bars when
available. Red circles are host galaxies whose best redshift available was spectroscopically
measured, while blue squares are host galaxies that best redshift available was photoz. RMSE
for LCz compared to spectroscopic redshift and photoz is reported at the bottom right corner.
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Figure 4.7: Relation between inferred redshift (LCz and photoz) with spectroscopic host
redshift. Black circles correspond to LCz, while orange triangles correspond to photoz. Error
bars correspond to the errors (when reported) for spectroscopic z and photoz, and for LCz
correspond to the lower and upper limits (percentiles 5 and 95 respectively). Root-mean
square error for LCz and photoz compared to spectroscopic redshift is reported at the top
left corner.
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Chapter 5

Analysis

In the previous chapter, we successfully inferred physical parameters for a sample of 186 type
IT SNe, i.e., the mass of the progenitor, energy of the explosion, mass loss rate, attenuation,
radius of the CSM, and the /3 value of the wind beta velocity law in eq. 1.7. In this chapter,
we will discuss the significance of our results, how they compare to similar works, and the
relevance of our work in the context of future optical surveys, namely, LSST.

We will start by analyzing the sample distributions. In fig. 4.2 we found that the mass
distribution follows a power-law shape, this behavior is in accordance with the literature for
stars with mass > 1 Mg [61, 15]. Our results also show that the models with a dense CSM
near the surface of the progenitor star are the ones that best represent our sample, i.e. the
ones with high CSM radius, high mass loss rate, and high £ value. The double peak shape
on the distributions of energy (near 1 and 2 foe) and 5 (near 3.75 and 5), may be an artifact
created by interpolating near the values of the models.

Despite our results being in accordance with what would be expected (the mass distribution
follows a power-law and a dense CSM is preferred), we would like to validate our results
somehow. We will discuss this in the next section.

5.1 Validating our results

As a validation method, we look to compare our results with independent measurements
of any of the parameters inferred. Most of the parameters are impossible to know without
having information about the progenitor, so one option is to compare our results with similar
studies in the literature.

So, we search for similar analyses. For example, in [62] they study a sample of SN Ia
from the ZTF Bright Transient Survey (BTS) catalog and estimate the attenuation values of
their sample. Although SN Ia and SN II are different objects with different evaluations, we
compare their results to ours as a sanity check. It is possible to see a similar trend in both
works where the distribution peaks around Ay ~ 0.5 as seen in Fig 5.1, although SN Ia have
largest attenuation overall.
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Figure 5.1: Side to side comparison of the distribution of attenuation of Ay from this work
(Left panel), where Ay prior is scaled and shown as a red line, with the one from [62] (Right
panel).

[44] inferred SNe II physical parameters from bolometric LCs using hydrodynamical
models, and studied the correlation between physical and observed parameters from a sample
of SNe II from the Carnegie Supernova Project-1. In their work, they found a weak correlation
between explosion energy and ZAMS mass of the progenitor star that differs from the weak
(or negligible) negative correlation we found for these two parameters. They found that the

inferred masses from their sample followed a power-law with exponential a = 4.077039 for

their whole sample, and o = 6.35t8;§§ for their gold sample. Both values are steeper than
the Salpeter IMF. This was called the IMF incompatibility by [44]. They concluded that
this incompatibility is due to the lack of understanding of some physical ingredients and
not related to the completeness of their sample. We found a value of o = 11.657057 (see
fig. 4.4) steeper than the values found in [44]. Our estimation of the value of a could be
overestimated by our limited parameter space. Our mass parameter space goes from 12 Mg
to 16 Mg, in contrast with [44] that goes from 9 Mg, to 25 Mg,. In fig. 4.4 it is possible to see
how our limited parameter space affects our estimation of o as most of our masses are stacked
near 12M. To avoid this issue we repeat the analysis but with the SNe in our sample with
inferred masses greater than 12.1M. We obtained a value of a = 4.13%035 (see fig. 5.2)

comparable with the result of [44] for their sample. [44] called this the IMF incompability.

Also, [44] used information about the photosphere velocity to avoid degeneracy in the
parameter estimation, i.e that two different models produce the same bolometric LC. The
implementation of this is out of the scope of this work, given that we are working in the
context of LSST where most of the SNe discovered are not going to be spectroscopically
follow-up.

Recent work by [68] used wind-enhanced models from [50], similar to our work, to infer
physical parameters from a sample of 45 SNe using ZTF alerts but they included °Ni mass as
a parameter of the model and did not infer the redshift. They also explored a bigger parameter
space for energy and mass loss rate. They focused on the effect of using hydrodynamical
modeling with different stages of completeness of the LC to forecasts and guide follow-up
observations. In their work they find 8 values around 3 and mass loss rates between 10~
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Figure 5.2: Same as fig. 4.4 but for SNe with inferred masses > 12.1M,

Mg yr=t - 1072 Mg, yr~! consistent with our results. As well as our results, they did not find
a significant correlation among the inferred parameters. A comparison between their results,
[44] results, and ours is shown in fig. 5.3 where we compare a parameter combination of
energy with mass, Ay, and mass loss rate, and mass with 5, Ay, and mass loss rate. It is
possible to see that our mass parameter space is smaller than [44] and [68]. Also, our energy
and mass loss rate parameter space is smaller that [68].

