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Abstract: Snow cover area is dramatically decreasing across the Los Andes Mountains and the most
relevant water reservoir under drought conditions. In this sense, monitoring of snow cover is key to
analyzing the hydrologic balance in snowmelt-driven basins. MODIS Snow Cover daily products
(MOD10A1 and MYD10A1) allow snow cover to be monitored at regular time intervals and in large
areas, although the images often are affected by cloud cover. The main objective of this technical
note is to evaluate the application of an algorithm to remove cloud cover in MODIS snow cover
imagery in the Chilean Andes mountains. To this end, the northern region of Chile (Pulido river
basin) during the period between December 2015 and December 2016 was selected. Results were
validated against meteorological data from a ground station. The cloud removal algorithm allowed
the overall cloud cover to be reduced from 26.56% to 7.69% in the study area and a snow cover
mapping overall accuracy of 86.66% to be obtained. Finally, this work allows new cloud-free snow
cover imagery to be produced for long term analysis and hydrologic models, reducing the lack of
data and improving the daily regional snow mapping.

Keywords: Andes mountains; MODIS; snow cover; cloud removal

1. Introduction

Snow is an essential component of the climate system on the atmospheric processes,
due to its high albedo, low thermal conductivity and considerable latent heat [1]. However,
the snow is affected by climate change in most regions, decreasing the cover area due
to positive feedback with the air temperature, especially during the spring and summer
seasons [2,3]. In this sense, semiarid regions are highly sensitive to climate change in terms
of the increase in air temperatures and the strong variability in distribution of precipitation,
which forces snow to melt and affect the water balance, which in turn affects human
activities [4]. Given the importance of snowmelt and its potential impact on water resources
of snow-covered regions, the monitoring of snow is an important input to be obtained
through the measurements of snow-covered area (SCA), snow depth (SD) and snow-water
equivalent (SWE) [5]. However, ground-based snow monitoring and its properties can be
very problematic in mountainous areas due to the rugged topography and adverse weather
conditions [6]. For this reason, remote sensing is useful at providing information on snow
cover areas in mountainous regions at regular intervals of time [7].

Remote sensing can assess snow cover by using Synthetic Aperture Radar (SAR),
Light Detection and Ranging (LiDAR), passive optical technologies, among others [8].
The identification of SCA is mainly obtained from optical remote sensing data through
the Normalized Difference of Snow Index (NDSI), due to its high reflectance in the green
optical band and low reflectance in the near-infrared band being able to differentiate
snow from other features [9–11]. Nevertheless, the NDSI is affected by cloudy conditions
in the discrimination snow/clouds especially during snow accumulation periods when
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clouds gather and obstruct the SCA [12,13]. Snow cover estimation methods in cloudiness
scenes mainly consist of spatiotemporal filters to mitigate cloud cover such as the MODIS
products [14–17]. A comprehensive review about cloud removal filters over agriculture
and other areas is detailed in [18,19].

In the Andes mountains, snow cover started to be intensively monitored owing the
impacts of climate change [20]. Indeed, several studies have documented a decrease in SCA
and in snow cover duration (SCD). For instance, Prieto et al. [21] demonstrated a decrease
in SCA and SCD between 1885 and 2000 in Mendoza, Argentina. Malmros et al. [22] found
that SCA and SCD decreased by an average of ~13 ± 2% and 43 ± 20 days, respectively, over
the 2000–2016 period in central the Chilean and Argentinean Andes. Stehr et al [23] studied
snow cover over five Chilean Andean watersheds between the latitudes of 32.0 and 39.5◦ S,
detecting an important decline in snow cover coincident with a deficit in precipitation.
As well as identifying a significant decreasing trend in snow cover, they also found a
snowline elevation at 10–30 m per year−1 at south of latitudes of 29–30◦ S, in addition to
the impact of sublimation on arid mountains [24–26]. Pérez et al [25] studied Chilean
Patagonia and identified a decreasing non-significant trend in annual mean SCA with a
−20 km2 per year−1 slope in the 2000–2016 period. These works used the 8-day MODIS
composite product, which retrieves the maximum value of NDSI, neglecting the impact
of daily SCA and affecting the SCD patterns. Thus, the objective of this paper is to apply
a cloud removal algorithm for daily MODIS snow cover images in the Andes regions,
specifically the Copiapó river basin, which is suffering a severe drought and limited water
availability [27–31].