19 SNe in our sample were also studied by [68]. The comparison of our inferred parameters
with the inferred by [68] is shown in fig. 5.4. Given that in [68] work they did not infer the
redshift of the SNe the previous comparison could be affected by it. Therefore, we inferred
the parameters of the 19 SNe in both samples with fixed redshift. Fig. 5.5 shows our results
fixing z compared with the results of [68].

Overall we found similar trends between our work [44], and [68]. A preference for lower
mass stars and dense CSM models. Although figures 5.4 and 5.5 do not show that our results
and [68] are the same for the overlapping SNe, they show similar trends for most of the
overlapping sample.

We believe that the disagreement in the values is due to the difference in the grid of models
and the difference in the data used. A combination of higher energy and lower mass produces
fast-rising LCs. [68] has a larger energy space to explore. Therefore, some of their SNe can
have similar rise times to ours having larger masses with higher energies. We previously
mentioned that the double peak shape found in our energy and S distributions could be an
artifact due to the values of our models. We found that [68] has the same problem with
values of [ close to 3 (see fig. 5.3), this can affect the others parameters and thus cause
the difference in figures 5.4 and 5.5. Finally, [68] used only ZTF alerts data, limiting the
information they had previous to the explosion and having a lower cadence than our work.
Therefore, the accuracy of the inferred parameters by [68] is lower than ours.
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Figure 5.3: Combination of parameters comparison of our resuts (blue circles), [68]
results(orange circles), and [44] results (green circles). Top panel: Energy plotted against
ZAMS mass, attenuation (Ay), and mass loss rate. Bottom panel: ZAMS mass plotted
against beta parameter from the velocity law, attenuation (Ay ), and mass loss rate.

5.2 Our method as a distance indicator

The only parameter we can compare with independent measurements is the redshift if we
know it for the SN host galaxy. We can compare our LCz, given that we left the redshift of
the SN as a variable, with the host galaxy redshift, and if there is agreement it means our
method is correctly inferring this parameter. We do this in Fig. 4.6, where we compare LCz
with the redshift of the SN host galaxy, finding a good agreement between our results and
the spectroscopic redshift. Therefore our method is correctly estimating the redshift. On
the other hand, the agreement with photoz is not as good. We could confirm that this is an
issue related to the accuracy of photoz, as in Fig. 4.7 we showed that the RMSE of photoz
compared with spectroscopic redshift is 3 orders of magnitude higher than LCz compare with
spectroscopic redshift.

This last result is particularly interesting because it can allow us to use our obtained
redshift for type II SNe using only their LCs and without using the standard candle method
(SCM). Using type II SNe as distance indicators is something that previous works have tried
with different methods (see [38, 33, 58, 59, 18]) but none of them using hydrodynamical
models. The advantages of our method over the others are that it requires only the LCs of a
SN from any telescope; and it does not need the bolometric LC, spectroscopic information,
or some standardization. The disadvantages will be reviewed as part of the next section,
where we will discuss the limitations of our method.
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parameter 3. The bottom panel corresponds to the energy of the explosion and mass loss
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5.3 Limitations of our method

One of the limitations that our method currently has is that the models we are using can
only explore a limited region of the parameter space (see Table 1.1). For example, we do
not have information about SNe whose progenitor stars were less massive than 12 M. Also,
there may be other physical parameters that we are not considering in this work that could
affect the LC of a SN, for example, the nickel-56 mass. Therefore, we need more models to
be able to relate all possible RSGs progenitors to SNe LCs and thus have a more complete
study of SNe II progenitors.

Another limitation is that we need SNe that are well observed during the rise and in the
peak of the LC. If we do not have information that can constrain the explosion time of the
SN, our results are going to be extremely inaccurate. This is why we discarded 70 SNe from
our sample of 256 confirmed type II SNe. Also, any gap in the LC could mean a bimodality
in some parameters or inaccurate results as shown in Fig. 5.6, where the lack of data points
between MJD 58920 - 59050 in the LC of SN 2020aer produces wider distributions, i.e. less
precise results, in the posterior.

The last limitation we found is that our method uses a large amount of memory. We
are using the large partition from the National Laboratory for High Performance Computing
(NLHPC, URL: https://www.nlhpc.cl/) where we need to allocate 5 Giga Bytes of memory
to be able to run the code for one SN. This is because we preload the synthetic LCs when
we ran our code. So before being able to use more models, we need to optimize the use of
memory, otherwise, the memory we will need could exceed what we have available.
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Figure 5.5: Same as fig 5.4 bur we fixed z for our sample
5.4 Implementation on LSST

As stated previously, the amount of data and SNe LSST will discover is going to be an
order of magnitude larger than what we are experiencing nowadays, so it is necessary to be
prepared for this challenge. Looking forward to LSST, our method can be easily adapted to
be used in LSST data, but we still need to improve it and try to fix the limitations discussed
in the previous section.

Our method was capable of inferring physical parameters of a sample of 186 SNe in less
than 12 hours. Hence we believe that our method will be able to infer parameters of a big
sample of LSST in batches as it gathers data with time. In the meantime, we are still working
on optimizing our method, not only to be faster but to use fewer computational resources,
especially given that we want to test it with more models to explore a larger parameter space.

The main issue we see in our method being used in LSST data is the cadence of LSST.
Although the LSST cadence/observation strategy is still not defined, the cadence is going to
be worst than ZTF. From our experience during this thesis, the ZTF cadence in some cases
was enough so our method could correctly infer the physical parameters from a LC using only
ZTF data, but in some other cases it was not and ATLAS data was necessary. Otherwise,
we could have bimodality or incorrect posterior distributions. Therefore, we believe that it
will be necessary to complement LSST data with data from other sources such as another
survey or follow-up data on the object. The latter case seems like the more difficult of the
two. This is why in this thesis we work with data from two surveys to explore the first case.
Looking at the advantages of LSST, besides the amount of SNe it will discover, it is going
to observe in 6 filters, which will allow our method to constrain better the value of Ay and
thus a better redshift estimation. Another issue we could face with LSST is that the method
of [44] could not break the degeneracy using spectra information, this is something we need
to explore in future works if spectra information could be useful given the LSST cadence.
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It is necessary to test how accurate our method would be using only LSST data, therefore

simulations are necessary. Implementing our method on the PLAsTiCC data set [70] or other
simulations will be the next step.

Finally, the fact that our method is able to infer the redshift better than photoz is
promising. Given that a considerable amount of SNe will have a host galaxy whose redshift

has not been measured, it will also allow photometric redshift campaigns to have an independent
redshift to compare with.
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Chapter 6

Conclusions

We have developed a method that can be used in data from any telescope to infer physical
parameters of SNe type II using the models from [49], which is ~ 6 times faster than [24]. The
method was applied to a sample of 186 SNe in less than 12 hours. We studied the distribution
of physical parameters and found that the dense CSM models are the ones that best represent
SNe type II. We found a low negative correlation between redshift and attenuation, while
other parameters did not show a negligible correlation [53] as seen in the correlation matrix
in Fig. 4.5. We found a that the mass distribution follows a steeper power-law than Salpeter,
in agreement with [44].

As a byproduct, we developed a guideline to clean forced photometry data from the ZTF
and ATLAS forced photometry services for transient object LCs.

We compare our light curve inferred redshif (LCz) with the host galaxy redshifts for those
SNe where this was available and found that our method is capable of correctly estimating the
redshift for a SNe with better accuracy than photometric redshift. Considering the amount
of data that LSST will produce, we can use our method to estimate the redshift of SNe II
based on the LCs. However, to implement this we need a sample of SNe II that are classified
with high confidence.

Most SNe discovered by LSST will not have spectroscopic classification. Therefore to
use our method with SNe with no spectral information, photometric classification will be
necessary (e.g. [24], [23, 69]). Also, given the cadence of LSST, data from other telescopes
may be necessary to complement the LCs and reduce the uncertainty in the posteriors.

Our method uses a large amount of memory when running. Therefore, optimization is
needed. A possible solution for this problem could be to implement a different package
than emcee to estimate Bayesian posteriors, e.g. dynesty [67]. Another option could be to
implement our method in a faster programming language. Lastly, looking for another way of
representing the synthetic LCs could save memory which is our main issue.

Our method is flexible, so it can be used in other models, as long as we have time series
spectra. We look forward to testing it with different models, or with more enhanced wind
scenario models so we can explore a bigger parameter space. Also, more models could produce
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a thinner model grid that will allow for more accurate interpolation.

The code used in this work is publicly available in https://github.com/fforster/
surveysim/tree/dev-javier .
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Host association

Host association was done using a modify version for the code available in the following
repository https://github.com/alercebroker/TNS_upload.

To determine the host galaxy we do a visual inspection using ipyaladin [13]. The process
to associate each SNe to a host is as follows: First, we load a Pan-STARRS-DR1 image as seen
in the left panels of Figure 1, where every color square is a source in NED, SIMBAD, or SDSS
catalogs. We can hover the cursor over the different squares to look for information about
the source, such as the name of the source, the survey, the redshift of the object (if available),
the kind of redshift (spectroscopic or photometric), etc. We visually associate a SN to its
host galaxy, if multiple sources (squares in Figure 1) are in the core of the host, we select the
one with the best redshift available (spectroscopic over photometric), and if possible the best
available that report errors. We select the source by clicking on the corresponding square and
saving the following information about the hos: Name, right ascension, declination’, offset,
source, redshift spec (True if redshift is spectroscopic, False otherwise), redshift, redshift
error, redshift type.
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Figure 1: Left panels: Images of Pan-STARRS with a field of view (FOV) of 1.5” centered

in the SN location.

The upper panel corresponds to ZTF19acftfav and the lower panel

corresponds to ZTF19acbvisk. Right panels: Same as left panels but zoom in on the core of
the host galaxy. Multiple squares in the images correspond to data from different surveys
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