2. Study Area

The study area is the Pulido river basin located in the highest part of the Andes
mountains in the Atacama region, Chile. The basin has an approximate area of 2100 km2

that drains to the Pulido river, which is the main tributary of the Copiapó river basin. The
climate is characterized by marginal high-altitude desert, where rainfall fluctuates around
250 mm, and in the upper mountainous part, there is solid precipitation. The presence of
snow in this region allows the development of pluvio-nival feeding rivers, with permanent
courses throughout the year of exoreic character [27]. Inside the basin, above 4000 m.a.s.l,
is located La Ollita meteorological station (Figure 1) installed on December 2015, in the
coordinates 28.20◦ S and 69.54◦ W.
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3. Data and Pre-Processing
3.1. Remote Sensing Data

The MODIS dataset used was daily snow cover products MOD10A1 (Terra) and
MYD10A1 (Aqua) V6. Snow cover is identified using the NDSI at the spatial resolution
of 500 m [32]. The original values of the MODIS product were classified into three classes:
snow, no-snow (including water bodies) and clouds. The snow class corresponded to values
greater than 0.4 according to the most common NDSI threshold to identify snow [9,33]. The
values lower than or equal to 0.4 were associated with no-snow class.

3.2. Meteorological Data

A ground station (La Ollita) was used to compare and validate satellite imagery using
meteorological instruments as well as SD and SWE. SD was measured using acoustic snow
depth sensor (Campbell Scientific, SR50A) and SWE was measured using a Snow Scale
(Sommer, SSG-2). Moreover, air temperature (Campbell, HC2S3) and soil temperature at
12 cm (Campbell, CS655) were included in the analysis. The time interval of measurements
was set up at 30 min.

4. Methods
4.1. Cloud Removal Algorithm

To reduce the effects of clouds, the methodology proposed for [25] was adapted to the
current version of the MODIS Snow Cover daily product on the Andes mountains. The
first step is the combination of Terra and Aqua imagery that obtain the maximum value
on a pixel basis by a class priority order (e.g., snow > no-snow > clouds) (1). The pixels
classified as clouds in a Terra image are updated with an Aqua image of the same day
when a pixel at the same location presents a snow or no-snow class pixel, or vice versa.

SC
(x,y,t) = max

(
ST
(x,y,t), SA

(x,y,t)

)
(1)

where y is the index for row (vertical); x is the index for column (horizontal) and t is the
index for day of pixel S. ST and SA correspond to the Terra and Aqua pixels, respectively,
and SC to maximum of the combination between Terra and Aqua pixels.

The second step replaces cloud pixels in the SC by the most recent preceding cloud-free
observation at the same pixel. The backward temporal filter (BTF) is applied in one shift
over snow-covered pixels (2) and then over no-snow pixels (3).

STF
(x,y,t) = S if

(
SC
(x,y,t) = C and SC

(x,y,t−n) = S
)

(2)

STF
(x,y,t) = L if

(
SC
(x,y,t) = C and SC

(x,y,t−n) = L
)

(3)

where STF is the backward temporal filter and n is the day of the temporal window (1, 2 and
3 days ago). C, L and S is for cloud cover, no-snow (land) and snow class, respectively.

4.2. Comparison and Validation of Cloud Removal Algorithm with Ground Data

The accuracy of the cloud removal algorithm over MODIS snow cover images was eval-
uated by using SD measurements (Table 1). Snow observations at the station are considered
as ground truth for the pixel when SD > 0 cm in order to calculate the confusion matrix.

Table 1. Confusion matrix between MODIS cloud-free imagery and ground measurements.

Ground Measurements (SD)

Snow (>0 cm) No-Snow (≤0 cm)

MODIS
Snow a b

No-snow c d
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The overall accuracy (OA) is presented in Equation (4). Moreover, producer’s accuracy
(PA) and user’s accuracy (UA) were also calculated.

OA =
(a + d)

(a + b + c + d)
∗ 100% (4)

5. Results

The cloud removal algorithm performance is shown in Figure 2. Terra has a cloud
cover of 26.56%, while Aqua has a cloud cover of 28.49%. The combination of Terra and
Aqua decreases cloud cover to 20.77%. The BTF with a time window of 1, 2 and 3 days
decreases the cloud cover to 12.83%, 10.08% and 7.69%, respectively. Regarding to SCA,
Terra presents 7.60% and Aqua 6.94%, and the combination of the two increases the SCA
to 10.09%. The BTF with a time window of 1, 2 and 3 days increases the SCA to 12.04%,
12.96% and 13.63%, respectively.
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Figure 2. Performance of cloud removal algorithm for cloud (blue) and snow (white) classes for the
period of 21 December 2015–21 December 2016.

Figure 3 shows the performance of the cloud removal algorithm for an image of
19 August 2016. The Terra image shows a cloud cover of 20.19% and the Aqua image a
cloud cover of 48.51%. The combination of MODIS Terra and Aqua reduces the cloud cover
to 19.73%. Finally, the image after the 3-day BTF is a cloud-free image.

The comparison between the MODIS imagery after the cloud removal algorithm and
the in-situ data from La Ollita station is presented in Figure 4. The study site starts the
snow accumulation in April 2016, which is coincident with a regular peak of SD and SWE.
Between May and June 2016, there is a lack of snow cover mapping, due to a persistence of
cloud cover over the station site. The snow cover season continues until October 2016 with
a coincident maximum of SD and SWE at the beginning of September 2016 of 45.53 cm
and 81.43 mm, respectively. Finally, in the middle of December 2016, a new maximum
of SD and SWE values matching with a snow-covered pixel retrieved from the MODIS
cloud removal algorithm. Moreover, the comparison with the air temperature shows a
relationship between the snow-covered pixels and the decrease in the air temperature
under zero degrees, which also coincides with the soil temperature in snow-covered days.
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(c) Combination Terra–Aqua and (d) 3-day BTF. C, L and S is for cloud cover, no-snow (land) and
snow class, respectively.
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The validation of the cloud removal algorithm is presented in the Table 2 in the
confusion matrix of the comparison between MODIS daily cloud-free images and SD mea-
surements. The overall accuracy is 86.66% for the entire time period, correctly classifying
85 images at snow-covered pixels and 188 images as pixels without snow presence, match-
ing the observation from the satellite with the ground measurement. The UA from the
cloud removal algorithm in MODIS daily cloud-free images was 66.90% for the snow class
and 83.90% for the no-snow class. On the other hand, the PA from the SD measurements
station was 70.83% for the snow class and 96.40% for the no-snow class. Finally, 36 images
were covered by clouds without retrieving a pixel where snow could be obtained, probably
due to cloud persistence for more than 3 days of the BTF.

Table 2. Confusion matrix between modis cloud-free imagery and ground measurements.

Ground Measurements (SD)

Snow (>0 cm) No-Snow (≤0 cm) UA (%)

MODIS
Snow 85 35 66.90

No-snow 7 188 83.90

PA (%) 70.83 96.40
OA (%) 86.66

The MODIS snow cover cloud removal algorithm scaled to Chile is presented in the
Figure 5 for an image of 12 August 2016. The Terra image has a cloud cover of 55.90%,
while the Aqua image has a cloud cover of 54.98% and combining the two reduced cloud
cover to 51.63%. However, the 3-day BTF decreased the cloud cover to 17.50%, where the
remaining cloud cover is mainly centered in the austral region of Chile.
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The SCA daily maps generated at regional scale could be used for daily water balance
retrievals to estimate river discharges and also to compare water regime in the framework
of climate change scenarios. In this sense, it is necessary to implement instruments of SD
and SWE in meteorological stations located in the Andes mountains, which commonly are
located only in ski resorts, to validate of the algorithm in other latitudes.



Atmosphere 2022, 13, 392 7 of 8

6. Conclusions and Discussion

The cloud removal algorithm decreased the cloud cover in the Pulido river basin from
26.56% to 7.69% in the study area, where snow-covered regions are located over the higher
parts of the Andes mountains.

In general terms, the MODIS snow cover product has good agreement with ground
observations, with always over 90% accuracy when the sky is clear, mainly analyzed
in studies of the Northern Hemisphere [34–38], but in the Chilean Andes, the mapping
accuracy is more variable, due to the complex topography of the MODIS 8-day snow cover
composites (MOD10A2) used in [23] in six basins of the central-southern region of Chile and
achieved an overall accuracy of 81 to 98% with SCA compared with ground observations. In
this study, the cloud removal algorithm generates a snow cover mapping accuracy close to
87% over the Pulido river basin, where the temporal resolution was improved at daily scale
mostly suitable for hydrological modelling. Snow-false episodes were produced by the low
spatial resolution of MODIS products and physiographic conditions (e.g., shadow effect).
Finally, the contribution of a cloud removal algorithm consists of a daily application for
the Andes mountains in Chile, decreasing the impact of a lack of snow cover information.
In fact, the decrease in the cloud cover impact allows for an improvement in snow cover
analysis and hydrologic models over snowmelt-driven basins.
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